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ABSTRACT

INVESTOR ATTENTION AND IPO PERFORMANCE

Akglin, Bagak Elif
MBA, Department of Business Administration

Supervisor: Assist. Prof. Dr. Seza Danisoglu

November 2016, 119 pages

This study examines the influence of pre-IPO investor attention on short- and long-
run IPO returns and post-IPO stock liquidity in an emerging market. Individual
investor attention is proxied by both passive and active measures. Passive attention
is proxied by a traditional media coverage whereas active attention is proxied by a
measure that is constructed from Google search volume (GSV) data. Findings imply
that, unlike U.S. market findings, investor attention prior to the IPO date does not
have an influence on short-run returns in the Turkish market. The results of the
empirical analysis also show that a positive change in GSV before the IPO is
associated with higher levels of post-IPO liquidity. Findings further suggest that pre-
IPO investor attention may lead to a price pressure on the IPO date that later
manifests itself as lower returns during the post-1PO period.

Keywords: Google search volume, investor attention, IPO returns, stock liquidity,

emerging markets
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YATIRIMCI ILGISI VE HALKA ARZ PERFORMANSI

Akglin, Bagak Elif
Yiiksek Lisans, Isletme Boliimii

Tez Yoneticisi: Yrd. Dog. Dr. Seza Danisoglu

Kasim 2016, 119 sayfa

Bu tez calismasi halka arz Oncesindeki yatirimci ilgisinin halka arz getirileri ve
halka arz sonrasi gergeklesen hisse senedi likiditesi tizerindeki etkisini
incelemektedir. Bireysel yatirimcei ilgisi aktif ve pasif olmak tizere iki farkli bicimde
Ol¢lilmiistlir. Yatirnmcilarin pasif ilgisi geleneksel yonteme uygun olarak basin ve
yayin organlarinda halka arz edilen sirketle ilgili ¢ikan haber ve raporlarin sayisi ile
Olclilmiistiir. Yatirimcilarin aktif ilgisi ise Google arama motorunun halka arz edilen
sirketle ilgili yapilan aramalar hakkinda sagladig1 istatistiklere dayanarak
hesaplanmistir. Yapilan analizlerin sonuclar1 gelismis piyasalarin aksine, gelismekte
olan Tiirkiye piyasasinda halka arz oncesindeki yatirimer ilgisinin ilk giin getirileri
iizerinde bir etkisi olmadigin1 gostermektedir. Bu ¢alismanin baska bir bulgusu ise
halka arz oncesinde Google arama hacminde meydana gelen artiglarin halka arzi
takip eden donemde hisse senedi likiditesini arttirdig1 yoniindedir. Ayrica, halka arz
oncesindeki yatirimer ilgisinin halka arz sirasinda bir fiyat baskisi olusturabilecegi
ve bu durumun uzun donemde diisiik getiri performansina yol agabilecegi de

caligmada ortaya ¢ikan bir sonugtur.

Anahtar Kelimeler: Google arama hacmi, yatirimci ilgisi, halka arz getirileri, hisse

senedi likiditesi, gelismekte olan piyasalar
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CHAPTER 1

INTRODUCTION

The standard finance model assumes that investors in financial markets are rational
and unemotional and aim to maximize their expected utility. This assumption seems
to be insufficient for explaining some anomalies and fluctuations witnessed in the
history of stock markets. The Great Crash of 1929, the *Tronics Boom of the early
1960s, the Go-Go Years of the late 1960s, the Nifty Fifty bubble of the early 1970s,
the Black Monday crash of October 1987, and the Internet or Dot.com bubble of the
1990s are some of the example events with a dramatic change in stock prices that

seems to challenge this fundamental assumption (Baker and Wurgler, 2007).

Behavioral finance -broadening finance to include psychological, social, cognitive
and emotional factors- introduces a research area to provide explanations for the
irrational decisions of investors. Since the 1990s, the field of behavioral finance has
become the focus of attention in the finance literature. In this context, behavioral
biases have become a popular explanation for a variety of asset-pricing phenomena
that are inconsistent with a rational decision-making framework (Cornelli, Goldreich
and Ljungquvist, 2006). It is argued that models in which some financial actors are
error-prone and not fully rational can better explain some of the anomalies that are

observed in financial markets.

Much of the irrational behavior in financial markets is argued to be triggered and
motivated by investor sentiment. As defined by Baker and Wurgler (2007), investor
sentiment is “a belief about future cash flows and investment risks that is not
justified by the facts at hand.” Sentiment and aggregate stock returns have been
studied heavily since 1980s. In the more recent litrature, the question is about

measuring investor sentiment and developing methods for quantifying its effects



rather than showing whether investor sentiment has an effect on stock prices (Baker
and Wurgler, 2007).

Indeed, in the recent academic literature there are many measures developed to
proxy for the investor sentiment. Burghardt (2010) classifies sentiment measures in
research and practice into three groups; namely survey-based, market-data-based
and meta measures. Survey-based measures are simply constructed by asking
explicit questions to market participants to extract their opinion about the market.
Sentix Investor Sentiment Index, American Association of Individual Investors
(AAII) Sentiment Survey, UBS/Gallup Surveys and Michigan Consumer Sentiment
Index are few examples of such survey-based measures. Market-data-based
approaches assume that some market data such as mutual fund flows, dividend
premium, closed-end fund discount, equity share in new issues, IPO (Initial Public
Offering) volume and first-day returns serve as proxies for investor sentiment.
Another category involves meta-measures that do not simply rely on pure
information but draw conclusions about investor sentiment from available
information. In a widely cited study, Baker and Wurgler (2006) develop a meta-
meausurethat is a composite index of sentiment. Since there is no perfect proxy that
is not subject to any controversy, Baker and Wurgler choose the practical approach
of developing a composite index. This index is based on the common variation in
six underlying proxies for sentiment, namely the closed-end fund discount (Lee,
Shleifer and Thaler, 1991), NYSE share turnover (Baker and Stein, 2004), the
number and average of IPO first-day returns (Ritter, 1991), the equity share in new
issues (Baker and Wurgler, 2000) and the dividend premium (Baker and Wurgler,
2004). This composite sentiment index of Baker and Wurgler (2006) is widely
acknowledged and used in recent academic studies. McLean and Zhao (2014),
Larrain and Varas (2013), Mian and Sankaraguruswamy (2012), Spyrou (2012),
Stambaugh, Yu and Yuan (2012) are examples of studies that adopt Baker and
Wurgler’s (2006) index as a proxy for measuring investor sentiment. The U.S.
sentiment index of Baker and Wurgler (2006) is further extended to measure the
sentiment of international markets by Baker, Wurgler and Yuan (2012).
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Another subject discussed regarding the investor sentiment is whose sentiment is
trying to be captured. Institutions appear to interpret the available information better
than retail or individual investors due to experience and a number of other
advantages over individuals, such as access to private information and ability to
monitor (Field and Lowry, 2009). Institutional investors are less likely to be subject
to sentiment as they are regarded as being sophisticated and more informed. On the
other hand, by intuition, uninformed and inexperienced individual investors are
more likely to be subject to psychological biases and irrational behavior and thus
guided by sentiment-induced decisions. Tetlock (2007) argues that sentiment
predicts especially large and persistent declines in the returns of small stocks,
suggesting sentiment measures views of individual traders, who own a
disproportionate fraction of small stocks. In the case of IPOs, it is also assumed that
overenthusiasm among retail investors may explain high first-day returns and low
long-run returns (Ritter and Welch, 2002).

Another aspect of the sentiment discussion is investor attention. As discussed in Da,
Engelberg and Gao (2011), retail investor attention and retail investor sentiment are
positively related for two reasons. First, attention is necessary to generate sentiment.
For a retail investor to develop a sentiment about a financial event, such as a
forthcoming IPO, s/he has to first allocate attention to the IPO. Thus, increased
investor attention is likely to lead to stronger sentiment. Second, retail investors, as
sentiment traders, are more likely to suffer from behavioral biases. Due to this
intertwined relationship, investor attention also has become a popular topic in the

recent academic literature.

This study aims to measure individual investor attention and observe its effect on
both short- and long-run IPO performance in the emerging stock market of Turkey.
The persistence of investor attention following the IPO is also questioned by
examining the post-IPO stock liquidity. Previous studies mainly focus on the
developed U.S. and European markets. This study extends the existing literature to
include the emerging Turkish stock market. As stated by Giiner, Onder and
Danisoglu Rhoades (2004), in an emerging market like Turkey, information
3



acquisition and processing constitute a higher cost for investors as information is
reflected in the prices in a relatively longer time. Also, in such emerging markets
where market efficiency is low, attention by retail investors can explain irrational
and extreme disruptions in prices by influencing the distribution and processing of
information (Fang, Jiang and Qian, 2014). Thus, the Turkish stock market offers an
interesting platform to observe the impact of retail investor attention on IPO
performance. Also, with its rapid growth among emerging markets Turkey has been
one of the most noteworthy countries (Senyiiz, Yoldas and Baycan, 2014). In this
regard, Turkey offers an intriguing area to investigate the influences of investor

attention.

This study focuses on the Turkish stock market, namely Borsa Istanbul (BIST),
which is the platform gathering all the exchanges operating in the Turkish capital
markets under one umbrella. In the year 2010, the trading volume of BIST
generated by domestic individual investors was 84% (Fung, Demir, Lau and Chan,
2015). This percentage also supports the idea that Turkish stock markets offer an

appropriate setting to study the attention of especially retail investors.

Following Ding and Hou (2015), the level of Turkish individual investors’ attention
is measured through the use of both active and passive attention proxies. The results
of this study report that, unlike the U.S. market findings, investor attention prior to
the IPO does not have any influence on short-run IPO returns in the Turkish market.
The other findings of this study reveal that a positive change in active attention
before the IPO is associated with higher levels of post-IPO liquidity. Findings
further suggest that pre-IPO investor attention may lead to a price pressure on the

IPO date that later manifests itself as lower returns during the post-1PO period.

The rest of this thesis is organized as follows: Chapter 2 highlights the literature on
traditional and non-standard investor attention proxies and their applications in the
IPO setting. Chapter 3 details the construction of attention measures and the IPO

sample. The methodology and models are presented in Chapter 4. The results of the

1 See http://www.borsaistanbul.com/
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empirical analyses are presented and discussed in Chapter 5. Finally, Chapter 6

concludes with the findings of the study.



CHAPTER 2

THE OVERVIEW OF INVESTOR ATTENTION

2.1. Traditional Proxies for Investor Attention

As stated in Kahneman (1973) there is a limit to the attention that can be paid to any
task at any time. Similarly, investors have limited attention to allocate between
different options when making financial decisions. How scarcity of attention affects
investor behavior in financial settings is a popular research area. Kumar and Lee
(2006) argue that retail investors adopt “attention-based trading” by concentrating

less on the process of analyzing investment decisions.

As in the case of investor sentiment, measuring investor attention offers an area of
research introducing challenges. Barber and Odean (2008) argue that it is not
possible to develop one direct and perfect measure since it would require daily
measurement of investor attention retrospectively. Therefore, they develop an
indirect measure concentrated on three proxies which are considered to capture
attention: “news”, “unusual trading volume” and “extreme returns”. Seasholes and
Wu (2007) state that stocks experiencing broad news coverage, grand returns and
high trading volume in the Shanghai Stock Exchange catch individual investors’
attention. These investors with evoked attention tend to engage in trading activity
and even purchase stocks that they have not owned prior to the events grabbing their

attention.

Fang and Peress (2009) draw attention to the vast reach and widespread use of
newspapers as a mass media tool. They argue that particularly retail investors use
newspapers to obtain information. In terms of broad usage and reach, it is
reasonable to consider news articles as a proxy for measuring investor attention. Liu,

Sherman and Zhang (2009) state that investor and market attention in general urges
6



media attention. Media is likely to report events that are newsworthy and striking
attention. Thus, news has been considered to be a common proxy for measuring
investor attention. In Reese's study (1998), references in newspaper articles are used
to proxy for the investor attention paid to a particular firm. Reese suggests that there
are two reasonable explanations of media citing a company in news articles. First,
there may be considerable investor attention already generated for that particular
firm. Second, the company may be coming out with a situation worth mentioning,

which eventually leads to investor interest.

Barber and Odean (2008) discuss that prominent news catch investors’ attention,
guide their beliefs and eventually lead to a number of investors engage in trading
activity which is more than usual. Barber and Odean (2008) present an example
from the Midday Call show that airs on CNBC. When a particular stock is
mentioned during the Midday Call, trading volume in this stock increases almost
immediately within the minute of mention (Busse and Green, 2002). Hou, Peng and
Xiong (2009) also use trading volume as a proxy for investor attention since
“...active trading involves investors’ attention...” The correlation between attention
and trading activity is discussed in the Hou, Peng and Xiong study (2009). They
argue that when an investors allocate less attention to a particular stock, they are less
likely to engage in that stock’s trading activity. Similarly, when a stock grabs
investors’ attention, the likelihood of trading for that stock increases. On the basis of
this likelihood, Chemmanur and Yan (2009) further use trading volume as a proxy
for the measurement of investor attention. Gervais, Kaniel and Mingelgrin (2001)
also state that as trading volume increases, the visibility of that particular stock
increases leading to a greater number of investors allocating their attention to that
stock. Another study using trading volume as a proxy for attention of investors is
Lin, Wu and Chiang’s (2014). They show that investor attention enables the spread

of information from financial analysts across investors.

Barber and Odean (2008) also argue that when there is news disseminating

information into the market about a company and causing a significant price move

in that company’s stocks, it will also grab the attention of investors. It is stated that
7



both news and resulting abnormal one-day returns are likely to be noticed by market
participants. Thus, “extreme one-day returns” can be considered as a proxy for
measuring investor attention. Consistent with the findings of Barber and Odean
(2008), Yu and Hsieh (2010) show that both retail and institutional traders in the
Taiwan Stock Exchange (TSE) pay attention to the stocks experiencing unusual one-

day returns.

Advertising expense is another common proxy for measuring investor interest.
Based on the fact that attention is a “scarce cognitive resource”, advertising is a
useful tool to attract individual investors’ attention (Lou, 2014). According to Lou
(2014), increased advertising urges retail investors to engage in trading activity. It is
argued that when the amount of advertising is increased, the number of buy orders
placed by retail investors also increases. Similarly, Grullon, Kanatas and Weston
(2004) provide evidence in their study that more advertising generates or increases
familiarity with the firm in question by capturing the attention of not only retail
investors but also institutional investors. In this context, they state that increasing
the advertising budget also increases the firm's recognition and thus the ownership

by both individual and institutional shareholders.

Chemmanur and Yan (2009) use the number of financial analysts who cover a
company’s stock as a proxy for measuring investor attention. They argue that as the
coverage by financial analysts broadens, the company’s visibility and recognition
among investors increase by catching their attention. In the Mola, Rau and Khorana
study (2013), it is stated that analysts are effective in guiding investor attention to
particular stocks. Accordingly, it is showed that the loss of analyst coverage is
followed by a decrease in investor interest in the stocks in question. Barber et al.
(2001) consistently state that investors give value to analyst recommendations and
follow them when making trading decisions. They argue that investors would
engage in buying activity when analyst make positive announcements regarding
particular stocks. Conversely, they would be selling the stocks when there is a

negative valuation by analysts.



2.2. Using the Internet for Attention Measurement

There is already a wide literature that focuses on measuring the interest of investors;
however, Da, Engelberg and Gao (2011) argue that previous proxies do not provide
a direct measurement. For example, they claim that in order to be able to measure
investor attention by counting the news articles it must be made sure that investors
truly read those articles. Since there is no possible way of being certain about
investors reading related articles in newspapers, they state that news can only serve
as an indirect proxy for investor attention. In the Da, Engelberg and Gao study
(2011), it is also argued that other proxies such as trading turnover may be
motivated by factors other than investor attention. Since these proxies may be
affected by not only investor attention but also other factors, it is claimed that they
should be considered as indirect ways of measuring attention of investors.

Instead of these indirect measures Da, Engelberg and Gao (2011) suggest a direct
proxy for measuring investor attention. Taking into account the widespread Internet
usage, they use the “aggregate search frequency” offered by Google as a direct

measurement tool.

After the World Wide Web became publicly available in 1991, a new era began in
information acquisition. In approximately 25 years, the Internet has changed the
way individuals access, gather and process information about any subject. The
emergence and development of the Internet make huge volumes of information
about any field accessible from anywhere at any time. This gives rise to the
description of the Internet as “the information superhighway” by Rubin and Rubin
(2010). Nowadays, individuals refer to the Internet about almost every subject as an

initial information source.

