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ABSTRACT

SPACE-TIME DISCRETIZATION OF OPTIMAL CONTROL OF BURGERS EQUATION
USING BOTH DISCRETIZE-THEN-OPTIMIZE AND OPTIMIZE-THEN-DISCRETIZE
APPROACHES

YILMAZ, FIKRIYE NURAY
Ph.D., Department of Mathematics

Supervisor : Prof. Dr. Biilent Karasozen

June 2011, 113 pages

Optimal control of PDEs has a crucial place in many parts of sciences and industry. Over the
last decade, there have been a great deal in, especially, control problems of elliptic problems.
Optimal control problems of Burgers equation that is as a simplifed model for turbulence
and in shock waves were recently investigated both theoretically and numerically. In this
thesis, we analyze the space-time simultaneous discretization of control problem for Burg-
ers equation. In literature, there have been two approaches for discretization of optimization
problems: optimize-then-discretize and discretize-then-optimize. In the first part, we follow
optimize-then-discretize appoproach. It is shown that both distributed and boundary time de-
pendent control problem can be transformed into an elliptic pde. Numerical results obtained
with adaptive and non-adaptive elliptic solvers of COMSOL Multiphysics are presented for
both the unconstrained and the control constrained cases. As for second part, we consider
discretize-then-optimize approach. Discrete adjoint concept is covered. Optimality condi-
tions, KKT-system, lead to a saadle point problem. We investigate the numerical treatment

for the obtained saddle point system. Both direct solvers and iterative methods are consid-

v



ered. For iterative mehods, preconditioners are needed. The structures of preconditioners for
both distributed and boundary control problems are covered. Additionally, an a priori error
analysis for the distributed control problem is given. We present the numerical results at the

end of each chapter.

Keywords: Optimal control, Burgers equation, COMSOL, all-at-once method



0z

AYRIKLASTIRDIKTAN SONRA EN IYILESTIRMEK VE EN IYILESTIRDIKTEN
SONRA AYRIKLASTIRMAK YONTEMLERI KULLANILARAK, BURGERS
DENKLEMLERININ OPTIMAL KONTROL PROBLEMLERININ UZAY-ZAMAN
ESZAMANLI AYRIKLASTIRILMASI

YILMAZ, FIKRIYE NURAY

Doktora, Matematik Boliimii

Tez Yoneticisi : Prof. Dr. Biilent Karasozen

Haziran 2011, 113 sayfa

Bilim ve endiistrinin bir¢ok dalinda kismi tiirevli denklemlerin en iyilemeli kontrol prob-
lemleri onemli bir yere sahiptir. Siiregelen caligsmalarin 6nemli bir kismi eliptik denklem-
lerin kontrol problemine yoneliktir. Tiirbiilans ve sok dalgalarinin basit bir denklemi olarak
Burgers denklemlerinin kontrol teorisi {izerine de son yillarda hem teorik hem de niimeriksel
caligmalar yapilmigtir. Bu tezde, Burgers denklemlerinin kontrol problemlerinin uzay-zaman
eszamanli ayriklastirmasi iizerinde odaklanmaktadir. Optimizasyon problemlerinde genelde
iki farkli yaklagim takip edilmektedir: en iyilestirdikten sonra ayriklagtirma ve ayriklagtirdiktan
sonra en iyilestirme. Hem dagitilan hem de sinir kontrollii zamana bagli en iyilemeli kon-
trol problemin eliptik bir probleme doniigebildigi gosterilmistir. Tezin ilk boliimiinde, COM-
SOL paket programi kullanilarak hem kisitlamasiz hem de kontrol kisitlamali problemler i¢in
sayisal sonuglar elde edildi. Ikinci kistmda, ayriklastirdiktan sonra en iyilestirme yaklagimi
izlendi. Ayrik adjoint kavrami {izerinde duruldu. En iyileme kosullari, Karush-Kuhn-Tucker
sistemi, bir semer nokta problemi olusturdu. Elde edilen sistem i¢in uygun sayisal yontem

aragtirildi. Hem dogrudan ¢ézen metotlar hem de yinelemeli yontemler incelenmistir.

vi



Anahtar Kelimeler: Optimal kontrol, zamana bagli Burgers denklemi, COMSOL, tek adimda

¢Ozilim yontemi
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CHAPTER 1

INTRODUCTION

Optimal control theory has been an important field of applied mathematics. It is a mathe-
matical optimization technique usually used to create control policies. The optimal control
consists of a set of equations describing the paths of the variables that take the cost functional
to a minimum. The cost functional is basically a function of variables related to state and
control. Optimal control has found applications in numerous field including process control,
robotics, bioengineering, economics, finance, etc.. The set of equation in a control prob-
lem may be an ordinary or partial differential equations. In many cases, the modeling of the
problems by an ordinary differential equation are not adequate. Fluid flows, electromagnetic
waves, diffusion and many other physical quantities can be modeled by partial differential

equations(PDE).

There have been many researches related optimal control of PDE’s. The optimal control of
heating process, two phase problems and fluid flows were discussed in [58]. The control the-
ory of linear and semi-linear partial differential equations are covered in that work. Necessary
functional analysis and first-second order optimality conditions are derived. The work [21]
provides a modern introduction to optimal control of PDE’s. Beside a deep coverage for func-
tional analysis and optimal control theory for some certain problems, it gives an introduction

to discrete concepts in control problems.

An optimal control problem is called a constrained problem if the state or control variable is
bounded. It is said to be control constrained and state constrained problem if control vari-

able and state variable are bounded, respectively. The problem is said to be unconstrained



if there does not exist any bounds for the variables. For the unconstrained problem, it is
standard to find necessary optimality conditions. Sufficient conditions are investigated for
control constrained problem by Bonnans [5], Casas, Unger and Troltzsch [7], Goldberg and
Troltzsch [14]. For the state constrained problems sufficient optimality conditions are con-
sidered in Casas, Troltzsch and Unger [9], Raymond and Troltzsch [46], Casas and Mateos
[8], Casas, De los Reyes and Troltzsch [10]. We refer to Bergounioux, Ito and Kunisch [3] or

Bergounioux and Kunisch [4] for associated numerical methods.

Many of the works consist of optimal control of elliptic problems. There have been some
researches concerning control of parabolic problems [1, 16, 30, 31, 32, 41]. However, the op-
timal control of nonlinear equations has a more recent history [60, 61, 62]. Also, there have

been some works related control problem of Navier-Stokes equations as [15, 19, 51, 63].

Burgers equation plays an important role in fluid dynamics as a first approximation to com-
plex diffusion convection phenomena. It was used as a simplified model for turbulence and in
shock waves. Analysis and numerical approximation of optimal control problems for Burgers
equation are important for the development of numerical methods for optimal control of more

complicated models in fluid dynamics like Navier-Stokes equations.

Recently, several papers appeared dealing with the optimal control of the Burgers equation.
A detailed analysis of distributed and boundary control of stationary and unsteady Burgers
equation and the approximation of the optimality system with augmented Lagrangian SQP
(sequential quadratic programming) method are given in [66]. In [50], the SQP, primal-dual
active set and semi-smooth Newton methods are compared for the distributed control prob-
lems related with the stationary Burgers equation with pointwise control constraints. Dis-
tributed control problems for the unsteady Burgers equation with and without control con-
straints are investigated numerically using SQP methods in [20, 57, 68]. Different time in-
tegration methods like the implicit Euler and Crank-Nicholson methods were considered for
solving the adjoint equations arising from the optimal control of the unsteady Burger equation
in [36]. In contrast to linear parabolic control problems, the optimal control problem for the

Burgers equation is a non-convex problem with multiple local minima due to the nonlinearity



of the differential equation. Numerical methods can only compute minima close to the start-

ing points [57].

For the discretization of the optimal control problems there are two different approaches:
optimize-then-discretize and discretize-then-optimize. In the optimize-then-discretize approach,
first the necessary optimality conditions are established on the continuous level consisting of
the state, adjoint and the optimality equations, and then these equations are discretized usu-
ally by finite elements. The optimality system consists of the state and adjoint equations as
coupled by an algebraic equation. Usually, this system is integrated iteratively forward and
backward in time by gradient based algorithms. It is known that this requires storage of data
containing the state and adjoint variables computed at discrete time point, which would be in-
feasible for two and three dimensional problems. Another approach which appeared recently
in the literature is to solve both equations at once as systems of coupled elliptic equation in
space and time. The transformation of the optimality system into an elliptic PDE for lin-
ear parabolic optimal control problems with pointwise control constraints was considered in
[37, 38, 39, 40]. This approach treats the coupled optimality system in the whole space-
time cylinder, where the time variable was interpreted as additional space variable. It is also
known as one-shot approach. As for numerical solutions a specialized FEM package, called
COMSOL multiphysics, was used. The simulation and modeling package COMSOL allows
an easy way to define, discretize and solve stationary and time-dependent partial differential
equations. For a simple linear parabolic equation, Neitzel, Priifert and Slawig successfully
used this package to get numerical results. We refer to [38] for a detailed COMSOL scripts.
The advantages of COMSOL Multiphysics in adaptive and non adaptive solvers, discretiza-
tions, and post processing strategies were used in their works. The one-shot approach with
space-time discretization was applied to the distributed optimal control problem with the un-

steady Burgers equation in [71].

In the discretize-then-optimize approach the state equation is discretized and then the opti-
mality system for the finite dimensional optimization problem is derived. Treating the control

and state as independent of optimization variables the discrete optimality conditions yield a



E LT
system x=b>b
L 0
R —

This systemig; usually is a kind of saddle point problem, where A is symmetric and has sparse
structure. This kind of system usually requires preconditioning. There have been many works
concerning block iterative solutions of Ax = b [12, 33, 34, 35]. Recently, Wathen, Stoll and
Rees have made many researches related to all-at-once preconditioning of linear control prob-
lems [47, 48, 49, 52, 53]. The structure of the control constrained problems are covered. They
showed how to handle control constraints. Different preconditioning methods were covered.
Especially elliptic problems were worked since it is easy to implement without having mem-
ory problems. However, considering parabolic problems if every time step is considered in a
block matrix then the system Ax = b is obtained. This is done for heat equation in [34, 52].
For the non linear control problems it is not as easy as in the linear case. In [2], control prob-
lem of steady Navier-Stokes equation was considered. In every linearization step, an Oseen

problem was solved. But a detailed implementation was not given.

In this work, we consider the all-at-once type solutions of unsteady control problems for Burg-
ers equation by using both optimize-then-discretize and discretize-then-optimize approaches.
We first cover some related functional analytical results and provide a discussion for the exis-
tence and uniqueness results of the Burgers equation. Then, we can consider this work in two

main parts:

In the first part of the thesis, we use optimize-then-discretize approach to solve control prob-
lem. We transform the parabolic problem into an elliptic problem by linearizing the state equa-
tion. We cover both distributed and boundary control problems. We use different linearization
techniques for the distributed and boundary control problems. We show the existence of the
solutions to transformed elliptic equation in both distributed and boundary control problems.
Both unconstrained and control constrained problems are considered. For implementation of
the control constraints projection method is used. After obtaining elliptic problem, we use
COMSOL Multiphysics for numerical solutions. We discuss the mesh independence issue

and verify in the numerical results.

For the second part we focus on discretize-then-optimize approach. We provide a detailed dis-



cussion for finite element discretization and time approximations. In order to have a symmet-
ric saddle point problem, we apply Crank-Nicolson time approximation to linearized problem
and semi-implicit time scheme to nonlinear control problem. Both distributed and boundary
control problems are covered. We use active set algorithm to handle control constraints. Af-
ter obtaining the saddle point system, we use both direct solver and an iterative solver for
implementation. Moreover, we provide an a priori error analysis for the distributed control

problem. We check the order of convergence in the numerical treatment part.



CHAPTER 2

PRELIMINARY RESULTS

In this chapter, we cover some functional analysis preliminaries with basic theoretical results.
Then we give the existence and uniqueness results for the control problem of Burgers equa-
tion. Moreover we discuss some known methods for the optimization problem such as: the

gradient method and the active set strategy.

2.1 Functional Analysis Preliminaries

We now introduce the function spaces that we shall use in our work. We use the same notations

as [44].

2.1.1 LP spaces

Let Q be an open set contained in RY, d>1.Forl < p < oo, consider the set of measurable

functions w such that

f w(x)|Pdx < oo
Q

and, when p = oo,

sup{w(x)| | x € Q}.

These spaces are denoted by L”(€) with the associated norm being



1/p
IWllzr ) = (f Iw(x)lpdx) , 1< p<oo,
Q

and, when p = oo,

IWllz=(@) = sup {[w(x)| | x € Q}.

The Holder inequality.

If | < p < oo, the dual space of LP(Q) is given by LP (Q), with (1/p) + (1/p’) = 1. The

following inequality holds

< W@Vl @)

‘ f w(x)v(x)dx
o)

For p = 2, the Holder inequality is called as Cauchy-Schwarz inequality.