The Internet also has widespread usage among participants in financial markets.

While institutional investors mainly consult terminals that offer financial data

services and trading platforms, individual investors are the principal users of the

Internet for trading purposes (Da, Engelberg and Gao, 2011). Consistently, Ding and

Hou (2015) suggest that individual investors use the Internet for drawing and
9



processing information prior to engaging in trading activities. They argue that the

Internet offers an uncostly way to obtain information for retail investors.

Barber and Odean (2001) state that the Internet offers a different platform where
investors can reach extensive data and make trading decisions generally without the
necessity of consulting third parties such as brokerage firms. Since there is often no
third party involved, the Internet can serve as a good and direct proxy for measuring
individual investor attention. In this context, Internet searches have recently been
used to measure the level of retail investors’ attention. Da, Engelberg and Gao
(2011) explain that Hal Varian, Google’s Chief Economist, interprets the search data
as a way of revealing investors’ real time interest in different financial activities.
Consistently, Mondria, Wu and Zhang (2010) state that queries used in the Internet
searches can offer a proxy for measuring attention due to three main reasons. First,
they suggest that the World Wide Web serves as the principle platform for obtaining
information. Also, it is argued that the Internet search engines have become the most
attractive instruments for information acquisition as they make the desired amount
of information available without any loss of time. Finally, users’ search queries are
claimed to directly reveal users’ interests. Similarly, Ding and Hou (2015) suggest
that individual investors tend to seek information using the Internet since online
media is more readily reachable and usable when compared with newspaper

coverage.

Da, Engelberg and Gao (2011) make use of these Internet searches through Google
Search Engine when building their direct proxy for investor attention measurement.
They use the “aggregate search frequency” provided by Google and argue that it
serves as a direct measurement tool. They claim that Google is the most popular
search engine used for obtaining information and searching for a stock via Google

means that the investors are directing their attention to that particular stock.

The “aggregate search frequency” named as the search volume index (SVI) by
Google can be accessed through Google Trends. Da, Engelberg and Gao (2011)

explain weekly SVI for a particular term as “...the number of searches for that term

10



scaled by its time-series average...” In the Da et al. study (2011), the Russell 3000
stocks are examined. In order to measure the level of attention directed to these
stocks, their ticker symbols are used as the search criteria and corresponding SVI are
obtained. Results of the analysis reveal that although the SVI is correlated with
existent attention proxies, it is also different from them. It is shown that the SVI
serves as a proxy for measuring individual investor attention rather than institutional
investor attention. Da et al. (2011) also find that an increase in the SVI makes leads
to an increase in the stock price in the short run and to a return reversal in the long

run.

The Da, Engelberg and Gao (2011) study offers a new area of research in financial
economics. Referring to this study many researchers make use of the Internet search
volume, especially Google searches, when measuring the attention of retail
investors. Following Da et al. (2011), Ding and Hou (2015) use the search volume
index (SVI) as a proxy for the active attention of individual investors. They find that
when retail investors direct their attention to a particular stock via Google searches,
they become more likely to be a part of the related firm’s shareholder base. The
Ding and Hou (2015) study also provides evidence that increased attention leads to
greater stock liquidity. Consistent with the findings of Ding and Hou (2015),
Aouadi, Arouri and Teulon (2013) show that French investors’ attention influence
the liquidity of the French stock market. Aouadi et al. (2013) rely on the Google
search volume as a proxy for the attention of French investors highlighting the fact
that Google dominates the French search engine market with a prominently high
share. The Bank, Larch and Peter’s (2011) study also provides evidence for the
positive relationship between changes in investor attention and stock liquidity. They
proxy uninformed German investors’ attention by the Google search volume of firm
names for the Xetra-listed German stocks. Goddard, Kita and Wang (2015) also use
the SVI obtained from Google Insights as a proxy for investor attention. In their
study, they show that investor attention influences the volatility of currency market.
Vozlyublennaia (2014) proxies active investor attention by Google search in a

similar fashion and investigates the impact of attention on index performance. The

11



study focuses on indexes in stocks, bonds, commodities and gold as investment
types. It is shown that investor attention does have a short-run effect on the
performance of stock, bond and commodity indexes.

As an alternative to the studies proxying investor attention by the Google search
volume, the study of Mondria, Wu and Zhang (2010) uses another Internet search
query dataset -namely the AOL dataset- for specifically measuring the allocation of
investor attention. Mondria, Wu and Zhang (2010) explain that in 2006, the AOL
released a dataset which spans through a three-month period and consists of all
search queries submitted by AOL users. This dataset also reveals information about
whether an AOL search engine user clicks on any of the results returned as a
consequence of the query submission. Using this dataset for the given period,
Mondria et al. (2010) develop an attention measure by counting the number of times
users click on a result from a specific country. They argue that via this variable they
can measure the attention captured by a particular country, since this dataset allows
eliminating irrelevant results and identifying the relevant ones through the clicking
information. Their study shows that there is a “two-way causality” between home

bias and attention.

In 2015, Zhang and Wang’s study, conducted with a sample of stocks listed on the
China’s ChiNext board market, is published. They proxy the individual Chinese
investor attention by aggregate Internet search volume obtained from the Baidu
search engine, which is among the most popular search engines in China with an
extremely high market share. They argue that this Baidu index in question is a good
candidate to serve as a proxy for measuring Chinese investors’ attention for two
main reasons. First, they state that Chinese retail investors mainly use the Baidu
search engine instead of Google. Second, different from Google, this search engine
provides daily data in real time, thereby better presenting the stocks which grab
investors’ attention. The Zhang and Wang (2015) study reveals a significant
correlation between investor attention and the indicators of the stock market. Also,
they show that attention as a limited cognitive resource that may influence the
performance of the stock market.
12



Another notable study making use of the Internet when measuring investor attention
is by Rubin and Rubin (2010). They state that they use the “Wikipedia editing
frequency” as a proxy for measuring the level of investor engagement in company-
specific information processing. It can be deduced that if an investor is directly
involved in this process, s/he is obviously allocating attention to the firm’s stock
whose information s/he edits on Wikipedia. Thus, “Wikipedia editing frequency”
can be considered as a proxy for investor attention. In their study, Rubin and Rubin
(2010) argue that Google Trends, which provides the Internet usage as search
volume measures, has the drawback of not discriminating search queries on the
company products from the particular ones on the company itself. They also state
that the “Wikipedia editing frequency” is more advantageous over other measures
since editing Wikipedia entries requires investors to be more informed and involved

as it is more than just browsing a webpage that is returned as a result of a submitted

query.

In 2012, Vlastakis and Markellos suggested another use for the Google Search
Volume. They proxy the demand for information by Google’s Search Volume Index
(SVI), whereas the number of news headlines are used as a proxy for information
supply. Their study reveals the positive correlation between information demand
and supply. Vlastakis and Markellos (2012) also show that increased levels of risk

aversion and greater returns lead to an increase in the demand for information.

2.3. Investor Attention in the IPO Setting

So far, existing academic studies that use investor attention proxies are reviewed by
especially focusing on the ones which employ the Internet in proxy construction.
After explaining the means of measuring investor attention, another subject of
discussion is related with observing the impact of this attention in financial markets.
Among many other financial events, the Initial Public Offerings (IPOs) serve as one
of the best platforms to investigate the effect of retail investor attention. Essentially,
firms going public are likely to grab the attention of investors and the media.

Consistently, Da, Engelberg and Gao (2011) argue that IPOs offer a common setting

13



to observe the impact of investor attention and test the retail attention hypothesis

since the Google SVI1 already exists prior to going public.

The performances of IPOs in both short and long-run have been well studied and
documented in the IPO literature. It is revealed that firms undergoing IPOs generally
experience extremely high initial returns followed by underperformance in the long-
run (Aggarwal and Rivoli, 1990; Ritter, 1991; Levis, 1993; Ljungqvist, 1997).

Many researchers have provided behavioral explanations for the observedshort and
long-run performances of IPO stocks. In their 2002 study, Ritter and Welch state
that the behavioral explanations for IPO underpricing and negative long-run
performance are more reasonable. . Similarly, Ljungqvist, Nanda and Singh (2006)
link “IPO anomalies” to the existence of irrational sentiment investors. By providing
evidence from the Dot.com bubble, Chan (2014) also documents that overoptimism
and bullish behavior of retail investors result in the deficient performance of IPO
stocks in the long-run.

Da, Engelberg and Gao (2011) explain that investors have a tendency to buy the
stocks that capture their attention according to the Barber and Odean study (2008).
Thus, stocks that grab more attention from retail investors prior to going public are
more likely to experience higher levels of buying when they start to be traded. Da,
Engelberg and Gao (2011) also argue that due to the unlikelihood of short selling
IPOs and high levels of demand from investors, IPO stocks experience temporarily
high initial returns followed by price reversals as a result of declining demand in the

longer run.

By its very nature, with high first-day returns and long-run underperfomance, IPOs
offer one of the ideal settings to observe the impact of investor attention. There are a
number of studies investigating the effects of attention in the IPO literature. One of
the earliest studies is the Reese study (1998) which uses media as a proxy for
investor attention. Reese counts the number of news articles that appear on 25 major
newspapers citing the name of the IPO company. News articles published prior to
the IPO issue date and during the period including the first year after issuance are
14



included in the sample. Results of the analyses reveal that companies grabbing more
attention from investors (i.e. companies with a larger number of related news
articles) prior to going public are more likely to be subject to higher levels of
underpricing. This also leads to higher initial returns and greater volume of trading

both in the short- and long-run.

Similarly, Liu, Sherman and Zhang (2009) proxy investor attention by media when
investigating the influence of investor attention before going public on the level of
IPO underpricing. From various news sources, articles mentioning the name of the
IPO company are gathered and counted over a window from one day after the filing
date to one day prior to the offering date. Liu et al. (2009) allow for abbreviations
such as “Co.”, “Corp.”, “Inc.”, “Ltd.”, and “Grp.” when using full company names
as the search criteria. They provide evidence that increased investor attention
proxied as media coverage leads to increased underpricing and thus greater first-day
return. In 2014, Liu, Sherman and Zhang conducted a similar study again using
media coverage as a proxy for investor attention. Their search criteria and measure
of investor attention are exactly the same. Different from the previous one, in this
study they focus on the month before the issue date and investigate the persistence
of investor attention. Results of their study suggest that media coverage prior to the
IPO has a long-term effect. Liu et al. (2014) also provide evidence that special
events published in the media during the month prior to going public lessen the

amount of attention allocated to the IPO firms.

Another prominent study analyzing the effects of investor attention on IPO stocks’
short and long-term performances was conducted by Da, Engelberg and Gao in
2011. They use Google Search Engine for gathering information on the individual
investor attention and measure the level of attention through the use of Google’s
aggregate search frequency, namely the Search Volume Index (SVI). They use
company names provided by the Securities Data Corporation (SDC) database as the

search criteria and cover the period from 2004 to 2007 for the IPO sample. Their
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results reveal that the Abnormal SVI (ASVI)?, on a stand-alone basis, strongly
predicts first-day IPO return. In fact, ASVI even seems to be a better predictor than
the usage of media, i.e. number of news articles mentioning the name of the IPO
company, for measuring the level of investor attention. Da et al. (2011) also
document that IPOs having greater investor attention before going public experience

higher underperformance in the long-run.

One of the more recent studies investigating the relationship between investor
attention and IPO returns is by Fang, Jiang and Qian’s (2014). They measure the
attention of individual investors using the Baidu index obtained from the Baidu
Search Engine, which is the largest engine in China. Fang et al. (2014) use the
official names for the stocks listed in the ChiNext market as the search criteria on
Baidu.com. Daily values of the Baidu index for each stock in the sample are
gathered for the period from June 2010 to December 2011. Results of the Fang,
Jiang and Qian study (2014) indicate that increased individual investor attention has
a positive effect on extreme first-day returns whereas it negatively influences returns
in the long-run. Results of the Fang et al. study (2014) conducted in the emerging
market of China are also consistent with the findings of previous studies which are

conducted in the developed U.S. market.

A tabulated version of this literature review and a detailed list of references can be

found in Appendix A and Appendix B, respectively.

2 Abnormal Seach Volume Index (ASVI) is calculated as the difference between the log of the SVI
during the IPO week and the log of median SVI during the previous 8 weeks.
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CHAPTER 3

DATA AND SAMPLE CONSTRUCTION

3.1. Passive Attention Measure

Media-based measures are common proxies for the passive attention of investors
(Reese, 1998; Liu et al., 2009; Fang and Peress, 2009). In order to measure the
passive attention paid by Turkish investors to public information, the number of
news articles -mentioning the name of the IPO company- that appear in various
public disclosure platforms and news sources are counted. According to capital
market regulations, IPO-related company documents are required to be announced
by Borsa Istanbul prior to the IPO date. Until 2009, these documents were
announced as part of the Borsa Istanbul Bulletins and the bulletins were available
online at the Borsa Istanbul web site. After 2009, the documents started to be
published at the Public Disclosure Platform hosted by Borsa Istanbul®. In this study,

both platforms are reviewed in accordance with the time range of the sample.

The "Finnet News Analysis"* database collects up-to date news related to BIST
companies and indexes and covers all official public disclosure platforms, daily
newspapers and financial periodicals all the way back to 1986. The IPO-related
news and mandatory disclosures are collected from the Finnet database. The
software is designed to take equity name and code changes into account over the
years. Some companies in the sample have undergone name and/or code changes
during the sample period. The Finnet database lists the latest and current version of

the company name and ticker, but does not ignore news articles that were published

3 See http://kap.gov.tr/en/home.aspx

4 See http://www.finnet.gen.tr/urun/fha/
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previously referring to former names and/or codes. These articles are also stored

under the current company name and ticker, preventing any loss of data.

The Finnet software has the option to apply filters based on news subjects, news
sources and time periods while gathering company- and index-related news. Finnet
states that teams read and review each and every news article and categorize them

under specific subjects.

In this study, all mandatory and discretionary news originated in the media and/or
announced by firms are gathered as part of the sample news collection. The only
filter applied is the determination of the pre-IPO time period. The study focuses on
news articles published during the 2-month period prior to the IPO date of the
company. For the sample period from 2005 to 2015, a dataset of 595 articles is
collected covering 118 IPOs® that took place in the Equity Market and 27 IPOs that
took place in the Emerging Companies Market?®.

It should be noted that articles published in newspapers are important in the sense
that they give rise to a “self-selective mechanism” leading information to
disseminate towards individual investors rather than institutional ones (Bajo and
Raimondo, 2015). Bajo and Raimondo (2015) state that newspapers enable readily
available access to information by selecting the related financial information to be

published in a very limited space in an explicit and understandable manner.

In this thesis, a news measure, News, is generated from these aforementioned news
articles that are gathered via the Finnet database. This measure is equal to the ratio
of the number of news articles published during the 30 days prior to the IPO date to

the average number of articles issued during the 60 days prior to the IPO date. The

5> During the period from 2005 to 2015, a total of 119 IPOs took place in the Equity Market of BIST.
One of these IPOs, namely the IPO of “Evg Yatirim Ortaklig1 A.S.”, is excluded from the sample,
since there are no data available regarding this IPO in the Finnet database.

6 Borsa Istanbul consists of six markets, two of which are Equity Market and Emerging Companies
Market. 118 IPOs took place in the National, Second National and New Economy Markets which are
submarkets of the Equity Market.
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News measure is adopted to capture the trend in the number of news during the

month prior to the IPO.

number of news over last 30 days
News = 1)
average number of news over last 60 days

According to this measure, if there are no news published between days -60 and -31
prior to the IPO and if news appear only during the month just prior to the IPO
(between days -30 and 0), then News would be equal to 2 and this is the maximum

value for this variable.

3.2. Active Attention Measure

For active attention measurement, following Da et al. (2011) the Google search
volume (GSV) index is used as a proxy for the Turkish retail investors’ attention.
Google search is well documented as a proxy for measuring individual investor
attention in a number of academic studies (Bank et al., 2011; Da et al., 2011; Aouadi
et al.,, 2013; Goddard, Kita and Wang, 2015; Ding and Hou, 2015). The Google
search volume is used as an active attention proxy because: (i) the Google search
volume proxies investor attention in a more timely manner when compared to
measures of passive attention, (ii) when an investor searches for a stock via Google,
s/he is obviously directing attention to that particular stock (Da, Engelberg and Gao,
2011), and, (iii) Google is one of the most popular search engines in the Turkish

market.

Google provides search volume frequency information via its Google Trends service
since January 2004. Google Trends adjusts search data to avoid the situation in
which geographical locations with the highest search volume would always be
ranked on top. Adjustment takes place by both normalizing and indexing. The actual
search volume, i.e. the number of searches submitted for a particular keyword or
topic, is first normalized by the total number of Google search queries for all
keywords from a particular geographical location and time range. This normalized
search volume is then indexed through by dividing it by the highest point of interest.
As a result, an interval of [0,100] is obtained for the relative representation of the
19



Google search volume’. Thus, as explained in Aouadi et al. (2013), an increase in
GSV indicates higher popularity for that specific keyword and it does not simply
mean an increase in the number of search queries submitted for the keyword in

question.

When using Google Trends as a tool to gather Google Web Search data related to
the IPO companies covering the period from 2005 to 2015, geography is restricted
to Turkey since this study focuses on Turkish investors. By allowing its users to
select a specific geography, Google Trends makes it possible to refine results by
region. Also, in order to obtain more meaningful results, Google suggests using
wide time windows for the queries. For this purpose, a 2-year period covering one
year before and one year after the IPO date is chosen as the time range. In this study,
Google Web Search data were gathered in earlier months of 2016. Thus, for the
companies that went public in year 2015, it is not possible to gather data over the 2-
year window. For these companies, data are gathered within the widest possible time
range starting from one year before the IPO date until the month during which data
are collected. Later, when the Google Trends data are used to calculate the active
attention measure, a narrower portion of this 2-year period data -2 months prior to

the month in which the individual IPO took place- is used.

Google search volume data is collected on the basis of company names instead of
stock tickers. Company names are preferred mainly due to the reason that before
going public the ticker information is not available to the retail investors (Da et al.,
2011). Also, usage of company names presents a much broader measure of retail
attention (Bank et al., 2011 and Aouadi et al., 2013).

Regarding the usage of company names as the search criteria, Da, Engelberg and
Gao (2011) argue that there are two main issues which constitute problems. First,
company names can be inserted as keywords for reasons other than investing. Thus,
the Google search volume for company names may include some component which

is not related to stocks, such as people searching for company products (Vlastakis

" See Google Trends Help Center:
(https://support.google.com/trends/answer/4365533?hl=en&ref topic=4365599)
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and Markellos, 2012). It should be noted that especially companies having names
with multiple or generic meanings also may introduce noise to the news measure.
Atypical example for such a case is the company name “Apple” (Da et al., 2011;
Ding and Hou, 2015). Second, there are various ways of expressing the name of the

companies. So, investors may spell the company names in many different ways.

In order to deal with the first problem, the context in which keywords are used in the
queries are analyzed separately®. If it is observed that the context is not exclusively
related to the IPO stock in question, a meticulous effort is given to isolate the
relevant part. For this purpose, different punctuation marks are used to filter the
results following Google’s search tips for Trends®. For instance, “-” is used to
exclude irrelevant contexts such as multiple or generic meanings. This punctuation
is also used to eliminate other irrelevant searches looking for company products,
similar firms, etc. Quotation marks are also used to exclude specific names or
phrases when isolating the relevant context from multiple or generic meanings. One
example to give would be the search query “flap” which is used as the Google
keyword for the company named “Flap Kongre Toplanti Hizmetleri Otomotiv ve
Turizm A.S.” from the sample. When an analysis is carried out for the context in
which the keyword “flap” is used, it is observed that there is a considerable part
associated with “flap jack”, which is a cereal bar brand having no relevance with the
company in question. Thus, in order to be able to isolate the relevant part, ‘flap —
“flap jack’” is submitted as the search term. Also, if it is observed that search
queries are completely irrelevant regarding the context or if it is not possible to
isolate the relevant context, the stock is excluded from the sample aiming to

decrease the amount of noise introduced to the data.

8 When a term is searched in Google and if there is enough search volume, Google Trends lists “Top
searches” under the “Related searches” section at the bottom of the page. Top searches include the
terms which are frequently searched together with the entered term, which enables us to identify the
context of searches in the most general sense. Findings listed in the “Related searches” section can be
downloaded and observed in a “csv” file together with weekly/monthly search volume.

(See https://support.google.com/trends/answer/4355000?hl=en&rd=1)

9 See Search tips for Trends.
(https://support.google.com/trends/answer/4359582?hl=en)
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While handling the Google search data, it is also seen that if there is not enough
search volume regarding a submitted term, Google Trends is unable to list the
contexts in which the term is used. In such cases, if the keyword in question has a
generic or multiple meaning, the corresponding stock is excluded from the dataset
for avoiding doubt. Also, Following Da et al. (2011) and Ding and Hou (2015),
stocks with zero GSVs with an insufficient amount of search volume are excluded
from the sample.

In order to address the second problem regarding different variations of company
names, following Vlastakis and Markellos (2012) a method is adopted when
inserting keywords on Google Trends. As a start, the full company name as listed on
Borsa Istanbul is used as the search term allowing for abbreviations such as “A.S.”.
Together with the full company name, other known variations are also inserted in
Google Trends and the keyword with the highest search volume in the most relevant
context is adopted. If the highest search volume appears in the variations which have
multiple or generic/conventional meanings in Turkish, such as “Hedef” (meaning
“aim” in Turkish) and “Saglam” (meaning “strong” in Turkish), following Aoudi et
al. (2013) these keywords are excluded from the sample to prevent noise. Also, in
order to extend results to include more than one popular or known variation, the “+”

punctuation is used following Google’s tips for Trends™.

When generating IPO companies’ dataset for the Google search data, companies
who have very similar names or have gone public within the same year are handled
meticulously. If it is identified that these companies are owned by the same parent
company or are related to each other in terms of subsidiaries or affiliates, then they
are removed from the sample. The main motivation behind the removal is the well-
nigh impossibility of separating investors’ attention directed to these companies
from each other. In other words, these companies’ IPOs occurring within the same
year are treated as confounding events. One example to give would be the
companies “/hlas Gazetecilik A.S.” and “Ihlas Yayin Holding A.§” who both went

10 See Search tips for Trends.
(https://support.google.com/trends/answer/4359582?hl=en)
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public within the year 2010. Approximately 57% of “Ihlas Gazetecilik A.S.” is
affiliated with “Iilas Yayin Holding A.S” through their parent company and this
leads to the exclusion of both companies from the sample.

When the above mentioned methods are followed, 42 companies are excluded from
the sample of 145 IPOs over the period from 2005 to 2015. The GSV data for all the
103 IPO companies remaining in the sample are downloaded from
https://www.google.com/trends/. When downloading the GSV data, the above
mentioned methods and processes are followed to determine the related search
keywords for each and every company in the sample!. According to the amount of
search volume data, Google creates the GSV indexes on a weekly basis for those
companies with popular and frequently searched keywords and on a monthly basis

for companies with less frequent searches*?.

In order to use in the analyses, a consolidated monthly stock sample is generated by
using the weekly and monthly GSV data. Following Bank et al. (2011), weekly data
are converted into monthly format for the sample construction. When applying this
conversion, monthly data are obtained from the average GSV data of the
corresponding weeks. While converting weekly data into a monthly format,
companies that went public at the beginning of the month are analyzed with extra
caution. One example from the sample is the company “Coca-Cola Icecek A.S.”,
which underwent its IPO on May 3, 2006. When this specific day is marked on the
calendar, it can be observed that it corresponds to the middle of the week starting
with April 30, 20063, Therefore, when Coca-Cola’s weekly GSV data is pivoted
into the monthly format using Excel's date function, this day seems to be in April
resulting in misleading monthly data. For such cases, GSV of the previous month

containing IPO day’s corresponding weekly GSV data is used in the analyses.

11 See Appendix D for the complete list of chosen search keywords.

12 Google Trends data are exported in the CSV file format.
(See https://support.google.com/trends/answer/4365538?hl=en)

13 Unlike the international standard 1SO 8601, Google considers Sunday as the start of the 7-day
week.
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The measure of attention based on the GSV data is calculated by following Da et al.
(2011) and Ding and Hou (2015) methodology. Different from this study, the
variable is constructed from the monthly GSV data instead of the weekly data since
51 of the 103 IPO companies in the sample only have monthly GSV data available.
The change in GSV, namely the abnormal Google search volume (AGSV), is

calculated as follows:
AGSV = AGSV,, = Log(GSVy,) — Log[Avg(GSVim—1, GSVip_y)] 2)

In Equation (2), GSVm and [Avg(GSVm-1, GSVm-2)] represent the search volume
during the IPO month m and the average value of the search volume during the
previous 2 months, respectively. Using the change in GSV makes it possible to
eliminate the seasonality with low frequency and time trends in the data as stated by
Daet al. (2011). Also, a positive change in GSV reflects increased investor attention
which leads to engagement in trading activity (Da et al., 2011; Ding and Hou, 2015).

While performing the above logarithmic transformation of the data, in order to
handle the zero GSV values a simple work-around is adopted by replacing zeros
with ones. 1 is a relatively small value when the [0, 100] interval is considered for
the relative representation of the Google search volume. Also, when the GSV values
of the 103 companies in the sample are analyzed over time, it is observed that values
under 10 are not common. Therefore, 1 is considered small enough to replace the
zeros and obtain meaningful results at the same time. Choosing a much smaller
value such as 0.0001 would lead to misleading results when the [0, 100] data range
is taken into account since such a replacement would cause negative log values.
Additionally, transformation by adding 1 to the zero GSVs has the neat feature of

mapping zeros to zeros.

3.3. Investor Attention and the IPO Sample

Pre-IPO attention of individual investors is proxied by using the GSV-based
measure. During the period from 2005 to 2015, 145 IPOs took place in the Turkish
stock market. 118 of these IPOs occurred in the Equity Market whereas 27 IPOs
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were in the Emerging Companies Market. 42 of these IPOs are eliminated from the
sample due to missing GSV values or having names with multiple and/or generic
meanings in the Turkish language. As a result, a sample of 103 IPOs is constructed.
52 of these IPOs have weekly GSV values available whereas 51 of them have only
monthly GSV values according to the amount of search volume on Google. As
described in the previous section, the weekly data are converted into a monthly
format resulting in a consolidated monthly stock sample of 103 IPOs. A subsample
of 52 IPOs is also constructed with companies having weekly GSV values.

With these two stock samples, it is first analyzed whether there is a significant
increase in the retail investor attention around the IPO event. Panel A of Figure 3.1
demonstrates a considerable trend in the upward direction beginning from 3 to 4
weeks before the IPO date and making an extreme jump of approximately 89% in
the IPO week. This trend in the weekly sample of 52 IPOs is consistent whether the
sample mean or median is used in measuring the GSV around the IPO event. Panel
B of Figure 3.1 illustrates the GSV trend in the monthly sample of 103 IPOs.
Monthly trend is also consistent with the results in Panel A. Mean GSV value starts
to ascend beginning from 2 months prior to the IPO and makes a drastic leap in the
IPO month. In Panel B, another noticeable result is that following the IPO month,
the mean GSV does not revert back to the value before the IPO date. It continues to
float above the pre-IPO mean GSV values. This trend shows that companies
undergoing their IPOs persist in attracting individual investors’ attention even after
the IPO date. The trend in the monthly sample is consistent when GSV is measured
by the sample median as well. Figure 3.1 illustrates the GSV values in the range of
[0,200] since this interval is defined for the relative representation of search volume
on Google as described in section 3.2.

Following the study of Da et al. (2011), a similar analysis is also performed with
weekly and monthly stock samples to examine the trend in abnormal Google search
volume (AGSV) around the IPO date. The plots in Panel A and Panel B of Figure

3.2 reveal results validating the trend in Figure 3.1. In Panel B of Figure 3.2, median
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Panel A. Cross-sectional average weekly GSV around IPO issuance
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Figure 3.1. Average weekly and monthly GSV around the IPO date. Panel A illustrates the cross-
sectional weekly mean and median of the Google search volume (GSV) index around the IPO week.
The sample covers 52 IPOs from January 2005 to December 2015. Panel B shows the cross-sectional
monthly mean and median of GSV around the IPO month. The monthly subsample includes 103 of
the IPOs from January 2005 to December 2015 for which either weekly GSV values are not available
or the company has a name with multiple/generic meanings in the Turkish language. GSV values are
illustrated in the range of [0, 100] as described in section 3.2.
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monthly AGSV values prior to the IPO month do not appear on the graph since most

of the companies have a zero AGSV value before the IPO month.

The relationship between company size and the amount of attention allocated to the
IPO companies is also investigated. 103 firms in the monthly subsample are
classified into two groups according to their size. Companies with a size larger than
the sample median are classified as large and others are classified as small. Average
AGSV values are calculated within these groups. Panel A of Figure 3.3 shows how
active investor attention, namely AGSV, differs across the IPO companies with small
and large size. Larger companies are expected to capture higher levels of investor
attention; however, results reveal that small companies have an average AGSV value
of 0.88, whereas large companies’ measure is around 0.54. This unexpected
difference shows that individual investors direct greater attention to smaller firms. A
possible explanation could be that retail investors mainly use Google Search Engine
to gather information about smaller companies which are less likely to be known by

the public.

A similar analysis is performed with the passive attention measure, namely News. A
grouping according to company size is carried out in the extended IPO sample of
145 companies!*. Mean and median News measures are calculated for both groups
of small- and large-sized firms. Panel B of Figure 3.3 illustrates the results. Median
News measures for both company sizes are calculated to be 2, which is the
maximum possible value. This is due to the reason that most of the companies in the
sample have the News measure value 2, experiencing great levels of passive
attention during the 1-month period prior to the IPO date. According to Panel B of
Figure 3.3, there is no noticeable difference between the amount of passive attention
allocated to small and large companies. Hence, it can be concluded that company
size is not a determinant of the frequency with which various news sources and

public disclosure platforms publish news articles about IPO companies.

14 42 companies which are eliminated due to their names or missing GSV values are included in this
sample since they have their News measure data available.
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Panel B. Cross-sectional average monthly AGSV around IPO issuance
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Figure 3.2. Average weekly and monthly AGSV around the IPO date. Panel A illustrates the
cross-sectional weekly mean and median of the abnormal Google search volume (AGSV) around the
IPO week. The sample covers 52 IPOs from January 2005 to December 2015. Panel B shows the
cross-sectional monthly mean and median of the abnormal GSV around the IPO month. The monthly
subsample includes 103 of the IPOs from January 2005 to December 2015 for which either weekly
GSV values are not available or the company has a name with multiple/generic meanings in the
Turkish language.
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Panel A. Average AGSV across small and large companies
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Panel B. Average News measure across small and large companies
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Figure 3.3. Average values for AGSV and News measures across small and large companies. If
the pre-1PO total assets of a company is below the sample median, that company is classified as
small; it is classified as large otherwise. In Panel A, 103 companies are classified according to their
size. Mean and median AGSV values are calculated for groups of small and large companies. In Panel
B, the classification is carried out for 145 companies and mean and median News values are
calculated for each group.



Another analysis is performed to observe how mean AGSV values of companies
vary across the range of sectors for the IPO companies. The 103 companies in the
sample are grouped according to their corresponding industries as listed on the
BIST. Mean AGSV values are calculated for each industry. Panel A of Figure 3.4
illustrates the results. Most attention-grabbing companies seem to be in the
“Transportation, Telecommunication and Storage”, “Wholesale and Retail Trade,
Hotels and Restaurants” and “Technology” sectors. Also, results reveal that
individual investors do not allocate much attention to firms which belong to the
“Education, Health, Sports and Other Social Services” and “Electricity, Gas and

Water” sectors.

Panel A. Average AGSV and company size across different sectors
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Figure 3.4. Average company size, AGSV and News values across different sectors. In Panel A,
103 companies are classified according to their sectors. Mean company size and AGSV values are

calculated for each sector.
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This industry-based analysis is extended to observe the allocation of investors’
passive attention among various industries. A classification according to sectors is
carried out in the extended sample of 145 companies. Mean News measure is
calculated across these sectors. Panel B of Figure 3.4 reports the results. There are
no large differences across the industries. Relatively less passive attention is given
to “Technology” and “Education, Health, Sports and Other Social Services” sectors.
It seems like various news sources and public disclosure platforms feature news
articles related to IPO companies regardless of their industry. Another noteworthy
remark regarding Figure 3.4 is that “Technology” is one of the most attention-
grabbing sectors on the active side, whereas it is the least attractive industry in terms

of passive attention.