2.1.2 Sobolev spaces

The classical Sobolev space W*?(Q), k is non-negative integer and 1 < p < oo, on a domain

Q c R is defined as

WhP(Q) = {w € LP(Q)| D"w € LP(Q) for each

non-negative multi-index o~ such that |o| < k}

with the norm

1/p
Wllk.p.0 == ( Z ”DUW“Z(Q)) :

o<k

For the case p = 2 we write H*(Q) = W52(Q). We denote the subspace of H (%)) vanishing

on € as Hé (Q). The space H 1(Q) is associated with the following norm:



Iwlli := VIwlZ + IVl

Similarly, we can consider the time dependent case. We introduce Q = (0,7") X Q and

L9(0, T; WP(Q)) := {w - (0, T) » WEP(Q)| w is measurable

T
: q
and satisfies f(; ||w(t)||k’p’th < 00}

for 1 < g < oo with the norm

T g 1/q
WDl Lao,7:whr)) = (j(; ”W(t)”k,p’ﬂdt)

For a Banach space V, the space H ! (0, T; V) can be defined as
1 2 ow 2
HO,T;V):= {w e L°(0,T;V)| N e L°(0, T, V)}.

2.1.3 Some inequalities

In this part, we recall some inequalities that we shall use in the following chapters.
Young’s inequality.

Leta,b € [0, ) and € > 0. Then, we have

1 a? b 1
abs—a—+eq—, where 1 < p<ooand — + — = 1.
e’ p q P q

Poincaré-Friedrichs inequality.
There exists a constant C(|Omega) > 0 such that

Wl < ClIVw|| ¥V w € Q.



Gronwall lemma [44].

Letw e L'(t), T) be a non-negative function, f and g be continuous functions in [#y, T']. If g

satisfies

g(n < f(t)+f w(r)g(r)dt Vi € [1,T],

fo
then,

g < f(H)+ f w(s)f(s) exp(f w(t)dr), Yt € [, T].

fo

If g is non-decreasing, then,

g < f(Hexp( f w(r)dr), Yt € [ty, T].
fo

Discrete Gronwall lemma [44].

Let k,, be a non-negative sequence, f and the sequence p, satisfies

Jo<go
ﬁzSgoJrZ?O_]PerZ';o_lksfs, nxl,

then, f, satisfies

f1 < g0(1 + ko) + po
fo<go "oyl + k) + X2 po T2 (L + ko) + pyt, n > 2,

if for n > 0 with gg > 0 and p,, > 0 it follows

n—1 n—1

Jn< (go + Zps)eXp( ks)-

S0

2.2 Unconstrained optimal control of unsteady Burgers equation

We first summarize the existence and uniqueness of solutions of the unsteady Burgers equa-

tion following [57, 67, 70]. Then, we discuss both the distributed and boundary control prob-



lems. After deriving optimality conditions, we obtain the optimality system.

2.2.1 Distributed control

Given Q = (0,1)and T > 0, we define Q = (0,7) x Qand T = (0,7T) x Q. Let H = L*(Q)

and V = Hé (Q) be Hilbert spaces. We make use of the following Hilbert space:
W(,T) = {p € L*(0,T; V); ¢ € L*(0,T); V*)},

where V* denotes the dual space of V. The inner product in the Hilbert space V is given with

the natural inner product in H as

(0, V) = (¢, ¥ ), for g,y € V.

The expression ¢(#) stands for ¢(t, -), considered as function in {2 only when ¢ is fixed.

We consider the unsteady viscous Burgers equation
Y+ YYx = Vyxx = f +buin Q 2.1
with homogenous Dirichlet boundary conditions
y(,0) =0onZ,

and with the initial condition
y(0) = yo in Q,

L

where f € L*(Q) is a fixed forcing term, v = -

> 0 denotes the viscosity parameter and Re is
the Reynolds number. The location and intensity of the controls u € L?(Q) are expressed by

the function b € L*(Q). For example b might be chosen as

u inQ,
bu = _
0 in Q\Q,

where Q is the set of active controls [50, 57, 66].

For the unsteady Burgers equation (2.1) with the corresponding initial and boundary condi-

tions there exists a weak solution y € W(0, T') satisfying

<y, ¢ >v-v +vyi(0), @)v + Y(Oy(1), ) = ((f + bu)(0), ©)n

10



forall p € V, and r € [0, T], and (y(0), ¥)z = (v, x) for all y € H [57].

The distributed control problem for Burgers equation without inequality constraints and with

homogeneous Dirichlet boundary conditions can be stated as follows [66]:

. 1 a
min - J(y,u) = 3 lly = yallg + 3 lullg (P1)
subjectto  y;— vy +yyy = f+bu inQ,
y = 0 onx, (2.2)
y0) =y in Q,

with the regularization parameter @ > 0. Here, y and u denote the state and control variables,

vq is the desired state.

In order to show the existence of the optimal solutions, the operator e : X — Y (see [67], p.

130) was introduced by

e(y,u) = (e1(y,u),e2(y, u)) = (y; = vyxx + yyx — f — bu, y(0) — yo),

where X = W(V) x L*(Q) and Y = L*(V) x H identified with Y* = L>(V*) x H the dual of Y.
Then, the optimal control system above can be interpreted as a minimization problem with
equality constraints

minimize J(y,u), suchthat e(y,u)=0.

Let (y*,u") be an optimal solution. It was proved that there exist Lagrange multipliers p* and

A* satisfying the first-order necessary optimality conditions [20, 66, 67]
LOu,pt, ) =0, ey ,u)=0
with the Lagrangian
LOyu, p, ) = I, u) = (e1(v, ), Praeyey.r2v) — (e2(y, u), D
First-order optimality conditions lead to the following optimality system:

Vi =Wt Y'Yy = f+bu" inQ,
y(t,0)=y"(t1) = 0 on, (2.3)
vy (0) = Yo in Q,

11



Py VP Y Py = Ya—y g,
p*t,0)=p*t, 1) = 0 onX, (2.4)
pi(T) = 0 in Q,
with the gradient condition
au” +p* =0.

Here, u* is the optimal control and y* denotes the associated optimal state, p* is the adjoint

state.

The adjoint equation (2.4) can be transformed by the time transformation 7 = T — ¢ into an

initial-boundary value problem

Pyt Y Pytvpy = Ya—9° inQ,
p'(r,0) = p*(z, 1)
p(r=0)

TRT
o o
5 8
°0 M

where y*(t, x) = y*(T - t, x).

There are different approaches in order to solve the optimality system (2.3) and (2.4): inte-
grating the state equation (2.3) forward in time and the adjoint equation (2.4) backward in
time by an iterative method, and solving the whole optimality system as an elliptic pde by

taking time as an additional space variable.

2.2.2 Boundary control

We consider the unsteady Burgers equation with Robin boundary conditions

Vit YYx = Vyax = fin Q 2.5
with Robin boundary conditions
Ve Yyx — vy = fin O,
vyx(,0) + ooy(-,0) = uin (0, T),
Vyx(" 1) + 0'1)’(‘, 1) =V in (0’ T)?

12



¥(0,-) = yo in Q,

with o, o1 € L*(0,T) and f € LZ(Q), Yo € L*(Q) is the forcing function, and u, v €
L*(0,7).

Special cases of the optimal control problems for the Burgers equation were considered for
the Neumann boundary conditions (o9p = o = 0) in [36] and the Dirichlet boundary condi-

tions y(-,0) = u, y(-,1) = vin [24, 45].

The results about the existence and uniqueness of the unsteady Burgers equation (2.5) are

summarized below [68].

Let H = L*(Q) be a Hilbert space, then we make use of the following Hilbert space
WO,T) = {p € L0, Ts H'(Q): ¢y € L*(0, T); H' (),

where H'(Q)* denotes the dual space of H 1(Q). The expression ¢(f) stands for ¢(¢, -), consid-

ered as function in Q only when ¢ is fixed.

There exists a weak solution y € W(0, T') of the state equation (3.11) satisfying (Theorem 2.2,
[70])

< Y1), ¢ >y 1 (@) To1OyE, De(1) — oo()y(z, 0)p(0) + L vy(@ + y(Oy(t)pdx

_ fQ Fogdx + v(t)g(1) - u(D)p(0)

for all ¢ € H'(Q), t € [0,T], and y(0) = yg in L%(Q), where < -, - > Q)11 (@) denotes the

dual pair associated with H 1(Q) and its dual.

We consider the following optimal control problem for the unsteady Burgers equation with

Robin boundary conditions [70]
. 1 2 1t 2 2
minJO.uv) = 5 | O=yodx+ 5 | Bl + B, i di (Pb1)
o 0
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subject to

Vit Y=V = f inQ,
vyx(+,0) + ooy(,0) = wu in(0,7), (2.6)
Vyx(" 1) + 0'1)’(‘, 1) = v in (Oa T)’

y0,) = yo inQ.

The first order optimality conditions for the optimal control problem (Pb1) given in [70] are

summarized below.

Abstract formulation of the control problem (Pb1) is given by introducing the Hilbert spaces

X = W(0,T)x L*(0,T) x L*(0,T), Y = L*0,T: H'(Q)) x L*(Q)).

Leté : X — L*(0,T; H'(Q)*) be defined by

T
€y, Uy V), P20, 7:H Q) ).L2(0.T:H' Q) = fo i@, PO) 1 @y 1) dr+

T T
j; fg vyxPx + (Yyx — f)pdxdt + j; (o1yC, D) =v)p(, D) + (u = ooy(-, 0) p(-, 0)dt

for p € L*(0,T; H(Q)). Wesete : X — Y, v, u,v) —» (Né(y,u,v),y(0) — yo) where N :
H'(Q)* — H'(Q) is the Neumann solution operator, that is for g € H'(Q)* the function

w = Ng solves

[ Goaes 4 wertx = (. oy iy forall € 1@,
Q

There exists at least one globally optimal solution z* = (y*, u*,v*) of (1-3) (Theorem 2.6,

[70D).

We introduce now the Lagrangian functional L to obtain the optimality conditions as

T
LOsu,v, p) = JOs1,v) fo OO POV 0y e

T T
- fo fg (vyxpx + yyx — f)pdxdt — fo (G, D) =v)pC, 1) + (u = ooy(-, 0)p(-, 0)dt.

For each p € W(0, T') the Lagrangian is twice continuously Fréchet-differentiable with respect
to z = (v, u,v) € X and its second derivative is Lipschitz continuous. The first order optimality
conditions are obtained by the taking the partial derivatives of the Lagrangian with respect to

the state variable y, to the adjoint variable p and to the control variables u and v.

14



Let z* = (y*,u*, v*) be a local solution to control constrained problem (Pb1). Then there exist

p* € W(0,T) x L*(Q) satisfying

Pi+ VD + PP = ya—y  inQ,
vp(t,0) + (°(2,0) + o0)p(1,0) = 0 in(0,7),
vpt, D)+ (D +o)p’(t,1) = 0 in(0,7), (2.7
pi(IT) = 0,
with the gradient equations
P00 +Bu" = 0, (2.8)
P, D+py = 0. (2.9)

We note that the optimal control problem (Pbl) is a non-convex optimization problem, so
that different local minima might occur. We do not consider the global solutions of (Pbl),
numerical methods considered in the next sections can find a local minimum close to its

starting value.

2.3 Constrained optimal control problem of Burgers equation

2.3.1 Distributed control

We consider now distributed optimal control problem with pointwise bilateral control con-

straints [57]

) 1 a
min J(y,u) = 2 1ly = zllg + = llullg (P2)
subjectto y; + yyx — vy = f+bu inQ,
y = 0 inZ,
yG) = yo inQ,

uy(t, x) < u(t, x) < up(t, x)in Q.

First-order necessary conditions for the optimality system of the local solution (y*, u*) have to

be satisfied with the adjoint variable p* in form of the optimality system including the control
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constraints u* € Uyg = {u € Ly(Q) : uy(t,x) < u(t,x) < up(t, x)}. Because of the pointwise

constraints, additionally we have the variational inequality [57]
f(au* +bp™Y(u— u")dxdt > 0 for all u € Ugy. (2.10)
Q

The last inequality can be expressed in the form of a projection [57]:

* _b(ts x) *
uw(t,x) = P[ua(t,x),u;,(t,x)]( po— (1, x)).

First order optimality conditions for the control constrained Burgers equation are stated as

follows [57]:

Ve—=Wa+Yx = f+bu inQ,

yt,0)=y(,1) = 0 onx, (2.11)
¥(0) = inQ,

Pt VP typy = ya—y inQ,

pt,0)=pt,1) = 0 onyx, (2.12)
p(T) =0 in Q,

with the gradient condition

au+p+up— g =0.
and complementary slackness conditions

0, u>u, u, 20 a.e. in Q,

(Has g — M)LZ(Q) (2.13)

(b, = up) 20 O, u<up uyp 20 a.e. in Q.