Panel B. Average News measure and company size across different sectors
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Figure 3.4 — continued. Average company size, AGSV and News values across different sectors.
In Panel B, classification according to sectors is carried out for 145 companies and mean company
size and News values are calculated across sectors.
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Figure 3.4 also illustrates another important finding regarding the correlation
between attention measures and average company size within each industry. Panel A
of Figure 3.4 reveals that mean AGSV values and mean company size across
different sectors have a similar trend. Mean active attention measure seems to
increase with ascending average company size across industries. This increasing
trend reveals that sectors attracting more individual investor attention also have

larger average company size.

Findings in Panel B of Figure 3.4 are different from those in Panel A. Generally,
average company size values do not differ considerably across the industries in the
sample; however, results for the lowest and highest mean attention groups are quite
unexpected. The “Technology” sector attracting relatively less passive attention has
the greatest average company size, whereas the “Professional, Scientific and
Technical Activities” sector has the smallest mean company size with one of the

highest passive attention measures.
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CHAPTER 4

METHODOLOGY AND MODEL CONSTRUCTION

4.1. Model for the Short-term Effects of Investor Attention

As stated in Da et al. (2011), IPOs offer an ideal setting to observe the effects of
individual investor attention on prices. By their very nature, IPOs are more than
likely to grab the attention of retail investors and generate a tendency to engage in
buying behavior. As discussed in Da, Engelberg and Gao (2011), this increased
pressure of buying leads to even higher returns in the first trading day.

Following Da et al. (2011), it is observed how the level of pre-IPO active attention
affects the first trading day returns. The 103 IPOs in the sample are classified into
two groups according to having low or high individual investor attention during the
corresponding month of the IPO. Companies with an attention measure higher than
the sample median are classified as high and others are classified as low. Figure 4.1
illustrates the relationship between investors’ active attention during the month of
the IPO and the first trading day returns. The group of IPOs having low AGSV
during the IPO month experiences an average first trading day return of 3.03%
whereas the group with high AGSV has a higher return of 4.94% on the first trading
day. T-tests followed by non-parametric Wilcoxon tests are performed to observe
whether this difference of approximately 1.91% between the sample means are
statistically significant or not. Unlike the expectation, the results of both tests appear

to be statistically insignificant.

33



AGSV and average first trading day IPO return
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Figure 4.1. AGSV during the month of the IPO and average first trading day IPO returns. First
trading day IPO returns are calculated across low and high AGSV companies. If the AGSV of a
company is below the sample median, that company is classified as low AGSV; it is classified as high
AGSV otherwise. For this figure, 103 companies are classified according to their AGSV values.

A similar analysis is also performed to examine the relationship between investors’
passive attention, namely News measure, and IPO first trading day returns. 145 IPOs
having corresponding News measure data available in the sample are categorized
according to having low or high levels of passive attention prior to the IPO date.
When the News measure values within these categories are examined, it is observed
that 105 out of 145 companies belong to the group experiencing high passive
attention with the maximum possible value, 2. Since approximately 72% of the
companies have this maximum value, it is deduced that calculating mean first day
returns within the categories would not have a discriminative implication.

In order to empirically observe the effects of investor attention on short-run IPO
returns, the above mentioned analysis is further formalized by adopting the
following model:

first —day return = f (AGSV,News, total assets,age,of fer size, ©)

past sector return, underwriter reputation)
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The dependent variable in Equation (3) is the return of an IPO stock on the first

trading day and is calculated as follows:

IPO's first trading day closing price 1 %)
IPO's of fer price

first — day return =

First trading day closing prices for the samples IPOs are obtained from the BIST
database. In the model, it is examined whether pre-IPO active and passive investor
attention measures, AGSV and News respectively, predict high IPO returns on the
first day of trading. The expected relationship with these attention measures and the
IPO first-day return is positive. Thus, consistent with the Reese study (1998),
companies capturing more attention of investors are expected to be subject to greater

levels of underpricing, experiencing higher initial returns eventually.

Also, some firm characteristics are controlled in this model. The logarithm of the
size of the company prior to the IPO (log(total assets)), the logarithm of the
company age (log(age)) and the logarithm of the IPO offer size (log(offer size)) are

these firm-level control variables.

Size of a particular company prior to its IPO is equal to its total assets in the last
reported annual balance sheet before the IPO. For example, if the company went
public in the year 2008, the amount of total assets is taken from the company’s
December 2007 balance sheet. The company age is defined as the number of years

passed from the founding of the company to the time of its IPO.

The independent variables of total assets and age are expected to have a positive
influence on short-run PO returns. These independent variables are likely to
influence the amount of retail investor attention allocated to a particular stock and
increase the tendency of engaging in buying behavior resulting in higher first-day
IPO returns. Larger and older firms have a higher probability of being publicly
known and recognized. As stated in Kahneman (1973), investors have limited
attention to allocate among different stocks. Since attention is a “limited cognitive

resource”, individual investors are more likely to select stocks that they are already
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familiar with. Also, as stated in Liu et al. (2014), older firms have more time to

capture the attention of retail investors when compared to the younger ones.

Here, it should be referred back to section 3.3, where a preliminary analysis
regarding the relationship between attention measures and company size are
investigated for the sample. Although larger companies are expected to attract more
investor attention, Figure 3.3 reveals that investors direct more of their attention,
especially their active attention, to smaller firms. As presented in section 3.3, a
possible explanation would be that individual investors use the Google Search
Engine to obtain information regarding the smaller companies that are less likely to
be known and recognized publicly. This relationship between attention measures

and company size should be further analyzed according to the empirical findings.

The other independent variable, IPO offer size, is calculated by multiplying the IPO
offer price by the number of shares offered. The data regarding the offer price and
number of shares offered are obtained from the corresponding IPO prospectus stored
in the BIST database. The expected relationship between IPO offer size and initial
returns is also positive. Companies having greater offer size are more likely to be
noticed and traded by retail investors. As discussed in Giiner, Onder and Danisoglu
Rhoades (2004) companies with larger offer size are expected to experience higher

levels of underpricing and greater initial returns.

In the model, following Da, Engelberg and Gao (2011), a control variable for the
past sector return is also constructed. Da et al. (2011) control for past industry return
that is defined as the “Fama-French 48-industry portfolio return”. Similarly, a past

sector return variable is defined in the following manner:

past sector return

= [(1+ 1)+ 13)(1 + 1 )(1+1_)] — 1

()

In Equation (5), rw1 to rw4 are the corresponding weekly sector returns and t is the
week of the IPO. This variable is defined as the cumulative return of the IPO
company's sector index during the 4-week period prior to the IPO date General

sector-level movements during the 4-week period prior to the IPO are controlled for
36



by this past sector return variable. A positive relationship is expected between this
variable and the IPO first-day return. A positive trend in the past sector return is
expected to have a positive influence on the short-run IPO performance.

In this model, the underwriter reputation is also controlled. The reputation measure
is calculated as the share of the IPO's lead underwriter in the total amount of IPOs
conducted on Borsa Istanbul until the time of the IPO in question. There is no clear
expectation regarding how this reputation affects the IPO first-day return. This
relationship can be approached from two different aspects. First, in the IPO
literature it is well-documented that more reputable underwriters underprice to a
lesser level leading to relatively lower initial returns (Wang, Liu and Wu, 2003;
Giiner, Onder and Danisoglu Rhoades, 2004). On the other hand, from the attention
perspective, it is likely to expect IPO companies with reputable underwriters to
attract more investor attention, be subject to greater levels of trading and experience

higher initial returns.

4.2. Models for the Long-term Effect of Investor Attention

4.2.1. Model for the Liquidity Effect

This part of the analysis focuses on identifying whether pre-IPO investor attention
has long-run effects in terms of having a longstanding role. As stated in Kahneman
(1973), investors have limited attention to allocate among various stocks.
Consistently, investors experience home bias (Tesar and Werner, 1995; Ding and
Hou, 2015) and continue to invest in stocks that they are already familiar with. Van
Nieuwerburgh and Veldkamp (2009) further show that investors favor stocks that
they already know about and keep directing their limited attention to them. In this
context, the tests are focused on whether stocks continue to attract the same level of

their pre-IPO investor attention in the long-term.

When a stock continues to attract investors’ attention, it becomes more likely to be
traded by a larger base of shareholders and has a greater liquidity eventually (Ding
and Hou, 2015). Thus, following Liu, Sherman and Zhang (2014), post-IPO investor
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attention is proxied by the stock’s subsequent liquidity. In this study, liquidity is
measured by the logarithm of the turnover ratio. Turnover ratio is defined as the
mean post-IPO trading volume of the company divided by number of shares
outstanding by the end of week [t+52], where week t is the week the company’s [PO

took place.

Company post-IPO volume of trading is calculated as the mean value of the monthly
trading volume during the period starting from the Friday of week [t+5] until the end
of week [t+52], where week t is again the week the company underwent its IPO.
Here, the period of [t+5, t+52] is defined following Da, Engelberg and Gao (2011).
As stated in Da et al. (2011), the main motivation is to eliminate the effects of
underwriters’ attempts for stabilizing price as the market maker during the first four

weeks following the IPO.

The following model is constructed to observe how the pre-IPO active and passive
investor attention measures AGSV and News affect the stock’s subsequent liquidity
after the IPO date:

liquidity = f (AGSV, News, total assets, age, underwriter reputation,

(6)

first — day return, long — run return, post — IPO sector return)

Regarding the active and passive attention measures, a positive influence on
company’s post-IPO liquidity is expected. As already discussed, stocks with high
pre-IPO investor attention are likely to retain this attention leading to greater levels
of liquidity following the IPO.

In this model, other variables such as the logarithm of the size of the company prior
to the IPO (log(total assets)), the logarithm of the company age at the time of the
IPO (log(age)) and the underwriter reputation are also controlled. These control
variables are defined as before and are expected to affect the amount of attention
directed to a particular stock influencing its liquidity.

Larger companies are likely to attract more investor attention as their probability to
be known and recognized by individual investors is higher. Thus, the expected
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relationship between company size and post-IPO liquidity is positive. However, as
discussed in the previous section, it should be noted that Figure 3.3 in section 3.3
illustrates findings which are not consistent with the expectations. Thus the

empirical estimations should be further analyzed.

Similarly, older companies have more time to capture investors’ attention. Hence,
the age variable is expected to be positively related to the IPO stock’s subsequent
liquidity. Likewise, a positive relationship between underwriter reputation and
liquidity is expected since an IPO brought to the market by a more reputable
underwriter is expected to have a greater likelihood to be noticed and traded by

retail investors (Liu et al., 2014).

IPO first trading day returns as described in Equation (4) are also controlled for in
the model. From the attention perspective, companies with high initial returns are
likely to continue to capture retail investors' attention and experience higher levels
of trading. Thus, this variable is expected to have a positive influence on the IPO

stock’s subsequent liquidity.

Another firm-level control variable is the post-IPO cumulative return, long-run
return, of the IPO company during the [t+5, t+52] window:

long —runreturn = [(1 4+ 7p45)(1 + 7o) (1 +7047) o (1 + Tr452)] - 1 @)

In Equation (7), re+s to rus2 are the weekly returns calculated according to the
closing price of the IPO company on each Friday through the period of [t+5, t+52],
where week t is the week of the IPO. A positive relationship is expected between

long-run return of the company and stock liquidity after the issuance of the IPO.

Post-IPO cumulative sector return (post-1PO sector return) is also controlled for in
the model. Post-1PO sector return is calculated cumulatively for the IPO company's
sector index during the weekly period of [t+5, t+52] and based on the Friday closing
prices. The general trend within the company’s sector is likely to influence the IPO

company’s probability to be traded and hence experience greater liquidity. Thus,
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this industry-level characteristic is expected to be positively related to the stock’s
liquidity after the IPO.

4.2.2. Model for the Long-run Return Effect

Long-run underperformance of IPOs has been well-studied in the IPO literature
(Ritter, 1991; Ljungqvist, 1997; Da et al., 2011). These studies document that IPOs
having positive short-run returns generally experience negative returns in the long-
run as they are subjected to greater levels of underpricing. This section of the
analysis concentrates on observing whether and how pre-IPO individual investor

attention is related to the performance of the IPO stocks in the long-run.

In order to formalize the analysis, the following model is adopted:

long — run return
= f (AGSV,News, first — day return, total assets, age, of fer size, 8)

underwriter reputation, post — IPO sector return)

In Equation (8), all variables are defined as before.

The independent variables of IPO first day return, first-day return, and the pre-1PO
passive and active individual investor attention measures, News and AGSV, are the
main focus points of the model. The influence of these variables on the long-run
IPO returns is open to discussion. This relationship can be approached from two
different aspects. From the attention point of view, a positive relationship can be
expected since IPO companies experiencing high initial returns and/or attracting
greater levels of investor attention prior to the IPO are likely to continue to capture
investor attention, be subject to greater levels of trading and may experience higher
returns in the long-run. On the other hand, from the classical point of view IPO
companies with higher first day returns are likely to experience price reversals in the
long-run due to the declining demand. Greater levels of pre-IPO investor attention
also contribute to the buying pressure at the IPO date and increase the likelihood of
long-run price reversions. For further analysis of the nature of the relationship

between these independent variables and long-run IPO performance, following Da
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et al. (2011), the interaction of attention measures with the IPO first day return is

also controlled for in the model.

Some firm-level characteristics such as the logarithm of the age of the company
(log(age)) and the logarithm of the company’s total assets prior to the IPO (log(total
assets)) are also controlled for in the model. As discussed in the previous sections,
larger and older firms are more likely to grab individual investors’ attention. Stocks
of these firms have a greater likelihood of being involved in trading activity, which
also affects IPO returns both in the short- and long-run. Thus, these firm-level
variables are expected to be positively related to the long-run price performance of
IPO companies. At this point, findings in Figure 3.3 of section 3.3 should be
remembered. As explained before, this figure shows that smaller firms attract more
investor attention contrary to the expectations. Thus, results of empirical analysis
should be further examined.

Another control variable is the logarithm of the IPO offering size (log(offer size)).
From the attention perspective, companies with higher offer size have a greater
likelihood of being noticed and subjected to trading. Thus, the offer size variable is

expected to have a positive influence on the long-run return of the IPO companies.

Underwriter reputation is also controlled for in the model. As discussed in section
4.1, more reputable underwriters underprice to a lesser degree, avoiding extreme
price reversals in the long-run. Also, in order to maintain their reputation, these
underwriters select companies which are likely to be successful in the long-run and
bring mostly such companies’ issues to the market (Carter, Dark and Singh, 1998).
Consistent with this general intuition, companies which are brought to the market by
reputable underwriters are also more likely to capture individual investors’ attention
and experience higher long-run returns. Thus, this reputation variable is expected to
be positively related to the long-run performance of the IPO. For further analysis,
the interaction of this reputation variable with the active and passive attention

measures is also controlled.
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A sector-level variable, namely post-IPO sector return, which is described in
section 4.2.1, is also controlled for in the model. This variable is expected to affect
long-run performance of the IPO positively, since the general trends within an

industry also influence the performance of individual companies belonging to that
sector in a parallel manner.
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CHAPTER 5

EMPIRICAL RESULTS AND DISCUSSION

5.1. Descriptive Statistics

Table 5.1 summarizes the descriptive statistics for the main variables of interest in
the study. These variables are used to characterize the attention measures, IPO firms

and their corresponding short- and long-run returns within the sample.

The descriptive statistics for all the variables in the table -except for the active
attention measure, AGSV- are calculated for the 145 IPOs in the sample. AGSV
summary statistics are calculated over the sample of 103 IPOs, since 42 companies
are excluded due to missing GSV values or having names with multiple and/or

generic meanings in Turkish as explained in the previous sections.

Average AGSV and News values in Table 5.1 show that IPOs in the sample are quite
attractive in terms of retail investors’ active and passive attention. Mean AGSV
value of 0.71 indicates that an average IPO captures approximately 5 times® more
investor attention during the IPO month when compared to the previous 2 months.
Also, mean News measure of 1.80 illustrates that approximately 90% of news
articles (see Equation (1)) about an average IPO company are published during the

1-month period prior to the IPO date.

The average age of 14.10 shows that the IPO companies in the sample are relatively
younger companies. Table 5.1 also reports that IPO firms in the sample experience
average initial and long-run returns of 4.64% and 3.02%, respectively.

15 When calculating the AGSV, the common logarithm with base 10 is used. AGSV is defined as
l0g(GSVm/(Avg(GSVm1, GSVm.2)) in Equation (2), where month m is the month of the IPO.
Therefore, when mean AGSV value is calculated as 0.71, 10°7 defines approximately how much
more attention is attracted during the IPO month when compared to the median value of the previous
2 months.
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The skewness and kurtosis values presented in Table 5.1 reveal that the data have
considerable deviations from being normally distributed. Skewness scores range
from -2.81 to 9.36, while none of the variables has 0 skewness (which would be
indicative of normality). Also, findings illustrated in Table 5.1 suggest that all
variables except for AGSV have heavy-tailed distributions with positive kurtosis,
whereas AGSV has a thin-tailed distribution with a negative kurtosis value. As a
result, for the empirical analyses the Generalized Method of Moments (GMM)
method is implemented as it does not require the data series to be normally
distributed. In the following section, instead of linear regression, the GMM
approach is adopted with an objective function using two stage least squares (2SLS)

methodology.

For further analysis, correlations between the variables are calculated as well.
Findings reveal that these correlations are usually very low. Results are reported in
Appendix C.

5.2. Estimation Results

5.2.1. Short-term Effects of Investor Attention

In this part of the study, the analysis in section 4.1 is formalized. The model in
Equation (3) is examined empirically by adopting a GMM approach with an
objective function using 2SLS.

Table 5.2 shows the estimation results. In models 1 and 2, it is aimed to isolate the
respective effects of active and passive attention measures on initial IPO returns.
Results of these estimations illustrate that contrary to the expectations, neither the
AGSV -as an active attention measure- nor the News -as a proxy for investors’
passive attention- variables affect the IPO first trading day returns on a standalone

basis.
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Table 5.1. Descriptive Statistics

This table presents summary statistics for the main variables of interest. The sample includes 145
IPOs that took place from 2005 to 2015 in Borsa Istanbul. The statistics for AGSV are calculated over
a subsample of 103 IPOs, excluding 42 firms with missing GSV values or having names with
multiple and/or generic meanings. Mean, median, standard deviation, minimum and maximum values
for offer size and total assets are presented in millions.

Std . Skew-

Mean Median Min Max Kurtosis
Dev ness
AGSV 0.71 0.30 0.81 -1.12 2.00 0.60 -1.08
News 1.80 2.00 0.46 0.00 2.00 -2.81 7.68
Age 14.10 12.53 11.81 0.18 72.97 1.90 6.31
First-day return 4.64% 2.08% 0.14 -69.71%  75.85% -0.47 10.38

First-day sector return ~ 0.10%  0.23% 1.73 -7.13% 4.44% -0.51 2.35
Long-run return 3.02% -11.78% 0.60 -84.16% 363.96%  2.85 12.07

Long-run sector return  10.98%  7.52% 0.26 -56.60%  139.35% 1.21 4.68

Turnover 0.74 0.35 1.21 0.01 9.42 4.17 22.43
Offer size 110.42 18.08 316.77 1.35 2,498.00 6.04 41.40
Total assets 676.16 4445  3,122.56 1.06 34,42469 9.36 97.44

In models 3 and 4, while including active and passive attention variables separately,
it is also controlled for the IPO characteristics and other variables which are
expected to be related with IPO initial returns. None of the attention variables and

none of the control variables have a significant influence on IPO first-day return.

Finally, in model 5, GMM estimation is run with both attention measures and all
control variables. Results again reveal that none of the variables included in the
model is statistically significant. Contrary to the expectations, investors’ pre-IPO

attention does not seem to affect the initial IPO returns in the sample.
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Table 5.2. Pre-1PO Retail Investor Attention and IPO Initial Returns

This table reports the estimation results of the following equation:

first-day return
= f(AGSV, News, total assets, age, offer size, past sector return, underwriter reputation)

The dependent variable is the IPO first-day return, first-day return, defined as the single-day return
of the IPO calculated from its offer price and first trading day closing price. AGSV is the active
attention measure calculated from the Google search volume data. News is the passive attention
measure calculated from the number of articles/reports gathered from various news and public
disclosure platforms covered by Finnet's News Analysis database. Total assets are obtained from the
IPO company’s last available annual balance sheet prior to its IPO. Age is defined as the number of
years between the foundation of the IPO company and its IPO date. Offer size is equal to the offer
price times the number of shares issued for the IPO. Past sector return is defined as the cumulative
return of the IPO company's sector index during the 4-week period prior to the date of the IPO.
Underwriter reputation is calculated as the share of the IPO's lead underwriter in the total amount of
IPOs conducted on Borsa Istanbul until the time of the IPO in question. The sample period is from
2005 to 2015. The sample covers 145 IPOs that took place during this period. While performing
analyses related to AGSV, 42 of these IPOs are excluded due to missing GSV values or having names
with multiple/generic meanings in the Turkish language. Numbers below the coefficients are p-
values. Bold figures followed by *, ** *** indicate significance at the 10%, 5% and 1% level,
respectively.

Dependent Variable: IPO first day return

1) ) ®) (4) Q)
AGSV 0.0134 0.0174 0.0177
(0.4810) (0.3760) (0.3709)
News -0.0244 -0.0269 -0.0128
(0.3313) (0.3009) (0.7247)
Log(total assets) 0.0396 0.0346 0.0367
(0.2918) (0.2417) (0.3408)
Log(age) -0.0235 -0.0299 -0.0225
(0.5729) (0.2400) (0.5918)
Log(offer size) -0.0136 -0.0221 -0.0106
(0.7685) (0.5365) (0.8220)
Past sector return 0.1034 0.0884 0.1144
(0.6359) (0.5887) (0.6057)
Underwriter reputation -0.0012 -0.0012 -0.0013
(0.3374) (0.2299) (0.3140)
Constant 0.0305 0.0902* -0.1541 0.0214 -0.1315
(0.1352) (0.0540) (0.4577) (0.8873) (0.5462)
Observations 103 145 103 145 103
R? 0.49% 0.66% 3.37% 3.45% 3.50%
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5.2.2. Long-term Effects of Investor Attention

5.2.2.1. Liquidity Effects

In this section, an empirical analysis is carried out in order to test the model in
Equation (6) by implementing GMM with 2SLS. Estimation results are reported in
Table 5.3.

In models 1 and 2, it is aimed to separately observe the respective effects of pre-IPO
attention measures -AGSV and News- on subsequent stock liquidity after the IPO.
Model 1 results show that AGSV has a statistically significant influence on post-1PO
liquidity. The coefficient for AGSV is reported as 0.1804. This indicates that when
there is a 1 percent increase (decrease) in the pre-IPO active attention measure, the
subsequent stock liquidity increases (decreases) by 0.1804 percent. In model 2,
contrary to the expectations the passive attention variable appears to be statistically
insignificant. These results indicate that on a standalone basis an IPO stock's long-
run liquidity is influenced by only the active attention paid by investors before the
IPO date.

In model 3 where all control variables are included alongside the active attention
variable, AGSV is still statistically significant at the 5% alpha level. In this model,
the first trading day IPO returns are significant. The coefficient estimate indicates
that when there is a 1 percent increase (decrease) in IPO first-day return, post-IPO
liquidity increases (decreases) by 0.7859 percent. This reported positive relationship
is consistent with the expectations as explained in section 4.2.1. In model 3, another
statistically significant variable is the logarithm of the company's total assets prior
to the IPO date. However, contrary to the expectations, smaller, not larger, IPO

firms seem to enjoy higher long-run liquidity.

In model 4, this time the pre-IPO passive attention measure, News is included in the
model along with the control variables. In this model, surprisingly, the passive
attention measure becomes significant with a negative coefficient. The parameter

estimate shows that a 1 percent increase (decrease) in passive attention is associated
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with a 0.1676 percent decrease (increase) in liquidity. The first trading day return

and size are significant with similar coefficient estimates as model 3.

Finally, the model is run by including both attention measures and all other control
variables. Results are shown in column 5 of Table 5.3. Consistent with the
expectations, the active attention measure AGSV is still statistically significant at the
5% level and has a strong positive influence on long-run liquidity. Interestingly, the
passive attention measure is no longer significant. In line with the previous findings,
IPO first-day return and total assets variables are significant with similar coefficient

estimates.

5.2.2.2. Long-run Return Effects

In this part of the study, in order to formalize the analysis regarding how pre-IPO
retail investor attention affects the long-run performance of the IPO stocks, the
model in Equation (8) is tested with a GMM approach.

As already discussed in section 4.2.2, the expectations regarding the standalone
impact of pre-IPO investor attention and first-day IPO returns on long-run
performance of IPOs are unclear. The attention variables are likely to interact with
first-day return when influencing the IPO returns in the long-run. Thus, the analysis
in this section is performed to include interaction terms between the attention

measures and the first trading day return variable. Table 5.4 illustrates the results.

In the first model no interaction terms are included. Results in column 1 of Table 5.4
indicate that passive attention, namely News, has a statistically significant and
negative effect on long-run IPO performance whereas the AGSV variable appears to
be statistically insignificant. The coefficient of the News variable shows that when
there is a 1 percent increase (decrease) in the passive attention measure, the long-run

performance decreases (increases) by 0.3388 percent.
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Table 5.3. Pre-1PO Retail Investor Attention and Post-1PO Stock Liquidity

This table reports the estimation results of the following equation:

liquidity= f (AGSV, News, total assets, age, underwriter reputation, first-day return,
long-run return, post-IPO sector return)

The dependent variable is the IPO stock’s long-term post-1PO liquidity defined as the logarithm of
the turnover ratio. Turnover ratio is the mean post-1PO trading volume of the company divided by
number of shares outstanding by the end of the week [t+52], where week t is the week the company’s
IPO takes place. AGSV is the active attention measure calculated from the Google search volume
data. News is the passive attention measure calculated from the number of articles/reports gathered
from various news and public disclosure platforms covered by Finnet's News Analysis database.
Total assets are obtained from the IPO company’s last available annual balance sheet prior to its IPO.
Age is defined as the number of years between the foundation of the IPO company and its IPO date.
Underwriter reputation is calculated as the share of the IPO's lead underwriter in the total amount of
IPOs conducted on Borsa Istanbul from 1990 until the time of the IPO in question. First-day return is
defined as the single-day return of the IPO calculated from its offer price and first trading day closing
price. Long-run return is the post-IPO cumulative return calculated from the weekly returns during
the period of [t+5, t+52]. Post-1PO sector return is calculated cumulatively from weekly returns for
the IPO company's sector index during the period of [t+5, t+52]. The sample period is from 2005 to
2015. The sample covers 145 IPOs that took place during this period. While performing analyses
related to AGSV, 42 of these IPOs are excluded due to missing GSV values or having names with
multiple/generic meanings in the Turkish language. Numbers below the coefficients are p-values.
Bold figures followed by *, **, *** indicate significance at the 10%, 5% and 1% level, respectively.

Dependent Variable: Turnover Ratio

1) ) ®) (4) (®)
AGSV 0.1804*** 0.1157** 0.1193**
(0.0072) (0.0441) (0.0378)
News -0.0873 -0.1676* -0.1287
(0.4270) (0.0672) (0.2212)
Log(total assets) -0.3436*** -0.3641*** -0.3543***
(< 0.0001) (<0.0001) (< 0.0001)
Log(age) 0.0465 -0.0846 0.0500
(0.6822) (0.3310) (0.6593)
Underwriter reputation -0.0029 -0.0039 -0.0036
(0.3984) (0.2257) (0.2927)
First-day return 0.7859*** 0.8135*** 0.7837***
(0.0097) (0.0074) (0.0097)
Long-run return 0.0150 -0.0869 -0.0066
(0.8572) (0.2202) (0.9375)
Post-1PO sector return -0.0727 -0.1342 -0.0806
(0.6598) (0.4072) (0.6252)
Constant -0.6830*** -0.3425* 2.0328*** 2.7290*** 2.3486***
(< 0.0001) (0.0942) (0.0001) (<0.0001) (0.0001)
Observations 103 145 103 145 103
R? 6.94% 0.44% 37.65% 38.15% 38.64%
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In model 2, the analysis is repeated including the interaction term between AGSV
and first-day IPO return. Results indicate that the News variable retains its statistical
significance at the 5% level. The passive attention proxy is again reported to have a
negative influence on long-run IPO performance. When the active attention
measure’s results are examined, it is observed that AGSV is not significant on a
standalone basis. However, its interaction term with the first-day return is
statistically significant and negative at the 5% level. In order to interpret the
interaction term's coefficient, one should consider the partial derivative of model 2
with respect to the AGSV variable. The partial derivative would include the
coefficients of the AGSV variable and its interaction term with the first-day return.
Since the AGSV coefficient is insignificant, the significant interaction term suggests
that for a given level of the pre-IPO active attention, higher first trading returns are
associated with lower long-term IPO returns. In model 2, initial IPO returns are
significant on a standalone basis as well. Inconsistent with the traditional IPO
literature, the first-day return is reported to have a positive influence on long-run
performance. The effect of the first-day return also should be considered in
combination with its interaction term with AGSV. The partial derivative of model 2
with respect to the first-day return variable includes the coefficients of the first-day
return variable and its interaction term. Since the interaction term has a negative
coefficient and the first-day return has a positive coefficient, the two effects cancel
each other out to some extent. The magnitude of the negative coefficient is larger,
and therefore, even though the first-day return seems to have a positive effect on its
own, the combined effect on the long-run return of IPO firms is negative®®. In
addition, the combined effect is negative at the mean values for the first-day return
and the AGSV variables.

The interaction term between News and IPO first-day return is included in model 3.

Reported results reveal that both attention measures are insignificant while the

16 In results not reported, for each partial derivative of models 2 through 4 with respect to the
attention, first-day return and underwriter reputation variables, a Wald test is conducted in order to
test the significance of the sum of the coefficients that remain in the partial derivatives. All Wald
tests are statistically significant.
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interaction term between News and IPO first-day return is significant and negative.
This is similar to the findings in model 2 and should be interpreted in a parallel
fashion. Since the News coefficient is insignificant, the significant interaction term
suggests that for a given level of the pre-IPO passive attention, higher first trading
day returns are associated with lower long-term IPO returns. In addition, the first-
day return has a significant and positive coefficient. Once again, since the
interaction term has a negative coefficient and the first-day return has a positive
coefficient, the two effects cancel each other out to some extent. The magnitude of
the negative coefficient is smaller this time, and therefore, since the first-day return
seems to have a large positive effect on its own, the combined effect on the long-run
return of IPO firms is positive as well. Once again, the combined effect is positive
at the mean values for the first-day return and the News variables Furthermore, in
model 3, the interaction term between the News and underwriter reputation
variables is significant and positive. Since neither of the variables is significant on a
standalone basis, the positive coefficient of the interaction term implies that for a
given level of pre-IPO passive attention, a higher underwriter reputation is

associated with higher long-term returns.

In model 4, all variables from models 2 and 3 are included. Results are very similar
to the previous findings with the exception that the standalone News variable and the
interaction between News and underwriter reputation are no longer significant. A
comparison of the magnitude of the positive coefficient for the first-day return
versus the magnitudes of the negative coefficients for both of the interaction terms
implies that a higher first-day return is associated with higher long-term IPO
returns. Consistent with this interpretation, the combined effect is positive at the

mean values for the underwriter reputation and the News variables.
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Table 5.4. Pre-1PO Retail Investor Attention and Post-1PO Stock Performance

This table reports the estimation results of the following equation:

long-run return=f (AGSV, News, first-day return, total assets, age, offer size,
underwriter reputation, post-IPO sector return)

The dependent variable long-run return is the cumulative post-IPO return which is calculated from
the weekly returns during the period of [t+5, t+52], where week t is week company’s PO took place.
The weekly returns used in this calculation are obtained from the closing price of the IPO company
on each Friday from week 5 to week 52 following the IPO date. AGSV is the active attention measure
calculated from the Google search volume data. News is the passive attention measure calculated
from the number of articles/reports gathered from various news and public disclosure platforms
covered by Finnet's News Analysis database. First-day return is defined as the single-day return of
the IPO calculated from its offer price and first trading day closing price. Total assets are obtained
from the IPO company’s last available annual balance sheet prior to its [PO. Age is defined as the
number of years between the foundation of the IPO company and its IPO date. Offer size is equal to
the offer price times the number of shares issued for the IPO. Underwriter reputation is calculated as
the share of the IPO's lead underwriter in the total amount of IPOs conducted on Borsa Istanbul from
1990 until the time of the IPO in question. Post-1PO sector return is calculated cumulatively from
weekly returns for the IPO company's sector index during the period of [t+5, t+52]. The sample
period is from 2005 to 2015. The sample covers 145 IPOs that took place during this period. While
performing analyses related to AGSV, 42 of these IPOs are excluded due to missing GSV values or
having names with multiple/generic meanings in the Turkish language. Numbers below the
coefficients are p-values. Bold figures followed by *, **, *** indicate significance at the 10%, 5%
and 1% level, respectively.