In [50], different solution algorithms like primal dual-SQP, SQP-primal dual methods and
semi smooth Newton method are applied and compared for solving the optimality system of

the steady Burgers equation with control constraints.

2.3.2 Boundary control

Since the control constraints are present, then

(u,v) € Ugg X Vg € L*(0,T) x L*(0,T). (2.14)

The sets of admissible controls are given by
Uwg = {u € L¥0,T): uy < u<up, ae. in(0,T)},
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Vg ={veL¥0,T): vy <v< vy, ae. in(0,7)},

with ug, up, v, vp € L7(0,T) and u, < up and v, < v, almost everywhere (a.e.) in Q,

and the subset K, is defined as

D #Kug=WQO, T)XUyg X Vg C X.

Now the optimal control problem can be written as equality constrained optimization problem:

min J(x) subject to x € K4 and e(x) = 0. (Pb2)

Let z* = (y*,u*,v*) € K,q be a local solution to control constrained problem (Pb2). Then,

there exist p* € W(0,T) x L>(Q) and (u, &) € L*(0, T) x L*(0, T) satisfying

pi+VD P pEx = yo—y  inQ,

vpi(t,0) + " (#,0) + o0)p*(t,0) = 0 in(0,7),
vo, &, D+ O @, D) +o)p*(t,1) = 0 in(0,7), (2.15)
p (T = 0,
with the gradient equations
PO +pu +u = 0, (2.16)
P, D+pV +E = 0. (2.17)

2.4 The sequential or iterative approach: the gradient method

In order to implement optimality system we give a summary of well-known gradient based
method. This kind of methods are usually used to solve optimization problems. Although it

may cost to compute gradient, this method provides an efficient and fast solver.

After introducing the control to state operator G : L*(Q) — H that assigns to each u € L*(Q)
of the corresponding Burgers solution y(u), the functional J(G(u), u) will be minimized by the

gradient method:

d
(E] (G(u), u), h) = (G(w) = ya,Gh) + a(u, h) = (G*(Gw) = ya), h) + a(u, h),
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where h € L*(Q) is a directional vector. The descent direction is given by
v = G*(G(u) — yg) + au.

The adjoint state is p := G*(G(u) —yq) = G*(y —yq). We use the gradient method as described
in [38] where for the Burgers equation at each iteration step a nonlinear system of equation is

to be solved.

The following algorithm is implemented:

Algorithm 1 (Gradient Method in function space)

1. Choose € > 0. Choose u,y arbitrarily.

2. Initialize y,;q by solving y,iu = G(Upig).

3. whilev > €

4. solve the adjoint equation p = G * (G(uy1g) — Ya)
5. setv = p+ k(Upig — ug)

fork=1,2,...
Upew = Upld + OV
solve the state equation Y, = G(Upey)

it J(Vnews Unew) < JYVolds Uold)

break
end
seto =0/2
end
7. set Upig = Unew, Yold = Ynew-

8. end
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2.5 Active set strategy to implement control constraints

There have been significant changes in methods for solving nonlinear constrained problems.
Most of them are based on SQP (sequential quadratic programming) [17, 23, 25, 56, 57].
The SQP-algorithm is sequential and each of its iterations requires the solution of a quadratic
minimization problem subject to linearized constraints. For the numerical treatment of the
control constraints we apply the well-known method, primal dual active set strategy. This
method was proposed by Bergounioux, Ito, and Kunisch [3, 4, 27]. For a general class of
problems it has been shown that primal dual active set strategy and semi-smooth Newton

methods lead to the same algorithms [28, 51].

A reformulation of the complementary conditions (3.9) can be stated as

u=max(0, u + (1 — up)) + min(0, u + (&t — uy)).

The following sets are defined

AT ={¥eQ: u+clu—uy) <0}

and

At ={¥eQ: u+clu—uy) >0}

where ¢ > 0.

The primal-Dual Active Set Strategy.

1. Initialize ug, up and n := 0 and choose ¢ > 0
2. while n < 1 or ||residual|| > tol do
Determine the active sets
Solve the equality constrained problem
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Update Lagrange multiplier u
Evaluate residual
Setn:=n+1

3. end while
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CHAPTER 3

OPTIMIZE-THEN-DISCRETIZE APPROACH USING
SPACE-TIME DISCRETIZATION

The optimality system of an optimal control problem is usually integrated iteratively for-
ward and backward in time by gradient based algorithms. Another approach which appeared
recently in the literature is to solve both equations at once as systems of coupled elliptic equa-
tion in space and time. The transformation of the optimality system into an elliptic pde for
linear parabolic distributed optimal control problems with pointwise control constraints was
considered in [37, 38, 39, 40]. For distributed optimal control of the unsteady Burgers equa-
tion the same approach was used in [71]. It was shown there, that by linearizing the Burgers
equation, the forward-backward system containing the state and adjoint equations can be ex-
pressed by an elliptic boundary value problem in space-time domain. The elliptic system is

then simultaneously discretized in space and time.

This chapter is organized as follows. In Section 1, by using Cole-Hopf transformation the el-
liptic boundary value problem in space-time domain is obtained for distributed control prob-
lem of the unsteady Burgers equation. We obtain biharmonic equation. Because the linear dis-
tributed control problems are studied in [39, 40] we do not cover the existence and uniqueness
steps for the distributed problem. In Section 2, we consider the boundary control problem.
Since the Cole-Hopf transformation yields a nonlinearity in boundary for boundary case we
use Taylor approximation for linearizing the boundary control problem. Control constrained
and unconstrained problems are covered for both distributed and boundary control problems.
Finally, we give the numerical results in Section 3. We compare the gradient-based method

and one-shot-approach.
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3.1 Distributed control problem

The results obtained in this section are studied in [71].

In the sequential approach, the optimality system is solved iteratively using the gradient
method. The control variable u is first initialized and the state equation is solved for y for-
wards; the adjoint equation backwards for p until convergence. In the one-shot approach, the
optimality system in the whole space-time cylinder is solved as an elliptic equation by inter-
preting the time as an additional space variable. This approach was used in [37, 38, 39, 42]
by deriving a biharmonic pde from the optimality system for parabolic linear pde control
problems. Therefore we will use the nonlinear Cole-Hopf transformation which converts the

Burgers equation to a linear parabolic problem.

Cole-Hopf transformation is a Backliind transformation between Burgers equation and the
linear heat equation, and it was used to show the existence of the equivalent optimal control

problems for the Burgers equation and the transformed linear parabolic pde in [65].

Using the change of variable y(x, ) = y(x, ) — y4(x) and instead of J(x, t) we use y(x, t), then,

the optimal control problem (P1) defined in Chapter 2 can be stated as follows [65]:

) 1 a
min J(y,u) = 5 Il + 5 llullg

subject to  y; — Vyxx + YVx + OV x + YaVa)x — VVad)xx u in 0,
¥, 1) = y(t,0) 0 onZ, (3.1)

y(0,x) = yo(x) inQ.

The optimal control problem with a linear diffusion type equation is obtained using the Cole-

Hopf transformation [65]
y(t, x) = —ZV% = —2v(In(¢(t, x)))x-

Substituting this in (3.1), multiplying both side by %2, and integrating with respect to x, we
obtain

¢2

2—Vu.

¢2

2
f Ox(dr — Vrx) — f (Pt — VPrx)x = f O(Dxya)x — ¢)25yd + %(Yd)xx - 4_()73)x +
o 0o 0o 4

Integration by parts with ¢,(¢,0) = ¢.(¢, 1) = 0, ¢(0, x) = 0 leads to

1 2
Zf Ox(dr — Vix) = —Zf ¢)25yd - f dd(Va)x + f 2—(;3(]3/0}3 + f ﬁ_u’
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and we obtain

Gt = VPrx = —PxVa — 1(13()’d)x + £y2 + ¢2 u.
2 4y7d T dvg,
Optimal control problem becomes
, 1 y @ s
min - J($,u) = 5 I-2v(In(e(2, X))l + 5 llullg (3.2)
subject 0 ¢y — vy + yadx — ()¢ —m(x, )¢ = 0  inQ,
Pu(1,1) = ¢(1,0) = 0 onZ,

#0,x) = ¢o(x) inQ,

Because the cost function in (3.2) is a complicated expression, a simplified equivalent form

was used in [65]. Let J[¢, u] be given by (3.2) and
_ 1 2 @0
Cl.ul = 5 191y + 5 llully-

A function ¢ is defined as P-optimal if P[¢*] = ming P[¢]. Let u* be a fixed control function.

Then ¢* is C-optimal implies ¢* is J-optimal also, (see Theorem 1 in [65]). That is
Cl¢*,u’] = minJ[p,u"] = J[¢",u’] = minJ[¢,u"].
The transformed optimal control problem with state and adjoint equations is now given by
) I, a, 5
min J(g.u) = 519l + 5 Il

subject to @y — vy + Yabx — ()P —m(x, )¢ = 0 in Q,
(8, 1) = ¢(1,0) = 0 ony, (3.3)
#(0,x) = ¢o(x) inQ,

U+ gy + (ydl//)x + g(x)w + m(x’ l‘)l,[/ - ¢ = 0 in Q’
Ux(t, 1) =(t,0) = 0 onZ, (3.4)
W(T,x) = 0 inQ.

It was shown in [42] that the optimality system for linear parabolic containing equations
can be transformed to a biharmonic elliptic pde. The existence and uniqueness of the weak

solutions of the optimality systems and its regularization was proved [42]. Following the
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same approach we will show that after the Cole-Hopf transformation of the Burgers equation
the optimality system (3.3)-(3.4) is equivalent to an elliptic pde. For this purpose, we use the

same function spaces defined in [42] as:

H"(Q) = L0, T, H (Q)),
HAY(0) = 120, T, HY(Q)) n H°(0, T, L*(Q)).

On HZ’I(Q) we use the inner product

N
d d Pu v
, , = + —u—v+ VuVy + —— ——— | dxdt,
(U, V)i () f L uv + —u—v + VuVy ,%“1 ( pr 8xi(9xj) X

and natural norm
2]1/2

Jul I + |5 " auar + Y [
u . = u —Uu u
H21(Q) dt = dxidx;

Theorem 3.1.1 (Biharmonic equation in H>'(0))

Let (¢, %, u) are smooth solution of the control problem (3.3-3.4) with ¢,y € H>'(Q),u €
L*(Q). Then y satisfies the following elliptic pde:

—Yit + VAR + 4D + 3l + Coh + 1 + coy = 0, (3.5)
with the boundary conditions
U+ VWi + (yd)xl// + (g + m)l/’ =0o0nZ,
Un(t,1) = y(2,0) =0, Y(T,x) =0, (3.6)
Yr + Vi + (de)x + (g + m)l,ﬁ =yoin Q,
where
co = V(yd)xxx +v(g + M) xx — yd())d)xx - ya(g + m)y + (g + m)(yd)x +(g+ m)2 —nm; — (yd)tx,
1 =8-Q0ax
2 = 2v(gx + my) + 3v(ya)xx — 2Ya(Ya)x — OVars

c3 = —2yq4,

c4 = 3v(ya)x + 2v(g(x) + m(x, 1)) — yf,-
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Proof. Take the derivative of the adjoint equation with respect to ¢

Y1 = VWx + Yal)u + (&Y + mi), — by,

inserting ¢, in the state equation, yielding,

wtl + VWXxl + (.de)xt + (gl,b + m'ﬁ)t = V¢xx - yd¢x + (g + m)¢a

and using the adjoint equation to eliminate ¢ give
i + VWxx + Va)x + (@Y + mp)y = vy + VWax + YVap)x + §COY + m(xX, D)

—YaWi + VWx + (Ya)x + OO + m(x, DY) + (g + M)W + VWrx + (Ya)x + gOW + m(x, D)y).

After taking derivatives and simplifying, we obtain the elliptic pde (3.5). Applying the bound-
ary conditions of ¢ and ¢ in Eq. (3.3) and Eq. (3.4), the boundary conditions are obtained for
the elliptic pde (3.5). |

3.1.1 Inequality constrained problem and regularization

We consider now distributed optimal control problem with pointwise bilateral control con-
straints [57]

) 1 1
min J(y,u) = 5 lly = 2ll + 3 lullg

subject to y; + yyx —Vyxx = f+bu in Q,
y = 0inZ
¥6) = Yo inQ,
uy(t, x) < u(t,x) < up(t,x) in Q.