Dependent Variable: Long-run IPO Return

1) ) ®) (4)
AGSV -0.0359 0.0638 0.0203 0.0876
(0.6155) (0.4341) (0.7694) (0.2642)
AGSV x First-day return -1.5598** -1.1485*
(0.0194) (0.0765)
News -0.3388** -0.2740** -0.0585 -0.0412
(0.0141) (0.0449) (0.6992) (0.7836)
News x First-day return -3.8989*** -3.4774***
(0.0007) (0.0027)
First-day return 0.4089 1.0450** 7.7757*** T.4477%**
(0.2613) (0.0204) (0.0005) (0.0007)
Log(total assets) -0.1383 -0.1549 -0.1514 -0.1622
(0.3248) (0.2594) (0.2542) (0.2172)
Log(age) 0.0031 0.0664 0.0199 0.0647
(0.9833) (0.6551) (0.8882) (0.6492)
Log(offer size) 0.0094 0.0244 -0.0029 0.0094
(0.9578) (0.8886) (0.9863) (0.9548)
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Table 5.4 (continued)

Dependent Variable: Long-run IPO Return

1) (2 3) 4)
Underwriter reputation -0.0085 -0.0061 -0.0026 -0.0014
(0.2986) (0.4467) (0.7445) (0.8526)
AGSV x U. Reputation -0.0007 <0.0001 -0.0073 -0.006
(0.9083) (0.9924) (0.2256) (0.3137)
News x U. Reputation 0.0080 0.0067 0.0107* 0.0094
(0.1907) (0.2659) (0.0676) (0.1054)
Post-1PO sector return 0.2914 0.2472 0.2137 0.1896
(0.1536) (0.2161) (0.2699) (0.3228)
Constant 1.6423** 1.4424** 1.2354 1.1323
(0.0487) (0.0769) (0.1189) (0.1489)

Observations 103 103 103 103
R? 12.68% 17.79% 22.98% 25.64%

5.3. Discussion of results

In this part of the study, the findings reported in section 5.2 will be further discussed
and evaluated.

Regarding the impact of pre-IPO investor attention on short-run returns, as
illustrated in Table 5.2, none of the variables included in the model is statistically
significant. Contrary to the expectations, the results of the empirical analyses reveal
that neither the active attention measure, (AGSV) nor the passive attention variable
(News) is significantly associated with the IPO first trading day returns. This result
also contradicts with some of the findings reported in the IPO literature. Reese
(1998), Liu et al. (2009) and Da, Engelberg and Gao (2011) report that pre-IPO
investor attention positively influences the extreme returns observed during the first

day of trading.

These unexpected findings may be explained by the development level of the
Turkish stock market. In an emerging market, where market efficiency is low,

information acquisition and processing is highly costly. Therefore retail investors
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are more than likely to gather information via low-cost information sources such as
the Internet and various news and public disclosure platforms. Additionally, when
compared to the developed markets, the number of IPOs is much smaller in an
emerging market like Turkey. For instance, during the sample period from 2005 to
2015 only 146 IPOs took place in BIST whereas the U.S. market had 1786 IPOs.
When IPOs with their attention-grabbing nature are few in number, their likelihood
of capturing individual investors’ attention may increase even further. Thus, it may
be expected that since Turkish retail investors pay attention to all of the IPOs taking
place in BIST, pre-IPO investor attention does not seem to have a discriminating

impact on short-run IPO returns.

At this point, the findings reported in Fang, Jiang and Qian (2014) should also be
discussed. This study investigates how retail investors’ attention affects stock
returns in China’s emerging stock market. Unlike this thesis study’s results, the
Fang et al. study’s findings provide evidence that high individual investor attention
prior to the IPO is associated with high initial returns. Although ChiNext is also an
emerging market, these reported results are not in line with ours. BIST and ChiNext
may be compared to explain the difference in the results. During an approximately
2-year period from October 2009 to December 2011, 281 IPOs took place in
ChiNext market. This number is nearly twice as much as the 146 IPOs that occurred
in BIST during an 11-year period from 2005 to 2015. Since they are fewer in
number, all IPOs in the Turkish stock market are likely to grab attention whereas not
all of the more frequent IPO events in the ChiNext market may be received with the
same level of enthusiasm. In addition, it should be stated that although both the
Turkish and Chinese stocks markets are categorized as emerging, the latter is the
largest emerging market in the world. The Chinese market, with its constantly
improving information system, makes large amounts of information publicly
available (Fang et al., 2014). In this sense, it may be that BIST has lower market
efficiency and Turkish individual investors are more likely to allocate attention

using less expensive sources of gathering information
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In the second part of the discussion, the results illustrated in Table 5.3 regarding the
impact of pre-IPO investor attention on subsequent stock liquidity are interpreted.
Models 1 and 2 reveal that on a standalone basis only the pre-IPO active attention
(AGSV) is significantly related to post-IPO long-run liquidity although both
measures are expected to have a positive effect. When the third and fourth models
are analyzed, findings are again surprising regarding the passive attention measure,
News. When control variables are included and the model is run as two separate
estimations with one attention measure in each, it is observed that AGSV has a
statistically significant positive influence on subsequent liquidity, whereas News has
a negative impact at the 10% level. Liu, Sherman and Zhang (2014) view post-IPO
liquidity as a proxy for long-term attention. In this context, it is not surprising to
find that higher levels of pre-IPO active attention are associated with higher levels
of post-IPO (long-term) attention since investors seem to continue to trade stocks
with which they are familiar. Surprisingly, stocks with high media coverage (passive
attention) during the pre-IPO period seem to have a decline in their long-term
attention (liquidity) during the post-1PO period. This may reflect a temporary shift in
the demand curve as argued in Gao and Ritter (2010). The pre-IPO media coverage
may create a "fad" phase in the market regarding the demand for the stock and the
negative coefficient in model 4 may be a reflection of the fad dying out in the long-

run.

In the fifth and final estimation, all control variables and both of the attention
measures are included in the model. Results of model 5 show that AGSV retains it
significant coefficient, while News loses its significance. AGSV has a positive
influence on subsequent stock liquidity in line with the expectations. These results
can be interpreted regarding the nature of attention in terms of whether it is active or
passive. AGSV is an active attention measure, whereas News is a passive one. When
retail investors search for a company on Google, they are evidently directing their
attention to that particular stock. On the other hand, investors do not have a direct
influence when constructing the passive attention measure, News. They simply

allocate their attention among news articles which are already presented to them via
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various news and disclosure platforms. In this regard, individual investors are more
likely to engage in trading stocks to which they direct their active attention and
contribute to increasing their subsequent liquidity. Thus, only the AGSV measure

has a statistically significant impact on long-run stock liquidity.

When the results regarding the control variables are examined in Table 5.3, it is
observed that IPO first-day return has a positive influence on subsequent stock
liquidity in line with the expectations. In all three of the estimations in which first-
day return is included as a control variable, it is seen that it has a statistical
significance at the 1% level indicating its considerable influence on long-term
liquidity. IPOs with high first trading day returns are more likely to keep capturing
individual investors’ attention and be subject to greater levels of trading. Hence, IPO
companies with high (low) initial returns experience greater (less) stock liquidity
following the IPO in the long-run.

Another statistically significant control variable reported in Table 5.3 is the
company size. Findings regarding this right-hand side variable are inconsistent with
the expectations. From the attention perspective, large companies are primarily
expected to attract higher levels of investor attention both in the short- and long-run.
Large IPO companies’ stocks capturing higher investor attention are more likely to
be subject to greater amounts of trading and should experience higher levels of
subsequent liquidity. However, findings reported in Table 5.3 do not confirm these
expectations. Results show that company size, represented by the logarithm of the
total assets prior to the IPO, has a strong negative influence on subsequent liquidity
at the 1% level. Small (large) IPO companies experience greater (less) subsequent
stock liquidity following the IPO issuance. At this point, it can be referred back to
Figure 3.3, which shows that smaller companies attract higher individual investor
attention prior to the IPO. In line with the findings in this figure, these small IPO
companies capturing greater amounts of pre-IPO investor attention are likely to
retain this attention level since investors have a tendency to select stocks with which
they are already familiar. As a result, smaller companies experience greater levels of
trading and higher subsequent liquidity.
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In the final part of the discussion, it is continued with the results reported in Table
5.4 regarding how pre-IPO investor attention affects IPO returns in the long-run. As
already discussed in previous sections, the attention variables are very likely to
interact with IPO first-day return. Hence, in the estimations in Table 5.4, it is also
concentrated on the interaction terms between attention measures and initial returns.
In Model 1, where both interaction terms are excluded, only the passive attention
measure, News, is reported to predict long-run IPO returns. In his 1987 study,
Merton argues that if investors mostly trade stocks with which they are familiar,
then when stocks receive higher (active) attention, their demand curves will likely
shift outward, resulting in higher stock values and thus lower returns. Passive
attention paid to stocks may be another reason why the demand curve shifts outward
or it may be just a reflection of the shift itself. If companies attracting high investor
attention prior to the IPO date experience such a shift in their demand curves, then
they are also likely to experience greater price reversals that may come following

the buying pressure resulting from increased pre-1PO attention.

When the coefficients for the interaction terms between the attention measures and
the first-day return variables in Models 3 and 4 are analyzed together, it is seen that
although the price pressure coming from higher investor attention seems to result in
lower long-term returns, the first-day return's positive influence on long-term
returns is generally larger. This finding implies that if a higher first-day return is
indicative of a company with favorable long-term prospects, then it is not surprising

to find this company performing well in the long-run as well.

Findings in Models 3 and 4 regarding the influence of the interaction term between
News and underwriter reputation are also intriguing. In model 3, this interaction
term has a positive influence on long-run performance at the 10% level, whereas it
continues to be marginally significant in model 4. These results reveal that for a
given level of pre-IPO attention, IPO companies that are underwritten by reputable
underwriters experience greater returns in the long-run. This finding implies that
investment banks with better reputation prefer underwriting IPO companies that are
believed to be successful in the long-run.
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To summarize, the analyses of IPO stocks in the sample report three interesting
empirical findings. First, surprisingly, no statistically significant result is found
regarding the effects of pre-IPO investor attention on short-run returns. Second, the
active attention measure, AGSV, is significantly associated with subsequent liquidity
in the long-run. This result is consistent with the Liu et al. (2014) study in terms of
investor attention. Finally, in the long-run, it is seen that although the price pressure
coming from higher investor attention seems to result in lower long-term returns, the
first-day return's positive influence on long-term returns is generally larger. The
result regarding price pressure is consistent with the findings reported in Da et al.
(2011).
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CHAPTER 6

CONCLUSION

In this thesis, the relationship between pre-IPO investor attention and IPO returns in
the short- and long-run are analyzed for Borsa Istanbul. A further analysis is also
carried out to observe the persistence of pre-IPO investor attention as evidenced by
the stock’s post-IPO liquidity. To the best of my knowledge, this is the first study
that aims to observe how investor attention prior to the IPO event influences short-
and long-run returns and post-1PO liquidity in the emerging stock market of Turkey.
Previous research in the literature provides evidence that increased investor attention
prior to the IPO leads to higher first-day returns and greater long-run
underperformance in the developed U.S. market. The IPO literature also documents
that higher levels of pre-IPO investor attention result in greater subsequent stock
liquidity in the U.S. An earlier study also reports similar results regarding short- and
long-run returns in the emerging stock market of China. However, these results may
not be expected in such a young and emerging market like Turkey’s where market
efficiency is low, involvement of individual investors is extremely high and number
of IPOs is quite few. As a result, empirical analyses have to be carried out to

observe the results in BIST.

In this study, main focus is on individual investors since trading volume in the
Turkish stock market is mainly generated by domestic retail investors (Fung et al.,
2015). Following Ding and Hou (2015), two attention measures are constructed to
measure the active and passive attention of investors. The passive attention measure,
namely News, is calculated for 145 companies who had their IPOs between January
2005 and December 2015. Finnet's News Analysis database is used to gather the
news articles and reports that were published in various news and public disclosure

platforms around the IPO dates.
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Following Da et al. (2011), the active attention measure, AGSV, is constructed based
on Google’s search volume (GSV) information regarding the IPO stocks. While
gathering the search volume data, a meticulous methodology is adopted in order to
isolate the searches that were carried out for investment purposes. When searching
for keywords in Google Trends, possible variations of IPO company names are
taken into consideration and some filtering is used in order to isolate the relevant
context for the searches and leave out cases such as searches for the IPO company's
products. Some filters regarding geographical location or time range are also
applied. While applying the methodology to construct the active attention measure,
42 1POs are excluded from the sample due to missing GSV values or having
company names with multiple and/or generic meanings. GSV values for the
remaining 103 [IPO companies in the subsample are downloaded from
https://www.google.com/trends. Based on the amount of the search volume, data for
the companies are reported on either on a weekly or monthly basis. As discussed in
previous sections, some conversions are applied to transform weekly data into the
monthly basis. The corresponding abnormal search volume (AGSV) measure is
calculated for each IPO company from this monthly data to capture the trend in

investors’ active attention prior to the IPO.

After the construction of the active and passive attention measures, three separate
models are estimated to empirically observe how pre-IPO investor attention
influences IPO returns and post-1PO stock liquidity. These models also include other
independent variables to control for some firm- and industry-level characteristics.
Since the sample data series exhibit serious deviations from normality, these models
are run within a GMM framework as this methodology does not have any
requirements regarding the distribution of the right-hand side variables.

The results of the short-run analysis indicate that contrary to the expectations neither

the active attention measure, AGSV, nor the passive attention variable, News, have

an influence on the first trading day IPO returns. This surprising finding is attributed

to the nature of the Turkish stock market. It is a young and emerging market where

information acquisition is costly, individual investors are highly involved and IPOs
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are quite few in number. Thus, pre-IPO investor attention loses its discriminating
power on short-run returns as all of the IPOs experience increased attention prior to
the IPO date. The results of the long-term analyses show that pre-IPO active
attention (AGSV) has a positive impact on subsequent stock liquidity, whereas the
passive attention measure is shown to have no significant effect regarding the long-
run liquidity. This finding is explained by the direct involvement of investors in the
Google search volume data used for the construction of AGSV. Since the investors
are actively searching for the company on Google, they are more likely to be
familiar with these companies during the post-IPO period as well. Results suggest
that retail investors exhibit a tendency to trade these already familiar stocks in the
long-run leading to greater subsequent stock liquidity. The final analysis results
reveal that first-day IPO returns are positively associated with long-term post-1PO
returns. At the same time, pre-1PO attention seems to exert price pressure on the first
trading day returns and this pressure later leads to lower post-IPO returns. When
both of these effects are considered together, it is observed that the positive effect of
the initial returns is generally higher compared to the negative effect of the first

trading day's price pressure.

In further discussion, the limitations of this study should be stated. First, when
compared to the developed markets, the Turkish stock market stages a very small
number of IPOs. The sample is even further restricted since Google Trends makes
search volume data available starting from 2004. Another limitation regarding the
Google Trends data is the insufficient volume of search for some of the companies.
Some IPO companies with low search volume have missing GSV values, whereas
others have only monthly data available. This makes the separation of relevant and
irrelevant searches extremely difficult since the “Related search section” which
helps identifying the search context cannot be presented on Google Trends due to
insufficient data. Some noise is also introduced when converting the weekly data
into the monthly format. The results of the analyses related to the AGSV measure
would be more precise if it were possible to work with weekly GSV values for all

companies.
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As stated by Ding and Hou (2015), this study has implications for companies which
seek to improve their level of public recognition. The findings show that by
becoming more visible on the Internet, companies can attract greater levels of
investor attention. This is especially useful for IPO companies which pursue ways of
making investors acquainted with their companies and eventually experience greater

returns and liquidity.

The results of this study contribute to the growing literature of behavioral finance.
This study further reveals that it is beneficial to use Internet search data in financial
analyses. At this point, it should be stated that this study is the first one to use
Google’s search volume data in a financial economics study about the Turkish
market. Internet search volume is a direct measure of individual investors’ attention
since it requires their active attendance. Hence, more research is required regarding
its broader applications in finance and especially in the emerging market of Turkey.
The research also can be extended to other emerging markets. These applications are

left for future research.
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Appendix C. CORRELATIONS TABLE
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Appendix D. COMPANIES IN THE INTERNET SAMPLE AND

CORRESPONDING SEARCH QUERIES
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Appendix E. TURKISH SUMMARY

1978 Nobel Ekonomi Odiilii sahibi Prof. Dr. Herbert Simon piyasalardaki bilgi akist
ile ilgili sunlar1 soyler: ...Bilginin ne tiikettigi aslinda gayet acgiktir: bilgi onu alanin
verdigi dikkati tiiketir. Dolayisiyla bilginin ¢oklugu dikkat azligi yaratir ve bu
durum da bilgiyi alanlarin dikkatlerini pek ¢ok bilgi kaynagi arasinda verimli bir

sekilde paylastirmalari geregini ortaya c¢ikartir...”

Geleneksel varlik fiyatlama modelleri piyasalarda siirekli bir bilgi akisi oldugunu ve
piyasaya ulasan yeni bilgilerin aninda fiyatlara yansitildigini varsaymaktadir. Bu
varsayimin gegerli olabilmesi i¢in yatirimcilarin dikkatlerini, degerlendirdikleri her
bir varliga yetecek bicimde paylastirmalar1 gerekir (Da, Engelberg ve Gao, 2011).
Oysa dikkat kisitli bir biligsel kaynaktir (Kahneman, 1973) ve dolayisi ile

t17

yatirnmcilarin gosterebilecekleri dikkat™® de smirlidir. Bu durumda piyasaya akan

bilgilerin aninda fiyatlara yansitilacagi varsayiminin sorgulanmasi yerinde olacaktir.

Geleneksel varlik fiyatlama modelleri bilgi akis1 a¢isindan etkin piyasalarin yani sira
yatirnmcilarin  da her zaman akilei (rasyonel) olarak davranacaklarmi da
varsaymaktadir. Bu varsayima gore yatirimcilarin tek amaci akilcr olarak verecekleri
kararlarla yatirimlardan elde ettikleri faydayr maksimize etmektir. Gorgil finans
literatiiriinde pek c¢ok caligma akilc1 davranig varsayiminin piyasalarda gézlemlenen
kimi biiylik fiyat hareketlerini agiklamakta yetersiz kaldigin1 ortaya koymaktadir.
Amerikan hisse senedi piyasasinda 1929 yilinda ya da Ekim 1987°de ya da
1990’larin sonlarinda yasanan biiyiik ¢okiisler ve hatta diizenli olarak gozlemlenen
Pazartesi ya da Ay Sonu anormallikleri gibi fiyat hareketleri hem piyasalarin bilgi
acisindan  etkin olmadigima hem de yatinmcilarin  her zaman akilci

davranmadiklarina isaret etmektedir.

Bu baglamda, gorgiil finans modelini psikolojik, sosyal, bilissel ve duygusal

faktorleri icerecek sekilde genisleten davranigsal finans, yatirnmcilarin akilel ve

17 Bu boliimiin geri kalaninda “yatinmei dikkati” ifadesi yerine “yatimmci ilgisi” ifadesi de
kullanilacaktir.
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mantikli olmayan kararlarina agiklik getirmek i¢in bir aragtirma alan1 yaratmaktadir.
1990l yillardan bu yana, davranigsal finans alan1 akademik finans tartigmalarinda
aragtirmacilarin dikkat odagi haline gelmistir. Bu kapsamda davranigsal sapmalar,
rasyonel ve mantikli karar verme cercevesi ile gelisen cesitli varlik fiyatlama
modellerinin popiiler bir aciklamasi haline gelmistir (Cornelli, Goldreich ve
Ljungqvist, 2006). Bu dogrultuda finansal aktorlerin duygusal ve hata yapmaya
egilimli olduklar1 ve tamamen akilci olmadiklart modellerin kullanilmasinin, bazi

finansal olgular1 ve anormallikleri daha iyi agiklayabilecegi iddia edilmektedir.

Finansal platformlarda akilci olmayan davranislar, yatirimcilarin duygulan ile
tetiklenmekte ve gilidiilmektedir. Baker ve Wurgler (2007) tarafindan tanimlandigi
iizere, yatirnmct duygusu "gelecekteki nakit akislar1 ve yatirim riskleri hakkinda elde
bulunan gercekler tarafindan dogru oldugu ispatlanmamis inang” tir. Literatiirde
yatirimer duygusunu 6lgmeyi ve bunun finansal ortamlardaki etkilerini belirlemeyi
amaglayan pek cok calisma bulunmaktadir. Ayrica bireysel yatirimci duygusu ile
bireysel yatirimci dikkati arasindaki pozitif iliski de literatiirde tartisilmistir. Da,
Engelberg and Gao (2011) so6z konusu pozitif iliskiyi iki temel nedene
dayandirmaktadir. Oncelikle, duygunun olusmasi igin dikkat gereklidir. Bir bireysel
yatirimeinin, yakin bir zamanda gerceklesmesi s6z konusu olan bir halka arz gibi
finansal bir olay hakkinda duygu gelistirmesi i¢in yatirnmcinin oncelikle halka arza
dikkat gostermesi gerekmektedir. Dolayisiyla, artan yatirimer ilgisinin daha giiglii
bir duyguya yol agmasi olasidir. ikinci olarak, bireysel yatirimeilarn, duygular
sebebiyle, davranigsal sapmalardan daha fazla muzdarip olma ihtimali yiiksektir. Bu
i¢ ice gecmis iliskiden dolayi, yatirimer ilgisi de yakin donem akademik literatiirde

popiiler bir konu haline gelmistir.

Yatirimer ilgisinin nasil dlgiilebilecegi konusunda literatiirde bazi g¢alismalar
bulunmaktadir. Bu ¢alismalardan bazilar1 yatirimci ilgisinin piyasada olusan ug
nokta getiriler ile (Barber ve Odean, 2008), islem hacmi ile (Gervais, Kaniel ve
Mingelgrin, 2001; Barber ve Odean, 2008; Hou, Peng ve Xiong, 2008), basin yayin
organlarinda c¢ikan haberler ile (Barber ve Odean, 2008; Yuan, 2008) ya da
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firmalarin reklam harcamalari ile (Grullon, Kanatas ve Weston, 2004; Lou, 2008,

Chemmanur ve Yan, 2009) 6l¢mektedir.

Bagka bir tartisma konusu ise yatirimci ilgisinin finansal ortamdaki etkilerinin
gozlenmesi ile ilgilidir. Bircok finansal olay arasinda, halka arzlar, bireysel
yatirimet ilgisinin etkilerini incelemek i¢in en iyi platformlardan biri olarak hizmet
etmektedir. Esasen, halka acilan firmalarin, yatirimcilarin ve medyanin ilgisini
cekmesi olduk¢a muhtemeldir. Bu dogrultuda; Da, Engelberg ve Gao (2011) da
halka arzlarin bireysel yatirimer ilgisinin etkisini gézlemlemek i¢in oldukga elverisli

bir platform teskil ettigini belirtmektedir.

Halka arzlarin hem kisa hem de uzun vadedeki performanslari halka arz
literatiiriinde bir¢ok arastirmada calisilmis ve belgelenmistir. Halka arz edilen hisse
senetlerinin genelde ¢ok yiiksek baslangig getirileri elde ettikleri ve bunu takiben
uzun vadede ise diisiik performans sergiledikleri ortaya ¢ikmaktadir (Aggarwal ve
Rivoli, 1990; Ritter, 1991; Levis, 1993; Ljungqvist,1997).

Bir¢ok arastirmaci, halka arz edilen hisselerin bu tipik kisa ve uzun donem
performanslarina davranigsal agiklamalar getirmektedir. Ritter ve Welch (2002),
halka arzlarin uzun vadeli performansini ve diisiik fiyatlandirilmasini (underpricing)
davranigsal akil yiiriitme ile agiklamanin daha uygun oldugunu belirtmektedir.
Benzer sekilde; Ljungqvist, Nanda ve Singh (2006), "halka arz anomalileri" ni
rasyonel olmayan ve duygusal yatirimcilarinin varligina baglamaktadir. Chan (2014)
ise “Dot-com balonu” doneminden kanit sunarak, bireysel yatirimcilarin asir
iyimserliginin uzun vadede halka arz edilen hisselerin yetersiz performansiyla

sonuclandigini belgelemektedir.

Da, Engelberg ve Gao (2011), yatirimcilarin, dikkatlerini ¢eken hisse senetlerini

satin alma egilimi gosterdiklerini Barber ve Odean’in arastirmasma (2008)

deginerek agiklamaktadir. Bu nedenle, halka acilmadan Once bireysel

yatirimeilardan daha ¢ok ilgi goren hisse senetleri, islem gérmeye basladiklarinda da

daha yiiksek satin alim islem hacmi deneyimleme egilimi gostermektedir. Da,

Engelberg ve Gao (2011) ayrica, halka arzlarin agiga satis (short-sell) olasiliginin
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olmamasi ve yatirimcilardan gelen talebin yiiksek diizeyde olmasi nedeniyle, halka
arz edilen hisse senetlerinin gecici olarak yiiksek ilk getiriler elde ettigini ve
ardindan ise azalan talebin uzun vadede diisiik fiyat performansina neden oldugunu

iddia etmektedir.

Halka arzlar, nitelikleri geregi, yliksek ilk giin getirileri ve uzun vadedeki diisiik
performanslari ile bireysel yatirimcilarin ilgisini gézlemlemek i¢in ideal ortamlardan
birini sunmaktadir. Halka arz literatiiriinde yatirimer ilgisinin etkilerini arastiran bir
dizi ¢alisma bulunmaktadir. Ornek olarak; Reese 1998’de yayimlanan calismasinda
yatirimet ilgisini medya ile 6lgmekte ve halka arz oncesi daha yiiksek yatirimei
ilgisine maruz kalan sirketlerin yiiksek ilk giin getirileri elde ettigini ve ayni
zamanda da kisa ve uzun vadede daha yiiksek oranlarda islem gordiiglinii ortaya
koymaktadir. Benzer sekilde, Liu, Sherman ve Zhang (2009) yatirimer ilgisini s6z
konusu halka arz ile ilgili olarak medyada ¢ikan haber sayilarindan yararlanarak
olgmekte ve halka arz Oncesi yatirimer ilgisinin disiik fiyatlandirma (underpricing)
iizerindeki etkisini gézlemlemeyi amaclamaktadir. Calismanin sonuglar1 halka arz
oncesi artan yatirimci ilgisinin diisiik fiyatlandirma seviyesini arttirdigini ve
dolayisiyla daha yiiksek ilk giin getirileri elde edilmesine yol actigini
gostermektedir. 2014 yilinda ise Liu, Sherman ve Zhang benzer bir calisma
yiriitmiis ve halka arz Oncesi artan yatirimci ilgisinin uzun vadede kalic1 etkisi
oldugunu ve halka arz sonrasi hisse senedi likiditesini olumlu yonde etkiledigini

gostermistir.

Yatinmer ilgisinin  halka arz edilen hisse senetlerinin kisa ve uzun vadeli
performanslarina etkilerini analiz eden bir diger onemli ¢alisma ise 2011'de Da,
Engelberg ve Gao tarafindan gerceklestirilmistir. Bu calismada Google Arama
Motoru, bireysel yatirimcilarin ilgisini 6lgmek amaciyla bir arag¢ olarak kullanilmig
ve ilginin seviyesi Google arama hacmi verisinden yararlanilarak yenilik¢i bir
yontemle ortaya koyulmustur. Ayrica Da, Engelberg ve Gao (2011) bu yontemin
geleneksel yontemlerin aksine direkt (aktif, dogrudan) bir ilgi dl¢iisti sagladigini da

belirtmektedir. Calismanin sonuglari, halka arz 6ncesi daha fazla yatirimc ilgisi
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ceken hisse senetlerinin daha yiiksek ilk giin getirileri elde ettigi ve uzun donemde

ise daha diistik performans sergiledigi yoniindedir.

Bu noktada; Da, Engelberg ve Gao’nun (2011) s6z konusu yenilik¢i ilgi 6l¢iisiinii
olusturmasmna imkan saglayan Internet’in sundugu hizmetler de belirtilmelidir.
Internet’in 1991°de halkin kullanimina agilmasindan sonra bilgi ediniminde yeni bir
donem baslamistir. Yaklasik 25 yil i¢inde, Internet bireylerin herhangi bir konuda
bilgiye erisme, bilgi toplama ve isleme bicimlerini tamamen degistirmistir.
Internet’in ortaya cikis1 ve gelisimi, herhangi bir alan hakkinda her zaman ve her
yerden erisilebilen biiyiik hacimlerde bilgi saglamistir. Bu durum, Rubin ve Rubin
(2010) tarafindan internet’in "bilgi otoban1 (the information superhighway)" olarak
tanimlanmasina yol agmaktadir. Giiniimiizde, bireyler neredeyse her konuda birincil

bilgi kaynag1 olarak Internet’e basvurmaktadir.

Internet’in finansal platformlarda piyasa katilimcilari arasinda da yaygmn bir
kullanim1 vardir. Kurumsal yatirimcilar ¢ogunlukla isletmeler i¢in finansal veri
hizmetleri ve hisse aligveris platformlar1 sunan terminallere basvurduklarindan,
bireysel yatirimcilar Internet’in ticari amag giiden temel kullanicilaridir (Da,
Engelberg ve Gao, 2011). Bu dogrultuda, Ding ve Hou (2015), bireysel
yatirimcilarin ticari islem faaliyetlerine (hisse senedi alim-satimina) baslamadan
once bilgi toplamak ve bu bilgiyi islemek icin Internet’i kullandiklarini ileri
siirmekte ve Internet’in bireysel yatirrmcilarin bilgi edinmesi i¢in pahali olmayan bir

yol sundugunu savunmaktadir.

Barber ve Odean (2001) Internet’in, yatirimcilara genel olarak herhangi bir araci
kuruma danigsmak zorunda kalmadan genis kapsamli bilgiye ulagabilecekleri ve
ticari kararlar verebilecekleri farkli bir platform sundugunu belirtmektedir. Cogu
zaman iigiincii bir tarafin katihmi s6z konusu olmadigindan, Internet’in bireysel
yatirimeilarin ilgisini 6lgmek i¢in iyi ve dogrudan bir vekil teskil edecegi
degerlendirilmektedir. Bu baglamda yakin zamanda ortaya koyulmus arastirmalarda
Internet aramalar1 bireysel yatirimcilarin ilgisini 6lgmek icin kullanilmaktadir. Bu

dogrultuda, Mondria, Wu ve Zhang (2010), Internet aramalarinda kullanilan
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sorgularin li¢ temel nedenden Otlirii yatirimer ilgisini O6lgmek amact ile
kullanilabilecegini belirtmektedir. ilk neden olarak Internet'in artik bilgi edinmek
icin birincil platform olarak hizmet etti§i one siiriilmektedir. Ikinci olarak,
yatirimeilar Internet arama motorlar1 aracilifi ile zaman kaybetmeden istenilen
miktarda bilgiyi elde ettikleri igin Internet’in bilgi edinmek igin en cekici arag haline
geldigi ileri siiriilmektedir. Son olarak, kullanicilarin aramalarda kullandiklari
sorgularin kullanicinin ilgi alanlarin1 dogrudan ortaya ¢ikardigr iddia edilmektedir.
Benzer sekilde, Ding ve Hou (2015), ¢evrimi¢i medyanin gazete kapsamina kiyasla
daha kolay erisilebilir ve kullanilabilir oldugunu ve dolayisiyla bireysel
yatirimcilarin, Internet kullanarak bilgi aramaya daha meyilli olduklarmi ileri

sirmektedir.

Bu dogrultuda; Da, Engelberg ve Gao’nun (2011) Internet arama hacminden
yararlanarak yenilik¢i bir yatirnmci ilgisi Olglisii olusturan calismasi finansal
ekonomiye yeni bir arastirma alan1 sunmustur. Bu calismaya atifta bulunan bir¢ok
aragtirmaci, bireysel yatirimcilarim ilgisini dlgerken Internet arama hacmi verisinden
yararlanmaktadir. Bu kapsamda yatirimci ilgisini arama hacminden yararlanarak
Olcmeyi amaglayan ve bu ilgiyle hakla arz getirileri arasindaki iliskiyi arastiran bir
diger calisma ise Fang, Jiang ve Qian (2014) tarafindan ortaya koyulmustur. Bu
calismada bireysel yatirimcilarin ilgisi Cin’deki en popiiler arama motoru olan
Baidu Arama Motoru aracilifi ile elde edilen bir endeks kullanilarak 6l¢iilmiis ve
halka arz oOncesi artan yatirimc ilgisinin ilk giin getirileri iizerinde pozitif yonde
etkili oldugu gozlenirken uzun dénem getirilerini ise negatif yonde etkiledigi ortaya
koyulmustur. Bu ¢aligma kapsaminda gelismekte olan Cin hisse senedi piyasasinda
elde edilen sonuglarin gelismis Amerikan hisse senedi piyasasi i¢in yapilan

arastirmalarda elde edilen sonuglar ile tutarl oldugu gozlenmektedir.