First-order necessary conditions for the optimality system of the local solution (y*, u*) have to
be satisfied with the adjoint variable p* in form of the optimality system including the control
constraints u* € Uyg = {u € Lr(Q) : uy(t, x) < u(t, x) < up(t, x)}. Because of the pointwise

constraints, additionally we have the variational inequality [57]
f(cm* +bp")u —u)dxdt > 0 for all u € U,y.
0

The last inequality can be expressed in the form of a projection [57]:

—b(t, %)

w(t, X) = Plug(t,0),(1,0)] ( pi(t, X)) .
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First order optimality conditions for the control constrained Burgers equation are stated as

follows [57]

Vi— VY tyyx = f+bu inQ,
y(t,0)=y(t1) = 0 on X, 3.7
¥(0) = ¥ in Q,

Pi+ VP +Ypx = Ya—y inQ,

pt,0)=pi1) = 0 onZX, (3.8)
p(T) =0 in Q,
with the gradient condition
au+p+up — s =0,
and complementary slackness conditions
(,ua, Ug — M)L2(Q) =0 , UZUg Hg 2 0 in Q, (39)
(o u —up)p2gy = 0, u<up up =20 in Q.

In [50], different solution algorithms like primal dual-SQP, SQP-primal dual methods and
semi smooth Newton method are applied and compared for solving the optimality system the
steady Burgers equation with control constraints. We will apply the projection method in
[39]. This method is an implementation of the active set strategy as a semi smooth Newton
method [28]. The projection method replaces the complementary slackness conditions by a
projection. In other words, we will find equivalent conditions to the complementary slackness

conditions.

After getting an equivalent form of complementary conditions, we have to solve the following

system of equations

Ye—Wxx+Yyx = f+bu inQ,
y@,0)=y@#1) = 0 onx,
y(0) = ) inQ,
Pt Vputypxr = ya—y inQ,
pt,0)=pt1) = 0 onZ,
p(T) =0 in Q,

au+p+pp— g =0,

Ha = max(0, p + aug) , pp = max(0, —p — aup).
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3.2 Boundary control problem

We recall (Pb2)
min J(y, u,v) = ! f (y — ya)’dx + ! f ' Bulul* + B, [v* dt (3.10)
2 Jo 2 Jo
subject to
Vet Yx—Vyw = f inQ,
(-, 0) + ooy(,0) = u in(0,7), (3.11)
vy, D)+ oy, D) = v in(0,7),
y0,9) = yo inQ,
and
(u,v) € Ugg X Vaq € L*(0,T) x L2(0, T). (3.12)

For the control constraint case, the sets of admissible controls are given by
Uw={uel”0,T):u, <u<upy, ae. in(0,T)},

Vg ={veL”0,T) : vy <v < v, ae. in(0,T)},

with ug, up, v, vp € L7(0,7T) and u, < up and v, < v, almost everywhere (a.e.) in Q.

3.2.1 Linearization of the Burgers equation

In order to apply the one-shot approach, Burgers equation is linearized and the linearized
parabolic problem is interpreted as an elliptic equation. Before we present the linearized state

equation, we denote u = (u,v)’, o = (07, 01)’. We consider the state equation

V= VYt YVx = f in Q,
Vyy + 0y =1 in (0,7), (3.13)

¥0,) = yo(x) in.Q

The Cole-Hopf transformation is used in [71] to linearize Burgers equation with homogeneous
Dirichlet boundary conditions. Because this leads to a nonlinearity in the boundary, we apply
standard linearization of [55] to the state equation by using Taylor expansions. The nonlinear

term yy, in can be written as yy, = %(yz)x.
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Taylor expansion of the product of functions p(#)q(t) at (k + 1) up to the second order terms

can be written as
kel kel _ ko kO ko k+1_ k 0 kv k+l _ k 2 ¢ 2
g =pq +[%(pq) 1P —q )+[%(pq) g™ —¢q)+O6p~,6q")
= PGk 4 phgt gk O6p?, 6P,
where 6p = p**! — p* and 6q = ¢**! — ¢*. Then (y?)**! can be linearized as

(y2)§+1 — (yk+1yk +ykyk+1 _ykyk)x

A A S A U o o I o Gl U (3.14)
k+1_k k+1_k k. k 2 2
=2y, Y+ 205y = 2y + O(6yy, 6y°).

Inserting in the state equation (2.5) gives

=i Y e Y - = (.15

where y’; =n,y=8,f=Ff- y’;yk. We obtain by defining 3 = y**! and denoting 7 = y,
with § = y**1 — y, the linearized state equation
- - - . g d d
Ve = Vixx + BVx + 1Y = f = —Va + VOa)xx = MVa = B7-Va »
dt dx
vy + 0y =u—v(y)x—oys in(0,7T), (3.16)
30, ) = yo(x) = ya-

In order to handle the boundary control problem, the initial condition has to be homogenized

asin [71] with y = ¥ + 6 where ¢ satisfies the necessary boundary conditions

Ve = Vyxx +Byx + 1y = sin Q,
vyx + oy =uin (0,7), (3.17)

¥(0,-) =01n Q,
where s = f— %yd +Vyg — Y4 —,Bd%yd + %6 — VOyy + B0y + 10.
Then, corresponding adjoint system becomes

—Pt—VPux+np—PBpx=y nQ,
vpr+ (@ +Bp=0 in(0,7), (3.18)

pT,)=0 inQ.
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3.2.2 Equivalence to the biharmonic pde

It was shown in [40, 42] that the optimality system for linear parabolic equations can be
transformed to a H>!-elliptic pde. Similarly for the distributed control problem with the
unsteady Burgers equation [71], the linearized optimality system was transformed to a H>!-
elliptic pde in the adjoint variable p, so that the time variable can be treated as an additional
space variable as in [40, 42, 71]. Following the approach in [42] we will prove the existence
and uniqueness of the weak solutions of the optimality conditions and their regularization. In

fact, a control problem subject to the following linear parabolic problem

Vet Vysx +Coy =Uu in Q,
n-Vy=g in(0,7),

y0)=yo inQ,

was studied in [40, 42]. In this section we will extend works in [40, 42] to a control problem
having a linearized parabolic pde as constraint. Since we handle boundary control problem,
the main difference from [40, 42] is non homogeneous boundary terms. So that our results

will be an extension of [40, 42] to a linearized boundary control problem.

We introduce two Hilbert spaces that we need in the weak formulation of the optimality sys-

tem.

Definition 3.2.1
H*Y(Q) := L0, T, H*(Q)) n H'(0, T, L*(Q))

is a Hilbert space with the inner product

2 32
U, V)21 (g) = ff uv + —u—v + VuVy + Z (6x x B Bvx )dxdt,
iOAj OXjOA

and with the natural norm

1/2
d*u
il gy = @mﬁ+n—mﬁ+uvw2+§]u nﬂ ,

A*Y Q) :={u e H*'(Q) : vuy + B+ o)u = 0 and u(T) = 0}.
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The Laplace and gradient operator are given by A = 6‘3—; and V = %, respectively. Since
HY0,7) is continuously embedded in C(0,T), for u € H>'(Q) the functions u(0) := u(0, -),
u(T) := u(T,-) both are well defined in L*(Q). The space H>'(Q) is an analog to the space

used in [6] for a problem with homogenous Dirichlet boundary conditions.
For u, v € H>!(Q) we define
(u, V)Hi’l(Q) = fo (uv + upvy + Vu - Vv + AuAv)dxdt
which is clearly an inner product on H>!(Q). And a norm on H>!(Q) is defined as

P 1/2
el 20 = (nun2 + Il + IVl + ||Au||2) :

Theorem 3.2.2 Let (y,u, p) be smooth solution of the control problem (3.17)-(3.18) with
y,p € H>'(Q) and u € L*(0, T). Then p satisfies the following PDE

—pu + VA2 p = 2y + BHADp = 2Bpu +Pp =5, inQ (3.19a)

with the boundary conditions

—v*V(Ap) —v(B+ 0)Ap + (vip — oB)Vp + Bp: +onp =u  in (0,T), (3.19b)
Wp+(@+Bp=0 in,T), (3.19¢)

—pi(0,-) = vAp(0, ) = BVp(0,) + np(0,) =0 inQ, (3.19d)

p(T,)=0 inQ. (3.19%)

Proof. Taking the derivative of the adjoint equation with respect to ¢

dA + ﬁd =
Pn th p T np: dtpx—yt,

and inserting y, in the state equation, we obtain

d d
—Pi — vEAp +np; —Bd—tpx =vAy - BVy —nmy + 5.

We eliminate y by using the adjoint equation (3.18)

d d
—DPu — vd—tAp +npy —ﬁEVp =vA(—=p; —vAp + np — BVp)

- BV(=p:—vAp+np—BVp) —n(-p, —vAp +np —Vp) + 5.

After taking derivatives and simplifying, we obtain the elliptic pde (3.19a).
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We evaluate y = —p; — vAp + np — SV p on the boundary to obtain
V(=pux = VV(A)p = BAp + nVp) + o(=p; —vAp — fVp + np) = u.
Using the original boundary condition vVp + (o + 8)p = 0, (3.19b) and (3.19c) are obtained.

By settingt = 0 givesy = —p,—vAp—-Vp+np =0and t = T we get (3.19d) and (3.19¢). B

Lemma 3.2.3 The solution p of the equation (3.19a) satisfies

alp,wl = F(w) Yw € H*'(Q),

where F(w) = fo swdxdt + fOT uw|(l)dt and
) d
alp,w] = (dtpd w+ V2ApAw + Qv + BHVpVw + n’pw + 2,8Vp w)dxdt

fQ (P(0, x) + 2BV p(x, 0))w(x, 0)dx + fo (yp + Bpowlydr

Proof. We apply a test function w € H>'(0Q) to (3.19a) to obtain the weak form

ff —Spw+ VA pw —ﬂzpr - 2Bpaw + nzpwdxdt = ff swdxdt.
0

Integration by parts yields

ff "t VA pw — (20 + B)Apw — 2Bpuw + 1 pwdxdt

T T
f pw|0 dx + ff wdxdt + f sz(Ap)w|(l)dt - f V2ApVw (l)dt
0 0

+ f f vV ApAwdxdt — 2ny + %) f pr|0dt+ f Qnv + BHV pVwdxdt

—Zﬂprw’odx+ff 26Vp— w)dxdt+ffnpwdxdt

From the boundary conditions vw, + (o +)w = 0, we obtain Vw = —O——:'BW. Using sz(Ap) +
Wo+B)Ap = (vy—oB)Vp+pp;+onp—uand Vp = —#p and letting y = w

gives

T T
fo (AV(AP) + v(o + BYA = Qv + FIV p)w|di = fo 0 + B = Wil
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Also, w(x, T) = 0 implies

d d
- fg Epw’gdx—ZB fQ Vpwl|dx = fQ (:P(x,0) + 28V p(x, 0)w(-, 0)dx.

T 1
F(w) :=ffsw+f uw|0dt
10) 0

Defining

gives the desired result.

Lemma 3.2.4 The bilinear form is H>'-elliptic, i.e. there is a constant ¢ > 0 such that
2
afv,v] z c|VIl7 .

H'2(Q)
forall v e H>'(Q).

Proof. By choosing v € H 21(0) we evaluate a[v, v].

alv,v] = | fQ((d%v)2 +V2(AV)? + 2y + B2)VY)? + PV + 2BVvdy)dxdt
T [, (~vAV(0, ) + BYV(x, 0) + v, 0)v(x, O)dx + [ (v + Buv|ydt.

The last term becomes

T | T . T . T | B, 1
fo (yv +ﬁv,)v|0dt =f0 yvv'odt+~f0 ,8v,v|0dt :fo yvv|0dt— Ev 0, )ly-

Also

f (=vAv + BVv + nv)vdx
Q

= —vVvv|(1) + vf VyvVvdx +,8f Vvvdx + nf vwdx
Q Q Q
1 B o
=B+ 0')vv|0 +v | VwVvdx +=v |O +n | vdx,
Q 2 Q

where all terms above are evaluated at ¢ = 0.

For the ellipticity we need the following assumptions:

e appropriate choice of o gives yvv (1) >0and (B + O')VV’(I) >0,

o BVv4y < 0in Q.

By using these assumptions, we obtain
d
alv,v] > min {1, 2nv + B, n*} f f ((d—tv)2 + (Av)? + (Vv)? +v2dxdt
0
— 2 2
- C”v”Hil(Q) 2 c”v”HZ,'(Q)’

which proves the H>! ellipticity
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Lemma 3.2.5 The bilinear form alv, w] is bounded in H>'(Q), i.e.,

alv, w] < c|llg21g) IWllg21(0)

for all v,w € H>'(Q).

Proof. The proof is similar to the Lemma 3.5. in [40, 42].

In the following let ¢ be a generic constant. We have v,w € H>'(Q) — C([0,T], H(Q)).

Using the inner product on the space H>!(Q) we obtain

|(Vv(0), w(0)) 20| < IVV(O)l] 20 [IW(O) 2
< clvO)ll g1 o)Wl )
< clVlleo,r:m @pWlleo, ;0 @)
< clvllzz o)Wl g)-

By a similar argument, the terms |(%v(0), w(0)) L2(Q)|, ’y(v, w) L2(0’7)|, ’%v, w) Lz(o,T)|

and |28(Vv, w;) 2| are bounded by clvllzz1 o) Wllzz21(0)-
Proceeding the same structure as in [42], the bilinear form can be bounded as
lalv, w| < eVl ) Wll21 ).
|

Using the Lemma 3.2.4, Lemma 3.2.5 and the Lax-Milgram theorem the main theorem can

be stated as

Theorem 3.2.6 By continuity and coercivity of a, for all F € (H*>'(Q))* the bilinear equation
alp,wl = F(w) Yw € H*'(Q)

has a unique solution p € H 231(0))

3.2.3 Inequality constrained problem and regularization

In this subsection, we consider the regularization of inequality constrained optimal control

problems.
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We first describe the optimality system in terms of projections, which is a source of non-
differentiability when solving the optimality systems. We therefore introduce a regularized
projection formula in the following subsection and show convergence of the associated solu-

tions. The projection defined below differs in space from the projection defined in [42].

Definition 3.2.7 Let a, b,z € R be given real numbers. We define the projection

Prapiz} := mpam paoiz®} Y€ (0,T).

Let us state without proof some helpful properties of the projection.

The projection P, {2} satisfies

(1) —Plapi-2} = Pop-alz}

(ii) Prapiz} is strongly monotone increasing, i.e., by z1 < z follows P pi{z1} < Prapiiza}

and Prp{z1} = Prapiize} iff 71 = 22,

(iii) Prapiz} is continuous and measurable.

From variational inequality we have

N 0,7 N (1,9
i = Pl o ) and v = Py (-2
ﬁu ﬁ\/
Similar to Theorem 3.2.2, we obtain the biharmonic pde
—pu + VAP = iy + B)Ap = 2w + 1P = 5 (3.20)
with the boundary conditions
2 _ P(O, t)
— V@A) =V + AP+ O = BV + pi+ onp = Plusawolt=5=)
u
2 _ p(,1
—v'V(Ap) = v(B+ )Ap + (vn = oB)Vp + Bp: + onp = Ppy, )i = 3 Js
v

vpx + (0 +p)p =0,
=po, — vPxx(0,°) = Bpx(0,-) + np(0,-) = 0,

p(T,-)=0.
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Theorem 3.2.8 We define the operators as
A=A + Ay, (A1, w) = alr,w] and weak formulation of (3.20) as

T
(Aor,w) = f (P[Vb,va]{r(l’ ) w(l, ) + P[ua,u,,]{m}w(o, n|dt.
0 B B

14 u
Then biharmonic form is equivalent to

Ap = F, (3.21)

where F = fo swdxdt

Lemma 3.2.9 The operator A defined in Theorem 1 is strongly monotone, coercive, and hemi-

continuous.

Proof. Let us first show that A is strongly monotone. From Lemma 3.2.4 we have

2

(A1(wi = w2), wi —w2) = alwi = wa, wi = wa] = c| Wil -

By monotonicity of the projection we have

T 0, 0,
fo Prup =200y (220D 00 0,6 = a0, p)de > 0.

Bu Bu
Similarly,
T 1, 1,
f (P[—Vb,—vaJ{—wl( t)}—IP’[—vb,-vu]{—WZ( t)})(m(l,t)—Vz(l,t))dtz0.
0 ﬂv ﬁv

To prove coercivity we have to estimate (A,w, w). We observe first that

ugw in%,, ={t€0,T) :w<u,},

P[ua,ub]{ﬁﬁu}w ={upw Sy = 1€ O,T) : w> wp), (3.22)
2 in (0, T)\(Z, U Zy, ).
Similarly
—vew InX, ={te(0,T) :w>—-v,},
Py, —vWiw = { —vpw inZ,, :={t € (0,T) : w < —wp}, (3.23)

2 in (0, TH\Zy, Uy, )
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Hence,

T
f (P[ua,ub]{m}w(o, t)) dt
0

Bu
= f 1a(0, HW(0, £)dt + f up(0, Hw(0, £)dt + f w(0, £)*dt
Zua Zub (O»T)\{Zua Uzub }
> f Ua(t, 0)w(t, 0)dt + f up(t, 0)w(t, 0)dt
Zua Zub

and, similarly,

T
f (P[_vb,_va]{w}w(t,l))dtz— f va(t, Dw(t, 1dt — f vp(t, Dw(t, 1)dt.
0 y y

By Sy %,

From Theorem 3.2.8 we have

(Aw,w) = (Ajw, w) + (Aow, w)

T T
= a[w,w] + f (P[_vh,_va]{w}w(n 1)) dt + f (P[ua,ub]{w}w(t, O)) dt
0 0

By Bu
ZC||W||H2,1(Q)—f va(t, Dw(t, l)dt—f vp(t, Dw(z, 1)dt
Zig Z,,
+ f uy(t,0)w(t, 0)dt + f up(t, 0)w(t, 0)dt.
Zua Zub

If the integrals [ uy(r,0)w(z,0)dr and [. up(z, 0)w(t, 0)dt are positive then
Ug up

2

Aw,w) = Wl ) = WValls,,) + Vsllze, ) IWE210) -

We get

(Aw, w) Cab IWllg21(0)
—_— 2> ”W”HZ’](Q) -

||W||H2,l ||W||H2,1
(9] Q)

with capp = Vallias,,) + Vll2,,)-

Similarly, if the integrals are negative then

cab = WVallaz,) + ollias,,) + lalliz,,) + lupll2e,,) »

and if one of them is negative and the other is positive then the constants are

Cabh = ”VHHLZ(Eua) + ||Vh||L2(zvb) or cqp = lluallrzs, ) + ||Mb||L2(zub)-

Ug

The hemi-continuity of A can be shown as in [37]. [ |

Now we are able to use the main theorem on monotone operators to show the existence of a

unique solution of (3.21).
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Theorem 3.2.10 The biharmonic equation (3.21) has a unique solution p € H>'(Q) for all
FeH> Q)"

Proof. This follows by applying Theorem 4.1 from [58] to
Ap=F,

where A is defined in Theorem 1 [ |

3.3 Implementation details

Numerical solutions are obtained with equation based modeling and simulation environment
COMSOL Multiphysics. This software provides an easy discretization and a fast solution for
both steady and unsteady time dependent control problems. We show that the finite element
package of COMSOL Multiphysics can be used for solving time-dependent non-linear opti-
mal control problems after transforming to a linear problem. When the optimality conditions
are available in for of PDE’s, the specialized finite elements solvers can be easily imple-

mentable.

Quadratic finite elements are used for the state y and the adjoint variable p. We use two
different solvers of COMSOL Multiphysics; adaption, which solves the elliptic PDE using
adaptive mesh refinement , and the femnlin that solves nonlinear problems without adapta-

tion.

fem.xmesh=meshextend(fem) ;
fem=adaption(fem);

OR fem.sol=femnlin(fem);

The fem structure in COMSOL Multiphysics contains the geometry of the domain, the co-
efficients of the PDE’s, etc. As an example we give the following lines from the one-shot

approach for control contrained problem:

fem. form="general’; fem.globalexpr= {’u’ ’-(p+mu)/alpha’ };

fem.equ.ga= { { {’-nu*yx’ ’0’} {’-nu*px ’ ’0" } {’0’ ’0’ } }};
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fem.equ.f= { {’-ytime-(p+mu)/alpha-y*yx’ ’ptime+y-zd(x,time)+y*px’
... (1/alpha)*mu-max(0,-0.3-(1/alpha)*p)’ } };

fem.bnd.ind=[1 2 3 2];

%Boundary conditions

fem.bnd.r= { {’y-y0(x)’ 0 0 };{’y’ 'p’ 0 }; {0 'p’ 0 } };

fem.bnd.g= { {0 0 0 }; {0 0 0 };{0 0 O } };

% Postprocessing

postplot(fem, ’tridata’,’y’,’triz’,’y’)

For the control constrained problem we used quadratic finite elements like in the unconstraint
case for state and adjoint state variables, but for the Lagrange multiplier yu, linear finite ele-

ments are taken as in [39].

The projection method [38] that is an implementation of the active set strategy as a semi-
smooth Newton method [28] for a boundary control problem is implemented in COMSOL

multiphysics as

fem.globalexpr={"mu_a’ ’max(0®,ua(time)*alpha®-p)’
‘mu_b’ ’‘max(0,-ub(time)*alpha®+p)’ ’$\xi_a$’
'max (0,va(time)*alphal+p)’ ’'$\xi_b$’ 'max(0,-vb(time)*alphal-p)’}

3.3.1 Mesh indepedence

We obtain a finite dimensional optimal control problem by using finite element methods. If
we let x* and xﬁ be the solutions to infinite and finite dimensional problems respectively, it is
natural to ask about the behaviours of solutions as # — 0. We say that the solution method is
mesh independent if the convergence behavior of x* and x’;l gets more alike when 4 — 0. The
mesh independence of Newton-like methods are studied in [22]. Similarly, the mesh indepen-

dence of SQP and semi-smooth Newton methods are analyzed in [67] and [64], respectively.

The built-in nonlinear solver femnlin is an affine invariant form of the damped Newton

method. In order to show the mesh-independence as in [66], we use the relative error es-
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timator in femnlin, according this the nonlinear iterations terminate.

The solver femnlin we use is an affine invariant form of the damped Newton method. We
used different tolerances to end the algorithm. The value in the relative tolerance edit field
applies to a convergence criterion based on a weighted Euclidean norm for the estimated rel-

ative error; the solver iterations stop when the relative error is less than the relative tolerance.

Let U be the current approximation to the true solution vector, and let E be the estimated
error in this vector. The software stops the iterations when the relative tolerance exceeds the

relative error computed as the weighted Euclidean norm :

1 1/2
err = (Nzll JE /Wi)z) )

Here, N is the number of degrees of freedom and W; = max(|U,|, S ;), where S; denotes the

scaling which is the average of |U;| for all degrees of freedom j.

Mesh-independence was observed numerically for the one-shot approach for the unconstrained

and control constrained problems.

3.4 Numerical Results

Parabolic optimal control problems with and without constraints were solved using COMSOL
Multiphysics [37, 38, 39, 40]. COMSOL Multiphysics was used in [71] for the solution of

distributed optimal control of the unsteady Burgers equation.

Both classical gradient based approach solving the state equation forward in time and the ad-
joint equation backward in time and solving the the whole optimality system as an biharmonic

equation produces satisfactory results for the Burgers equation.

Run 3.1 (Distributed control problem without control constraint)
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We have chosen the following optimal control problem in [66] with the parameters & = 0.05,

v = 0.01, f = 0, with the desired state y,(z, x) = yg and with the initial condition

; 1
yo={ 1 in (0,2],

0 otherwise.

The numerical results for different space and time meshes are given in Table 3.1. The same

Table 3.1: Gradient method for the unconstrained optimal control problem.

AXmax = Atyax ([ (n un)llo  # iterations

272 0.09393 22
273 0.06725 32
274 0.07233 46
273 0.06926 73
276 0.06778 74
277 0.06716 53
278 0.06687 117
279 0.06674 126

problem was solved in [66] with augmented Lagrangian SQP method, and for a given tol-
erance €, mesh-independence, the convergence of the number of steps required in the finite
dimensional optimization methods for sufficiently small meshes and for different mesh-sizes,
was observed numerically. In our case, the convergence of the gradient method is controlled
by the difference of the current value of J(u) and the average of the last and first values of
J(u) as in [38]. Therefore, a similar behavior for the number of iterations as in [66] is given

in Table 3.1.

Figure 1 shows the computed optimal control u;,, the computed optimal state y;, and the asso-
ciated adjoint state u;, for the one-shot approach with adaptation for 4 = Ax,u., = 27°. The
numerical solutions obtained by the gradient method and by the one-shot approach without
adaptation are similar to those in Figure 3.1. The adaptive mesh for 1 = Axy. = 27 is given
in Figure 3.2. The numerical results for the optimal control and optimal state shown in the

Figure 3.1 are similar to those obtained in [66].
The numerical results for different mesh sizes are given in Table 3.2.
As indicated in [67], when a solution method is applied to a nonlinear equation and to a finite
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optimal control u,

optimal state Yh

1.5

Figure 3.1: One-shot approach with adaptation for the unconstrained problem with distributed
control.
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Figure 3.2: Adaptive mesh of the one-shot approach for the unconstrained problem with
distributed control.

42



Table 3.2: One-shot approach for the unconstraint control problem with distributed control.

Axmax [ wllg IV, wllo
with adaption  with femnlin
272 0.0683 0.0276
273 0.0663 0.0651
274 0.0667 0.0686
273 0.0667 0.0671
276 0.0667 0.0669
277 0.0667 0.0667

dimensional discretization of the equation, the behavior of the discretized process is asymp-
totically the same. As a consequence of this, the number of steps required needed to satisfy a
given stopping criterion to converge, tends asymptotically to a constant value, which is known
as mesh-independence. In Table 3.3, for different mesh-sizes and tolerances the number of
iterations are given. For sufficiently small mesh-sizes and tolerances, mesh-independence can

be observed numerically.