Bu tez ¢alismasinin amaci ise gelismekte olan Tirkiye hisse senedi piyasasinda,

sirketlerin halka arzlar1 6ncesinde, piyasalarda sirketle ilgili bilgi akisinin ne kadar

etkin bi¢imde olustugunu degerlendirerek halka arz edilen sirketlerin getirilerinin ve

halka arz sonrasi gerceklesen hisse senedi likiditesinin bu etkinligin derecesinden

nasil etkilendigini ortaya koymaktir. Bu degerlendirmeler yapilirken piyasaya sirket
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ile ilgili olarak akan bilgilerin ne kadarinin yatirimeilarin dikkatini ¢ektigine ve bilgi

akisindaki yogunlugun gosterilen ilgiyi nasil etkiledigine bakilmigtir.

Yukarida anlatilan analizlerin yapilabilmesi i¢in ilk olarak bilgi akisinin
oOlgiilebilmesi, ikinci olarak da yatirimeilarin piyasaya gelen bilgiye ne kadar ilgi
gosterdiklerinin Olciilebilmesi gerekmektedir. Bu c¢alismada piyasaya gelen bilgi
akisini 6lemek icin Finnet Haber Analiz veri tabani kullanilarak Borsa Istanbul’da
2005 — 2015 wyillar1 arasinda halka arz edilmis firmalar ile ilgili basin yaymn
organlarinda ve kamuyu aydinlatma platformlarinda ¢ikan haberler ile raporlar
derlenmistir. Haber sayilarina ek olarak yine aym1i donemde halka arz edilen
firmalarla ilgili olarak Google iizerinden yapilan anahtar sozciik aramalar ile ilgili

Google firmasinin yayinladigi Google Trends bilgileri toplanmistir.

Bu tez caligsmasinda, IPO oncesi yatirimci dikkati ile kisa ve uzun dénem halka arz
getirileri arasindaki iliski Borsa Istanbul icin analiz edilmistir. Halka arz
oncesindeki yatirnmci dikkatinin devamliligini gozlemlemek amaci ile halka arz
sonrast hisse senedi likiditesini Olgen bir bagka analiz de yapilmistir. Bilinen
kadariyla, bu ¢aligsma halka arz dncesi yatirimer ilgisinin, gelismekte olan Tiirkiye
hisse senedi piyasasinda, kisa ve uzun vadeli halka arz getirileri ile halka arz sonrasi
hisse senedi likiditesini nasil etkiledigini gozlemlemeyi hedefleyen ilk calismadir.
Literatiirdeki onceki arastirmalar, halka arz 6ncesinde yatirimci ilgisinde meydana
gelen artigin, gelismis Amerikan hisse senedi piyasasinda yiiksek ilk giin getirisine
ve uzun vadede ise diisiik performansa neden olduguna dair kanitlar sunmaktadir.
Halka arz literatiirii, halka arz 6ncesinde yatirimci ilgisinin daha yiiksek seviyelerde
seyretmesinin Amerikan hisse senedi piyasasinda halka arz sonrasindaki hisse
senedi likiditesinde artisa neden oldugunu belgelemektedir. Daha once yapilan
bagka bir arastirmada ise gelismekte olan Cin piyasasinda da kisa ve uzun vadeli
halka arz getirileri ile ilgili benzer sonuglar elde edilmistir. Bununla birlikte, piyasa
verimliligi diisiikk olan, bireysel yatirimcilarin katiliminin son derece yiiksek ve
halka arzlarin ise sayica ¢ok az oldugu Tiirkiye gibi gen¢ ve gelismekte olan bir
hisse senedi piyasasinda benzer sonuglar beklenmeyebilir. Dolayisiyla Borsa
Istanbul’daki sonuglarin gézlemlenmesi igin gorgiil (ampirik) analizler yapilmalidir.
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Bu tez calismasinda, ana odak bireysel yatirimcilardir, ¢iinkii Tiirkiye borsasindaki
islem hacmi esasen bireysel yatirimcilar tarafindan iretilmektedir (Fung, Demir,
Lau ve Chan, 2015). Ding ve Hou’nun (2015) calismasi referans alinarak bireysel
yatirimer ilgisi aktif ve pasif olmak iizere iki farkli bi¢imde Ol¢ililmiistiir.
Yatirimeilarin pasif ilgisi geleneksel yonteme uygun olarak basin ve yayin organlari
ile kamuyu aydinlatma platformlarinda halka arz edilen sirketle ilgili ¢ikan haber ve
raporlarin sayisi ile Ol¢iilmiistiir. Finnet veri tabani kullanilarak derlenen haber ve
raporlar pasif ilgiyi temsil edecek bir degisken olusturulmasinda kullanilmis olup
halka arz oncesindeki 2 ay igerisinde yayimlanan haberler dikkate alinmistir. S6z
konusu degisken olusturulurken Borsa Istanbul’da 2005-2015 yillar1 arasinda halka
arz edilmis olan 145 sirket dikkate alinmistir. Bu 145 halka arzin 118’1 Pay

Piyasasi’nda, 27’si ise Gelisen Isletmeler Piyasasi’nda gerceklesmistir.

Yatirnmcilarin aktif ilgisi ise Da, Engelberg ve Gao’nun (2011) calismas1 referans
alinarak Google arama motorunun halka arz edilen sirketle ilgili yapilan aramalar
hakkinda sagladig: istatistiklere dayanarak hesaplanmistir. Bu istatistikler Google
Trends internet sayfasindan elde edilmistir (https://www.google.com/trends/).
Google Trends tarafindan saglanan Google arama hacmi verisi yatirimcilarin aktif
ilgisini 6lgmek i¢in ii¢ temel sebebe dayanarak sec¢ilmistir (Da, Engelberg ve Gao,
2011). Ik olarak pasif élgiilerle kiyas edildiginde bu veri yatirimcilarm ilgisini daha
giincel bir sekilde 6lgmektedir. Ayrica bir yatirimer herhangi bir sirketi Google’da
aradiginda dikkatini o sirkete yonlendirdigi asikardir. Son olarak Google oldukca
yiiksek bir niifuz orani ile Tiirkiye pazarindaki en popiiler arama motorlarindan

birisidir.

Google arama hacminin yatirimeilarin aktif ilgisini 6lgmek i¢in iyi bir 6l¢ii oldugu
degerlendirilmektedir. Oyle ki Google arama hacmindeki bir artis, belitli bir terim
icin yapilan aramalarin sayisindaki artist degil s6z konusu arama teriminin
popiilaritesindeki yiikselisi temsil etmektedir. Google bu 6zelligi fiili arama hacmini

once normalize edip ardindan dizinlemek suretiyle saglamaktadir.
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Arama hacmi verilerini toplarken, yatirim amaci ile gerceklestirilen aramalar1 ayirt
etmek i¢in titiz bir yontem benimsenmistir. Google Trends iizerinde anahtar
kelimeler aranirken, halka arz edilen sirketler kapsamindaki ilgili icerigi ayirt etmek
ve sirket tirlinlerinin aranmasi gibi ilgisi olmayan durumlari hari¢ tutmak icin, halka
arz edilen sirket adlarinin olas1 varyasyonlar1 dikkate alinmis ve ayn1 zamanda bazi
filtreleme yontemleri uygulanmistir. Cografi konum veya zaman araligr ile ilgili
baz1 filtrelerden de yararlanilmigtir. Aktif dikkat Ol¢iisiinii olusturmak i¢in bu
metodoloji uygulanmis ve 42 sirket eksik Google arama hacmi verisi sebebiyle ya
da ¢oklu ve/veya genel anlamlara sahip sirket isimlerine sahip olmasi nedeniyle
orneklemin disinda tutulmustur. Alt orneklemde kalan 103 halka arz sirketi icin
Google arama hacmi degerleri https://www.google.com/trends adresinden
indirilmistir. Arama hacminin miktarina gore, sirketler i¢in veri Google tarafindan
haftalik veya aylik bazda raporlanmaktadir. Bu ¢alismada kullanilmak {izere haftalik
bazda elde edilmis olan verilerin aylik formata doniistiiriilmesi s6z konusu olmustur.
Halka arz oncesinde yatirnmcilarin aktif ilgisindeki egilimi yakalamak i¢in bu aylik

veriler kullanilmis ve halka arz edilen sirketler i¢in aktif ilgi 6l¢iisii hesaplanmistir.

Aktif ve pasif ilgi Olgiilerinin olusturulmasini takiben, halka arz Oncesi yatirimei
ilgisinin halka arz getirilerini ve halka arz sonrasi hisse senedi likiditesini nasil
etkiledigini gorgiil olarak gozlemlemek amaci ile li¢ ayr1 model olusturulmustur. Bu
modeller ayrica, baz1 firma ve endiistri 6zelliklerini kontrol etmek amaciyla ¢esitli
bagimsiz degiskenleri de icerecek sekilde tasarlanmistir. Analizlerde kullanilan veri
serileri normal dagilimdan ciddi sapmalar sergilediginden, s6z konusu modeller
bagimsiz degiskenlerin dagilimi ile ilgili herhangi bir gereksinime sahip olmayan

Genellestirilmis Momentler Metodu (GMM) gergevesinde incelenmistir.

Kisa donem analiz sonuglari, beklentilerin aksine, ne aktif ne de pasif ilgi dl¢iisiiniin
ilk islem giinii halka arz getirileri iizerinde etkili olduguna isaret etmektedir. Halka
arz Oncesi artan yatirimei ilgisinin kisa donem halka arz getirileri iizerinde bir etkisi
olmadig1 gbzlenmistir. Bu sasirtict bulgu, Tirkiye hisse senedi piyasasinin dogasina
atfedilmektedir. Bu piyasa bilgi ediniminin maliyetli, bireysel yatirimcilarin
katiliminin yiiksek ve halka arz sayisinin az oldugu gen¢ ve gelismekte olan bir
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pazardir. Bu sebeple, bireysel yatirimcilarin Borsa Istanbul’da gergeklesen her bir
halka arza ilgi gosterdigi; dolayisiyla da halka arz Oncesi yatirimci ilgisinin, kisa
donem halka arz getirileri iizerindeki ayirt edici giliciinii kaybettigi
degerlendirilmektedir. Uzun vadeli analizlerin sonuglari, halka arz oncesi aktif
yatirimct ilgisinin halka arzi takip eden hisse senedi likiditesi iizerinde olumlu bir
etkisi oldugunu gosterirken, pasif ilgi Ol¢lisiiniin uzun vadeli likidite agisindan
onemli bir etkisi olmadigim1 gostermistir. Bu bulgu, aktif ilgi 6l¢iisiiniin
olusturulmasi i¢in kullanilan Google arama hacmi verilerine yatirimcilarin dogrudan
katilimi ile agiklanmaktadir. Yatirimeilar aktif olarak Google arama motorunda bir
sirketi aradiginda halka arz sonrast donemde de bu sirketlere olan asinaliklarinin
artacagi degerlendirilmektedir. Sonuglar, bireysel yatirimcilarin, halihazirda asina
olduklar1 hisse senetlerinin alig ve satisin1 yapma yoniinde egilim gosterdigini ve
dolayistyla bu durumun halka arz sonrasi hisse senedi likiditesinin artmasina neden
oldugunu gostermektedir. Son analiz sonuclari, ilk gilinkii halka arz getirilerinin,
halka arz sonrasi uzun vadeli getirilerle pozitif yonde iligkili oldugunu ortaya
koymaktadir. Ayn1 zamanda, halka arz Oncesi yatirimci ilgisinin, ilk islem
giiniindeki getirilere fiyat baskis1 uyguladigi ve bu baskinin daha sonra, halka arz
sonras1 getirilerin azalmasma neden oldugu degerlendirilmektedir. Bu iki etki
birlikte degerlendirildiginde, ilk getirilerin olumlu etkisinin, ilk islem giiniiniin fiyat

baskisinin olumsuz etkisine kiyasla daha yiiksek oldugu goriilmektedir.

Bu tez ¢alismasi kapsaminda séz konusu olan kisitlar da ayrica belirtilmelidir. ilk
olarak, gelismis piyasalar ile karsilastirildiginda, Borsa Istanbul’da oldukca az
sayida halka arzin gerceklestigi goriilmektedir. Google Trends, arama hacmi
verilerini 2004 yilindan itibaren kullanima sundugundan, bu dogrultuda 6rneklemin
daha da kisitlanmasi s6z konusu olmustur. Google Trends verileri ile ilgili bir diger
kisitlama ise, baz1 halka arz sirketlerinin Google arama hacminin yetersiz olmasi ile
ilgilidir. Arama hacmi diisiik olan bazi halka arz sirketlerinin eksik arama hacmi
degerleri oldugu gibi baz1 sirketlerin ise yalnizca aylik verileri bulunmaktadir. Bu
durum s6z konusu hisse senedi ile ilgili aramalarin, alakas1 olmayan aramalardan

(6rnegin, sirket {riinleri 1ile 1lgili aramalar) ayirt edilmesini son derece
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zorlastirmaktadir; ¢iinkii arama baglamini tanimlamaya yardimer olan "ilgili arama
boliimii (Related Search Section)”, yetersiz arama hacmi nedeniyle Google Trends
sayfasinda gosterilememektedir. Haftalik verilerin aylik formata doniistiiriilmesi
sirasinda da baz1 kisitlar ortaya ¢ikmaktadir. Orneklemdeki biitiin halka arz sirketleri
icin haftalik Google arama hacmi verileri ile ¢alisilmast miimkiin olsaydi aktif

dikkat 6l¢iisti ilgili analiz sonuglarinin daha hassas olacagi degerlendirilmektedir.

Ding ve Hou’nun ¢alismasinda da (2015) belirtildigi gibi, bu tez ¢alismasinin halk
tarafindan taninilirhgmi arttirmaya c¢alisan sirketlere fayda saglayacak bulgular1 da
vardir. Sonuglar, sirketlerin Internet iizerinde daha fazla gériiniir hale gelmeleri
sonucunda daha yiiksek seviyelerde yatinmci ilgisi  ¢ekebileceklerini
gostermektedir. Bu durumun, O6zellikle yatirimcilarin sirketlere olan asinaligini
arttirmanin ve dolayisiyla daha fazla getiri ve likiditeyi deneyimlemenin yollarini

arayan halka arz sirketleri i¢in yarar saglayacagi degerlendirilmektedir.

Bu c¢alismanin sonuglar1 davranigsal finansin giderek gelismekte olan literatiiriine
katkida bulunmaktadir. Bu tez calismasi, finansal analizlerde Internet arama
verilerinin kullanmasinin faydali olacagim1 da ortaya koymaktadir. Bu noktada bu
caligmanin, Tirkiye hisse senedi piyasasiyla ilgili, literatiirde bulunan finansal
ekonomi c¢aligsmalar1 arasinda Google''ln arama hacmi verilerini kullanan ilk
arastirma oldugu da belirtilmelidir. Internet arama hacminin, aktif katilim
gerektirdiginden  bireysel  yatirimcilarin  dikkatini  dogrudan = Olctiigii
degerlendirilmektedir. Bu nedenle, Internet arama hacminin finans alaninda ve
ozellikle de gelismekte olan Tiirkiye hisse senedi piyasasinda daha genis
uygulamalarda kullanilmas1 kapsaminda daha fazla arastirma yapilmasi
gerekmektedir. Arastirmanin ayrica gelismekte olan diger pazarlara da
genisletilebilecegi degerlendirilmektedir. Bu uygulamalar gelecekteki arastirmalar

icin birakilmistir.
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Appendix F. TEZ FOTOKOPISI iZIN FORMU

ENSTITU

Fen Bilimleri Enstitiist

Sosyal Bilimler Enstitiisii X

Uygulamali Matematik Enstitiisii

Enformatik Enstittisi

Deniz Bilimleri Enstitiist

YAZARIN

Soyadi: Akgiin
Adi : Basak Elif
Boliimii: Isletme

TEZIN ADI (ingilizce) : Investor Attention and IPO Performance

TEZIN TURU : Yiiksek Lisans X Doktora

Tezimin tamamindan kaynak gosterilmek sartiyla fotokopi alinabilir.

Tezimin i¢indekiler sayfasi, 6zet, indeks sayfalarindan ve/veya bir
boliimiinden kaynak gosterilmek sartiyla fotokopi alinabilir.

. Tezimden bir (1) yil siireyle fotokopi alinamaz.

TEZIN KUTUPHANEYE TESLIiM TARIiHi:
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