Table 3.3: Mesh independence for Run 3.1.

tol \Axpgxy 272 275 274 275 276 277

le-1 4 4 4 4 4 4
le-3 5 5 5 5 5 5
le-5 5 5 5 5 5 5
le-7 6 6 6 6 6 6
le-9 6 6 6 6 6 6
le-11 6 6 6 6 6 6

Run 3.2. (Distributed control problem with control constraint)

We consider the unilaterally control constrained bounded problem (u# < u) with the initial
condition yg = sin(13x), v = 0.1, u, = 0.3 and regularization parameter @ = 0.01 in [50]. The

desired state is taken as the initial condition y; = yj.

As for the unconstrained optimal control of Burgers equation, we use one shot approach and

iterative approach.
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In the following code, the state equation is solved using the iterative approach:

fem.equ.f = { {"u-y*yx’;0;0;0;0} }

fem=femdiff(fem)

fem.bnd.r = { {’y’;0;0;0;0} }

fem.xmesh = meshextend(fem)

fem.sol = femtime(fem, ’solcomp’,{’y’}, outcomp’,
{’y’,’p’,’u’,’vold’,’'mu’},’u’, fem.sol, ’tlist’, [0, 1],

... tout’,’tsteps’, 'maxstep’, 27 (-6))

Similarly, we have solve for adjoint, control and Lagrange multiplier variables. For a detailed

COMSOL script we refer to [38] and [39].

Numerical results of the gradient method are given in Table 3.4:

Table 3.4: Gradient method for the control constrained problem.

Axpmax = Atyax [ (yn, up)llg ~ # iterations

272 0.2466 55
23 0.2155 52
274 0.2082 65
273 0.2023 219
276 0.2006 524
27 0.2004 489
278 0.2003 580

Table 3.5: One-shot approach for Run 2.

Axpax MO, wllg IV(y, wllo
with adaption  with femnlin
272 0.1994 0.1684
273 0.2000 0.1985
24 0.2002 0.2000
273 0.2003 0.2002
276 0.2003 0.2003

From Table 3.6, the mesh-independence can be also observed numerically for the control

constrained problem as in [50] by using SQP methods.
In Figure 3.3, the computed solutions are given for the control constraint problem for Ax;,,x =

44



Table 3.6: Mesh independence for Run 3.2.

tol \AX,qx 272 273 274 273 276

le-1 4 4 4 4 4
le-3 5 5 5 5 5
le-5 6 6 6 6 6
le-7 6 6 6 6 6
le-9 7 7 7 7 7
le-11 7 7 7 7 7

276, The numerical solutions obtained by the gradient method and by the one-shot approach
without adaptation are similar to those in Figure 3.3. The adaptive mesh for 4 = Axpax = 274

is given in Figure 3.4.

The numerical solutions for the optimal control and optimal state in Figure 3.3, are similar to

those in [50].

Run 3.3 (Boundary control problem with control constraint)

We have chosen the space-time domain as Q = (0,1) X (0,1). We consider a Robin-type
boundary control problem with 8, = 0.05,8, = 0.01,09 = -0.1,07 = 0. The viscosity
parameter is v = 0.05. The initial condition is taken as yy(-,0) = sin(6x) and the desired state

is ya(x, 1) = yo(-, 0). The bounds for the pointwise bilateral control constraints are:
u, = —0.04, up = 0.06, v, = —0.04, v;, = 0.05.

A similar problem without inequality constraints is examined in [36].

We note that the controls are not descretized. This concept is studied in [21]. The variational
discretization concept is introduced. The state and adjoint state are discretized but an explicit
discretization is avoided for controls. Variational discretization considered in [21] allows the
easiest analysis of the discretization error. This discretization approach can be understood as
a generalization of the discretize-then optimize approach in which it avoids discretization of

the control space U.

The control variables on the boundary are defined in COMSOL as
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optimal control u,

optimal state Yh

Figure 3.3: One-shot approach with adaptation for the control constrained problem.
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Figure 3.4: Adaptive mesh of the one-shot approach for the control

constrained problem.
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fem.globalexpr={’u’ ’ (p+mu®-mul)/alpha®’
v’ ’(-p+eta®-etal)/alphal’ 'mu®’ ’'max(0,ua(time)*alpha®-p)’
'mul’ ’max(0®,-ub(time)*alpha®+p)’ ’etald’

'max(0,va(time)*alphal+p)’ ’etal’'max(0,-vb(time)*alphal-p)’}

The Robin-type boundary conditions, 7 - (Vy) + @y = g, are implemented as follows:

fem.bnd.r={{’y-y0(x)’ 0};{0 0};{0 'p’};{0 0}}
fem.bnd.g={{0 0};{’v/nu’ ’y*p/nu’};{0 0}
{’(-u-0.1*y)/nu’ ’(-y+0.1)*p/nu’}}

We have chosen the same step size for in space and time, i.e., & = A, = A,. The computed
optimal state and control variables are denoted by ¥, and i, respectively. Here, the subindex

h indicates the computed state and control variables with step sizes /.

Finally the postprocessing follows as

figure(l)

postplot(fem, ’tridata’,’y’, triz’,’y’)
figure(2)
postplot(fem,’liny’,’u’, ’bdl’,4)

hold on
postplot(fem,’liny’,’v’,’bdl’,4)

Since the exact solution of the optimal control problem under consideration is not known, the
values of the cost functional J are listed in Table 3.7. for a sequence of uniformly refined

meshes with 4 tending to zero.

We give the numerical results of the one-shot approach in Table 3.7

In [66], the mesh independence is obtained with respect to a stopping criteria defined in that

paper.
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Table 3.7: Run 3.3

hmax |G, )| I G, )|
femnlin adaption
272 3.8556e-2 3.8560e-2
273 1.7930e-1 1.8192e-1
274 3.9390e-2 3.9326e-2
275 3.8772e-2 3.8709e-2
276 3.8735e-2 3.8718e-2

Table 3.8: Run 3.3: mesh independence.

Nmax 273 274 275 276 27

tol=1e-3 6 7 7 6 7
tol=1e-5 6 8 7 7 7
tol=1e-7 7 8 8 7 8
tol=1e-9 7 8 8 7 8
tol=le-11 7 9 8 7 8

The optimal state y(¢), the optimal controls controls u(t), v(¢) and the adaptive mesh are given

in Figures 3.5-3.7, computed with the one-shot approach with the adaptive solver for /ipay.

For a comparison we give the numerical results of iterative method that is covered in [38, 71].

Table 3.9: Run 3.3: Iterative solution results.

h (IJGp, ap))ll  # of iterations

272 1.0096e-1 12
273 5.4849¢-2 12
274 4.4446e-2 25
275 3.3385¢-2 49
276 3.1437e-2 63

Run 3.4. (Boundary control problem with control constraint)

We solve the boundary control problem in [70], Run 8.1, p.24. The same space-time domain
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Figure 3.5: Run 3.3: optimal state

0.06

0.04

0.02+

-0.02

-0.04

Figure 3.6: Run 3.3. optimal controls: (solid lines) v(¢), (dotted lines) u(t)
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is used as in above example. We consider a Robin-type boundary control problem with 5, =

0.05,8, = 0.01,0¢9 = 0.1, 01 = 0. The viscosity parameter is v = 0.05. The initial condition

(0L
1. 0) :{ 1 in (O, 2],

0 otherwise.

is given by

The desired state is yp(x,#) = yo(-,0). The bounds for the unilaterally constraint pointwise

control constraints are:

-0.2 in [0,0.5],
ug() =4 -0.1+5(-0.52) in[0.5,0.52],
-0.1 in [0.52,1],

and

up, =0, v, = -0.25, v, = 0.

We note that since u, is not given exactly in ([70], Run 8.1 p. 24), we here solve a slightly
different problem. The results are almost the same. The cost function is computed as 0.0638
in cited paper. For our case the numerical results are presented in the following tables and in
the Figure 4.

Table 3.10: Run 3.4.

hmax IV Gn, i)l I ns )l
femnlin adaption
272 8.0100e-2 6.760e-2
23 1.7930e-1 1.7930e-1
274 6.7900e-2 6.4900e-2
275 6.5500e-2 6.4900e-2
276 6.5300e-2 6.4900e-2

Letting /1, = 2~* mesh-independence can be seen from Table 3.11.

We remark that because of the restrictions in Lemma 2 the choices of box constraints and
initial condition effect the existence of solutions in both examples. That is randomly chosen

initial values can not guarantee existence of solutions.
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Figure 3.7: Run 3.4: adaptive mesh
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Figure 3.8: Run 3.4.: optimal state
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Table 3.11: Run 3.4 : mesh independence

Nimax 273 274 275 276 77
tol=1e-3 13 9 9 9 9
tol=le-5 13 10 10 10 10
tol=le-7 13 10 10 11 11
tol=1e-9 13 11 11 11 11
tol=le-11 13 11 11 12 12
0.01
w““g"
w“‘@&
W'ﬂumwmgwwmmwm‘“mwww
| 0.‘4 0.‘5 0.6 0.7 08 0.8 1I

-0.09
0 0.1 0.2 0.3

Figure 3.9: Run 3.4.: optimal controls: (solid lines) v(¢), (dotted lines) u(t)
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CHAPTER 4

DISCRETIZE-THEN-OPTIMIZE APPROACH: ONE-SHOT
METHOD

In this chapter, we follow the discretize-then-optimize approach. This approach was suc-
cessfully applied to optimal control problem of Burgers equation with non-linear conjugate
gradient method in [13]. We will show by applying the discretize-then-optimize to Burgers
equation, the so called all-at-once type solution of the control problem leads to a saddle sys-
tem point problem with a symmetric, positive definite matrix A. The system Ax = b is usually

very large, sparse and bad conditioned.

The all-at-once approach was applied to elliptic linear optimal control problems in [48, 49,

47]. In [52] the all-at-once approach was applied to parabolic control problems.

We consider in this chapter both linearized and nonlinear control problem because of nonlin-
earity in the state equation. This leads to different control problems after semidiscretization
in space. Standard linear finite element approach is used for the space discretization. In first
section we consider the unconstrained and control constrained distributed control problems.
After linearization of the nonlinear term, we use Crank-Nicolson scheme for time discretiza-
tion. In the second part of the first section, the nonlinear state equation is discretized. We
use then semi-implicit time approach to obtain fully discrete scheme. At the end of the first
section we provide an a priori error analysis for the distributed control problem of Burgers
equation in order to see the accuracy order of all-at-once approach. The saddle point system
is solved either directly by using sparse LU-decomposition or by the iterative solver MIN-
RES (minimum residual method). The second section covers the boundary control problems.

Numerical results confirm the a priori error estimates and mesh independence of the solutions
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4.1 The distributed control problem

4.1.1 Semi-discretization of the linearized state equation

We consider the linearized Burgers equation (3.17) from Chapter 3:

Vi=Vxxt (V) = Jyx+u inQ,
y = 0 on X,
yO) = o in Q.

The state y, linearized state y and control u are disretized by using standard Galerkin method

with linear finite elements on the interval (0, 1) with n uniform subdivisions.

n

Y061 ~ Y VOB, 01 ~ ) TOG), and u(x, 1) ~ ) w®)gi(x).
k=0

j=0 =0

The test functions for the homogeneous Dirichtlet boundary conditions. The weak formula-

tion of the linearized Burgers equation becomes then

Ly < Ly < d g &G &
foﬁ_l(jzz(;yj¢j)¢idx+vfo Ec(jzz(;yj%)afﬁiderj; a(;)’kfﬁk;)’j‘ﬁj)@dx

“4.1)
1 n . 9 n . 1 n .
= \f(; (;yk(pk)a(;ykqﬁk)qﬁidx + L (; u1¢1)¢idx, i=1,...,n+1.

The semi-discrete system of ordinary differential equations are given by defining the vectors

y= ()’1(’), ---,)’n+1(t)), u= (Ml(t), () I/ln+1(t)) and )_’ = ()_)l(t)’ '“’.)_]Vl+l(t))’

My, + Sy + C(¥)y = q(y) + Mu, 4.2)

with the matrices S, M € RU"+DX0+D) are defined as

S <
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i —4)_7() )_)()+2)_)1 0 0
-2y +31) Y2 Yo 1+ 29
1
C@) =—
) G 0 0

_(2)_%—2 + ,)_771—1) )_’n - )_’n—Z )_’n—l + 2)_7n

0 cee 0 _(2)_)n—1 + }_in) 4.)_711 - )_’n—l

and
yi + Yoy — 2y;

1 n+1
q(y) = 5 Y2 4yis10i = yi2) =y, |ER™

22 = YNYN-1 = Yi_

The semi-discrete control problem can be formulated as

T T
min J, = f E(y - yd)TM(y —ya)dt + f %uTMudt 4.3)
0 0

subjectto My, + Sy + C(y)y = q(y) + Mu,

y(0) = yo.
4.1.2 Time discretization using Crank-Nicolson scheme

The Crank-Nicholson scheme is one of the most used method for the time discretization of

the Burgers equation, which is an implicit and second order method, [44].

Given 0 =1y <t <...<tys; =T, we define

Ati=tiy1—t, i=0,..,N, withAr_; = Aty =0.

Application of the Crank-Nicholson scheme to 4.3 gives

At; At;

. ‘ At; At;
(M + =S+ 7C(y’“))y’*1 +(-M+ 7’5 + 7’

= %(q(?’“) +q(F)) + %M(u" +u'*!) (“44)

CH))y'

yO)=yo i=0,..,N.
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We define

Y= (yl, ...,yN) and U = (ul, ...,uN),

where y' and u! correspond to vector valued functions at the time step i.

Then the full-discrete system in matrix-vector form becomes

g3 + 93" (- M+ 58S +5CF))yo
At At FH + q(¥?) 0
Ky - My = B TV,
2 2
g3 +qG) 0
0 d
with
M
Z
_ M M
7, 7
K = and M = s
- M M
Zy Zy
M M
where
At At . - At At .
Zi=M+—=S +=CF'", Zi=-M+ =S + —C§F
i > > ¥ Z > > "
fori=2,...,N.

Thus, we obtain the representation of the unsteady Burgers equation with Dirichlet boundary

conditions in the following form

At At
KY - —MU=—0+d.
2 M 2 Q
For discretization of the cost function, we use the trapezoidal rule

N+1

. At; + At (1 T a r
§ L " —(y- M(y - —u’ Mu]. 4,
min 5 (2(y ya)' M(y —ya) + ;W Mu 4.5)

When we collect every time step in a block, the functional J,(Y, U) can be stated as

57



At alt
YUy = (¥ = Yo) " Myjp(Y = Yy) + TUTMWU

with the matrix

D=

M = € RU+DXN(+DXN -

1
M

Remark 1. If rectangular rule instead of trapezoidal rule is used M, has the last block to

be 0.

Both trapezoidal and rectangular rules give the same results. Therefore, we have performed

our computations with the trapezoidal rule.

The optimality system containing first order optimality conditions is obtained by introducing

the extended Lagrangian containing the Lagrange multiplier P [58].

At alt
LY, U,P) - = (Y = Yo) Mip(Y = Ya) + —=U" MipU

(4.6)
+ PT(=KY + AAMU + Q + d).
The optimality conditions are given as
VyL(Y*,U*, P*) = AtMyp(Y* = Y) = KT P* = 0,
VpL(Y*,U",P")= —KY "+ AMU" + Q+d =0,
VuL(Y*,U*, P*) = aAtM; pU" + AtMP* = 0.
The first optimality condition gives the discrete adjoint equation
~KTP* = AtMy jp(Y* = Yy). (4.7)

Remark 2. The matrix formulation of discrete adjoint (4.7) corresponds to a backward Euler

scheme as
p1+1 _ pl ) )
T A Ap' =y —ya.
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This scheme is not consistent with the continuous adjoint mentioned in Chapter 1. Another
difference occurs at time level = T. When the trapezoidal rule is used the system (4.8) shows
that p is not necessarily equal to O at # = 7". This obstacle can be overcame by letting At — 0.
However, we remark that when rectangular rule is used, the final block of the matrix M ; is
0. This shows that final time condition of discrete adjoint is satisfied. Numerically, there is

not big differences when we choose sufficiently small Az.

Finally, the optimality system can be written as

M 0 KT Y MY
0 aAtM, /2 %M U |= 0 . (48)
-K  IM 0 P Q+d

pe

The solution of the above system will be handled in the implementation part.

4.1.3 Time discretization with the semi-implicit method

We give first the space discretization of the nonlinear state equation using linear finite ele-

ments

1y & 1y & d
fo‘a(jz:(;)’j¢j)¢idx+vfo‘ a(;w%)a@dx
1 a n n 1 n
- f 22D Vit yid)idx = f (D wen)gidx,
0 OX 95 =0 0 =0

wherei=1,...n+ 1.

Using the vector valued variables defined in the previous subsection, we get

My; + Sy + q(y) = Mu. 4.9)

Then, semi-discrete control problem follows as
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T T
min J, = f E(y - yd)TM(y —yq)dt + f %uTMudt (4.10)
0 0

subjectto My, + Sy + ¢q(y) = Mu,

y(0) = yo,

where M and S are mass and stiffness matrices, respectively.

Semi-implicit time approximation [44] consists in evaluating the diffusive part y,,, at the
time level #;;,1, whereas the remaining parts are considered at time #;. When this scheme is
applied to a non-linear advection, it provides an efficient linearization. Full discretization of

the Burgers equation with Dirichlet boundary conditions can be stated as

RO =y ) + (VYL V) + (v VYL ) = (f (i), 1),

¥ = you , forany ¢, € Vi, fori=0,...,N.

Discretizing the variables we obtain

(M + AtS)y'™ — My’ + Atg(y') = AtMu'™",

4.11)
y(0) =y fori=0,...,N.
Let O = (¢(y)), ..., q(y")) for N time-steps. Then
z -My° + Atq(y®)
-M Z - 0 ~
-M Z 0
« d
where Z = M + AtS, and M = blockdiag{M, ..., M}.
Optimality conditions result in the optimality system as
M 0 —KT Y MYy
0 a’AlMl/z AZ‘M U |= 0 (4-12)
-K  AM 0 P d+Q
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4.1.4 Solution of the optimality system

In general, there exists two general approaches for solving optimization problems. The first
is to use an existing PDE solver for the constraints to compute y as a function of u and eval-
uate cost function J(y(u), u). This approach is referred to as the “’black-box™ approach. In
other words, an existing algorithm for the solution of the state equation is embedded into an
optimization loop. To obtain an efficient and fast optimization algorithm, gradients are re-
quired. Computation of the gradients can be done by adjoint or sensitivity approaches. When
the PDE is non-linear as for the Burgers equation, the state equation has to be solved several

times, which might be costly.

The second approach is all-at-once methods. This method threats the control and state vari-
able as independent of optimization variables. The obvious advantage of all-at-once approach
is avoiding the repeated solution of (non-linear) state equation. Optimization algorithms of
this class requires the solution of the linearized state equations. In recent years, there have
been an interest in all-at-once type methods for solving optimal control problems. There are
many concerning elliptic problems [53, 2, 33, 47, 49]. However there are only a few published
results for parabolic problems [52, 13, 35, 34].

To implement an optimization problem, the gradient based methods are usually applied. Al-
though their performance is efficient and fast it is usually cost to compute gradients. Because
all-at-once methods treat the control and state as independent optimization variables, the op-
timization problem is explicitly constrained. That is the state Y, the control U and the adjoint
state P can be solved explicitly. The systems (4.8) and (4.12) solve the optimization variables
in one-step. We note that they are very large and contain zero blocks because of the matrices
M and S coming from the finite element discretizations. Indeed, the discretization of many
problems lead to large dimensional systems which are usually of saddle-point type. In recent
years, many efficient solution methods were developed for optimal control problems using

all-at-once type methods [48, 49, 34, 35, 52, 53].

Both (4.8) and (4.12) lead to a saddle point type problem. A saddle point problem is Ax = b
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with
E LT
L C

where the matrix A is a symmetric and indefinite, which is usually bad conditioned and in-

vertible when L has full rank. The matrix C is usually 0.

For Crank-Nicolson discretization (4.8), we have

M 0
E =
0 CL/AIM]/Q
By defining
Y MY,
x:=|U ,L::(_q( AtM)andb:: 0
P d

we obtain the saddle point formulation. It is also called KKT-matrix, which corresponds to
Karush-Kuhn-Tucker first order necessary optimality conditions. Similar saddle point system

is also obtained for the semi-implicit discretization (4.12) with a different matrix E.

For a saddle point system both direct solver and iterative methods can be considered. When
the dimension of the problem is not huge, direct solver can be used. That is the system Ax = b
can be solved by sparse LU-decomposition. Direct solvers are faster than the iterative solvers.
However when the dimension of the problem is large then an iterative solver has to be used

because of memory problems. In the following subsection, we present first the direct solver.

4.1.4.1 Direct Solver

Since we have one-dimensional parabolic problem, the optimality system Ax = b can be
solved directly by using sparse LU decomposition. We note that due to the linearization there
has to be an outer iteration in the solution algorithm. The direct solution of Ax = b can be

summarized as follows:

Direct solver for the all-at-once method with Crank-Nicolson discretization
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1. Given Uy, Yy, tol > 0. Setk =0
2. Setdone = inf
3. While done > tol

3.1 Setk=k+1
3.2 Update K using computed Y, in the place of ¥

3.3 By using LU decomposition solve

M 0 KT | v MY,
0 (ZAtM[/2 %t/\;( U |= 0
& s o Jlp) | 0g+d

3.4 Setdone = ||Yir1 = Yill + |Prs1 = Pill + IUks+1 — Ukl

4. End while.

4.13)

We note that the block matrix K depends on Y , i.e. it has to be updated after every calculation

of the state variable.

4.1.4.2 Iterative method

Generally, the KKT matrix is bad conditioned. When an iterative solver is used, the conver-

gence may be slow. In this case, preconditions must be used to accelerate the convergene.

A preconditioner is a matrix that transforms the saddle point problem into a system hav-

ing better spectral property. The preconditioned solver will then solve an equivalent system

P~1AX = P~'F. The matrix P has to be cheap to be inverted and has to cluster the eigenval-

ues of P~1 A [2, 18].

We note that when A is nonsingular then the following block triangular factorization holds

I E'LT
0 I

PRSP P
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where § = LE'L” is the Schur complement of E. This factorization gives an idea about
preconditioning. As for solution method various preconditioned Krylov subspace methods or
multilevel methods can be considered to increase the convergence rate [2, 12, 33]. Among the

Krylov subspace methods there are several preconditioning techniques:

e CG, MINRES, and SYMMLAQ require positive semi definiteness,
o SQMR requires symmetric matrix,

¢ GMRES.

We use the minimal residual method (MINRES) for solving the saddle point problem (4.13).
MINRES computes a sequence X; for each residual r, = AX;—B by constructing the following

Krylov subspace

span {ro, Aro, A%rg, ..., Afrg},

where k = 1,2... denotes iteration number. Within the MINRES algorithm the residual norm
||| is minimized over the Krylov subspace.

For elliptic problems the preconditioners for the MINRES algorithm have the following:

with § = BA~!BT . For the matrix

M 0 -KT
A= 0 aAt M, /2 AtM |,
-K AM 0

the following preconditioner is proposed in [52]

M 0 0
P=] 0 aAtM 0
0 0 S

with $ 71 := KT MK L.
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4.1.5 Control constrained problem

In case of box constraints for the control variable
uy(t, x) < u(t,x) < up(t,x) in Q,

the variational inequality gives rise to the following optimality condition (see Chapter 1, Eq.

2.10)

(U - U'VyL(Y*, U*, P*) = (U = UH (aAtM; oU* + AtMP*) > 0. (4.14)

Similar to unconstrained problem the augmented Lagrange function is introduced [58]

At alt
uxuaMww:vgw—nmew=xn+34ﬂMmU
+ PT(=KY + AMU +d) + il (Uy = U) + p (U = Up),

where p, and y;, represent the Lagrange multipliers for the inequality constraints on the con-

trol variable defined as

Ha = (@AM U™ + AtMP*)" and py, := (@AtM U™ + ALMPY)™.
We consider an extension of theorem in [58] about the optimality conditions to N time-steps.

Theorem 4.1.1 For an optimal solution (y*, u*), there exists Lagrange multipliers p, u,, and

such that

V)/L(y*9 M*, p*yua’ub) = 05
VUL, u", p*, tas 1) = 0,
ﬂa 2 07 /‘lh 2 07

g g = u") = iy (u” — up) = 0.
4.1.5.1 Active set method

The optimality system with the control constraints are solved usually with the active set meth-

ods. This method was introduced in [3]. For a detailed discussion of active set methods we
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refer [3, 58].

We define the following sets

Ay i={ie{l,...,N}: (U =i > (Up)},
A_:={ie{l,....,N}: (U = )i < Uy},

I:={1,2,...,N\N(AL UA_).

Then, the optimality system [26] can be written as

Al‘Ml/z(Y* —-Y) - WTP* =0,
At ~
Y + ?tMU* —d,

At o~
a'AlM1/2U* + ?)(IMP* = CMAIMUQ(X,‘L Ua + xa,Up),

where y denotes the characteristic function of the given set. The following algorithm consists
of the solution procedure of active set strategy applied to inequality constrained problem with

semi-implicit discretization.

Inequality constrained problem with active set strategy.

1. Solve
M 0 ~KT Y MYy
0 aAl‘Ml/z Aty M U |= (YAZ‘M[/Z(XA, U, + XA, Ub)
-K AtM 0 P d+Q

2. SetA, = {x € Q: —aAtMpU, — ¥ MP < 0}
3. SetA- ={x € Q: —aAtMpU, — FMP > 0}

4. Set] = QO\(AL UA_).

It is similar for Crank-Nicolson scheme. We change just the matrix formulation.
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4.1.6 A priori error analysis of the control problem

Error analysis of optimal control problems has a recent history. Hinze and Troltzsch provide
error estimations for optimization variables considering different discretization techniques
for control variable [21]. Maidner and Vexler examine a priori error analysis for optimal
control problems using discontinuous Galerkin methods in space and time [30, 31, 32]. In this
subsection, we first find error estimations for Burgers equation. Then we consider the discrete
adjoint and show the stability and convergence of adjoint state. Then, en error estimation
for control variable is given. At the end of subsection, we obtain error bounds for control

constrained problems.

4.1.6.1 Error analysis for the state equation

In this subsection, we shall show the stability and convergence for both semi-discretized and
fully discretized Burgers equation. We first let the control # = 0 to analyze Burgers equation.

We later find error estimates for control u.

Burgers equation equation with homogeneous Dirichlet boundary conditions follows

Ve = VYxx tYVx = f in Q’
y(t,0) =y 1) = 0 onZ, (4.15)
y(0) = yo inQ.

Now we multiply both sides of the state equation (4.15) by a test function w € Hé (Q) to get

W) + vy, Wy) + Oy, w) = (f,w) Yw € Hé(Q) ae.t€[0,T],

where (-, -) is the inner product in L*(Q). We assume yo(x) € L*(Q) and f(x,1) € L™(Q). The

weak formulation follows
s W) + V(3 W) + Oy, w) = (f,w) Yw € Hy(Q),

¥(0, ) = yo(x).
4.1.6.2 Semi-discretization

After selecting the space S, C Hé (Q), we let y(r) € S}, satisfying
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O w) + v wo) + YL w) = (f, w) Yw € Hy(Q),
(4.16)

Y0, = yon,

where [youlr=@) < [yolr=(@)-

We assume that the polynomials of degree < p over any mesh have the following property

inf {[lv — xIl + AV = )ll} < CR*| vl (4.17)
XESh

forl <s<p+1=randve H(Q)U Hé(Q), where || - || is the norm on H®. Then, the

problem (4.16) has at least a solution [Lemma 4.3,p. 52 of [29]].

Theorem 4.1.2 (Stability) The approximate solution y" of (4.16) is stable. For any t > 0,

! !
O +2v f 9y (el < IO +] f (Foy)ldr
0 0

and

sup Iyl < C(f,y0)

0<t<T

for a constant C that does not depend on h.

Proof. We take w” = y" in (4.16). Then

B+ v Y+ OV = (f™)

ld e hy 2 h
- — \Y% =(f,y).
= 5 VI VIV = (£.5%)

We obtain the first result after taking integral from O to ¢. Taking supremum of each side and

applying Cauchy-Schwarz inequality on the right hand side gives the second result. |
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Theorem 4.1.3 (Convergence) Let y' and y be solutions of (4.16) and (4.15), respectively.
Then,

Iy () = y(®)Il < Cllyon — yoll + A"

with C = C(y).

Proof. For the purpose of the proof we introduce the Ritz projection P; from HO1 (QQ) into S,

as the orthogonal projection with respect to the inner product (vy, u,) so that :

((P1u)y, wy) = (ttx, wy) YW € S

This projection has the following properties ([54])

(P1v = )il < CH YLy,
IP1v — vl < Ch°| Vs,

for 1 < s <randve H(Q)NH)(Q).

Let

Y=y =0"-Piy)+Pry-y =" +p.

The second term is bounded by the properties of the projection Py,

oIl < C1(»h" and [loxl| < Cr()A™".

Then, it is enough to estimate 1. We note that

(vi’, w) + v(vﬁ, Wy)
= (W) + v we) = (P = Ly, w) = v((P1y)x, Wy)
=~y W) = (P1ys, w) = (¥, Wy)

=~ w) = (Pryn w) + 5 w) + (7Y, w)

Oyx =YY w) + (3 = Pry,w)

= —(o5, W) + O = ") = Y = ¥, ).
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Let w = v". Then, by Young’s inequality we get
ld, 0 hij2
EEHV 17 + viivill

= ~(op V") + O = Y = Vi = ¥,V

< oIV + 15O = ¥, VI + 167 = ¥, v

C
< CeV|? + ;nptu2 + 15 = ¥ VO + 16 = ¥, V),
and, y" —y = v — p implies that
[5G = )0 VO < G VO + [V, V)]
Ly L

10 = Y, VD] < i VO 0V V).

L Ly

For a trilinear term defined by b(y, u,v) = fQ yu,vdxdt the following estimates can be used
[11]:

by, u, )| < ClIYIM 2yl v,
1@, y, )| < CllyxlP2 Il
Then, by using Young’s inequality
Ly = |Gpx V)
< CIV'IM2 VA2 oy
C
< Cel|V!|* + 6—1||px||2||y||2,
and,
Ly = oV, v
< CIVIIMA APy

C

hy2 I

< Calvill” + IV
2

Similarly, we obtain

Ly = y'p,v")|

< Clio Y |

X

C
hy2 211112
< CelWill” + E—3||Px|| Iyl
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Writing y" = v + Py and using (yy", y") = 0 give

(V" + Piy) o V) = (V) + (Pry) V)

= ((P1y)V",V").

Using the definition of the projection operator P; and letting w = Py we get ||(P1y)x]| <

Cllyxll. Then,
Ly < CIV I IVEIR21(Pyy)il
< CIV'IM2 IRyl
C
< CealViP + < IV IPlly.ll*.
€
It follows that
1d hy 2 hy 2
—— ||V + V||V
5 2 VI + vl

C
hyj2 2
< Cellvill® + —llordl™ + Ly + Lo + L3 + Ls
C C C
hyj2 2 hy2 2014112 hy2 "
< Cellvill” + —lloddl™ + Celvill” + E—lllpxll IVII™ + Cellvill” + = IVl

&

C C
hyj2 201112 hyj2 21 114
+ Ce|Ivill” + g”ﬂxll yxll” + Cealvill” + = IV«

&

Lettinge=¢, == =¢ = % gives

1d
5 7P < CONllpE + loaIPANIE + 1511 + VI

4 2 R 114 o (R
+1yall™) + ol + IV IFy™ + eIV

Integrating over [0, f], t < T implies that

!
IV'OIF < IVO)I? + C(v) fo o + ol Py + I3 + IV Iy

+ yall®) + llol*}d.

Cauchy-Schwarz inequality and Theorem 4.1.2 give the following
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T
f PP + I 1P)dr
0

2 2 h2
S C||Px||L4(0,T;L2(Q))(||}’”L4(0,T;LZ(Q» + ||yx||L4(O’T;L2(Q)))'

By assumption y, y, € L4(O, T, Lz(Q)), Gronwall’s inequality, see Chapter 2, shows that

A
IV'OI* < CIV'(O)P+C(v) fo lod? + lloxl* + llol?}dx.

Also,
IV'(O)II < llyon — P1y(O)ll
< llyor = yoll + [1P1y(0) — yoll
< llyor = YOIl + CHllyoll;-
Thus,

V'Ol < Cllyon — yoll + B,

which completes the proof.

4.1.6.3 Fully discretization
We formulate two different fully discrete finite element schemes arising from Crank-Nicolson
and semi-implicit time approaches.

Similar to linearized Burgers equation in Chapter 3, Eq. (3.17), we can write the linear prob-

lem with homogenous Dirichlet boundary conditions as
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Yi— Ve +Byxtyy = f inQ,
y = 0 onZ,

yO0) = yo mQ.

Scheme 1 : (Crank-Nicolson method) Given Find y;; € V}, such that

LIy wn) + B(VYi 4 Wy V) = (it + i Vwy,)
+%(y;'l+1 +y§,’W11) = %(f(tl) + f(ti+l)>Wh), 4.18)

0 _
Y, = Yo » forany wy € V.

Scheme 2 : (Semi-implicit time approximation) For eachi = 0, ..., N—1 evaluate the second
order term at the time level #;;1, whereas the remaining parts considered at the time #,. Find

y;; such that

1 (y,i+1

RO =y wi) + (VYL Vwy) + (0 9y wi) = (f(tien), i),
4.19)

0_
Y, = Yo » forany wy, € V.

‘We consider first Crank-Nicolson scheme. The error estimates are covered in [44] for the lin-
ear parabolic problems with Crank-Nicolson scheme. So that we refer to [44] for the proofs

of the stability and convergence results.

Theorem 4.1.4 (Stability of the Crank-Nicolson scheme) Let yo, be given and n > 0. Then,

approximate solution of (4.18) is stable and satisfies

T

ni2 2 2

”yh” < C(”)’O,h” + 2V||f”L2(O’T;Q))’
with a constant C independent of h and n

Theorem 4.1.5 (Convergence of the Crank-Nicolson scheme)
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Assume that yy € H} 0(€2) and the solution to (3.11) is such that D e L*(0, T;Hé(Q)) and

or
gg € L*(0,T; L*(Q)). Then Yy, satisfies

nﬂ—ﬂmWsMLJMﬂwW+wm@mmmp—mmw

C fiv1 C 4 fiv1 33
A m><ww (”nf =2 pasle),
th tn

where C* and C only depend on Vy and v.

Remark. As a corollary of the Theorem we can state that the expected order of convergence

is O(h + k).

Now, we shall obtain the stability and convergence of the semi-implicit scheme.

Theorem 4.1.6 (Stability of semi-implicit scheme) The solutions to Scheme 2 is uncondition-

ally stable and

. TC
DI < C (ol + S0 1) (4.20)

where C and C* are constants independent of h, At and v.

Proof.

Letting wy, = ’” gives

+l”2 i+1 l+1||2

1 .
nw Tl + ny =yl + vy,
-vﬂmfﬁ+mm&ﬁ)
S VANSADIES GRS
Note that, using Young inequality implies

MWJW<AMWM+HWW,
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and

C
|(Ftien) ¥ | < 2—6ll(f(t,-+1)ll2 A

It follows that

l+1”2 i+1 l+1”2

IIy — VhlF + vy,

2 —
2Atlly,,ll 2Atlly
| 1 2 1
< —ZEIIszI IVyEIR2 + = IIVy’+ >+ _26||f(ti+l)|| + = IIVy’+ I1%.

Choosing € = v gives

P2 2
A [

||y < —||yh|| 2IVyLIE + vn(f(m)n?

2At“yh

Let now m be a fixed index, 1 < m < N. Summing over n from 0 to m — 1, we find

CAL"A [ in iy AIC
2 2 12019 112 T
1P < llyol +2—V,;)(“y"” 19941 + S IR

We use discrete Gronwall inequality to get

||yz||zs(||yo,h||2 ||f||L2(0m))exp( Zn Vy,IP).

We let C* = exp( 2y ||Vyh||2) to get

TC
2 * 2 2
I3 < C*yonll + S 112 0.
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Theorem 4.1.7 (Convergence of semi-implicit scheme)
Assume that yg € HI(Q) and the solution to (4.15) is such that ay e L*(0,T; HI(Q)) and

gtzy € L*(0,T; L*(Q)). Then, Yy, satisfies
Y=yl

tit1

< I = POy(@)IP + exp(C* tn){llyho—Plyoll +—II( (- Pl)_(s)dSH

1

CA 2 [l g2y AD*C(Vy(1 livl @
(&) ||f 22 (s)dsl + Mnf 2 (5)ds ||2}

where C* only depends on Vy and v.

Proof.

We define ¢’ = y;l —y(t;). Letn’ = y;l — P1y(t;). Then, ' = i + Pyy(t;) — y(t;). Since

IP1y(7) =yl < Chlly()l,

7' is bounded. We have

1 . . .
A—t(n’” — 17, W) + (Vi Vwy)

1 .
= _E(Pl)’(tiﬂ) = P1y(t)), wp) = v(VP1y(tis1), Ywp) = 0, Vv, wi) + (f(tis1), wa).

Also, we note that by definition of Py,

V(V(P1y(tix1), Vwp) = v(Vy(tis1), Vwy)
5 4.21)
= —(Ey(fm), wp) = (i) Vy(iv1), wi) + (utis1), wh).

Then,

1 .
E(n’“ n'wn) + (Vi V)

0 L
= —E(PIY(ti+l) = Pyy(t;), wp) + (a—ty(t,url), wp) + V(i) VY (tic1), wi) = v, Vg, wa).

The first two terms of the right hand-side can be written as
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1 0
- E(Pl()’(tiﬂ) = Pi(y(t), wp) + (Ey(fm), Wh)
1 ti+1

0 0
= (| a=POZ@dsw) + (Ftien) -

In

1 ti+1 ay Tit1 aZy
= E(L - PI)E(S)dS, wp) + Al(‘ft ﬁ(s)ds, wh).

n

Y(tiv1) — ¥(&)

At ) W/‘l)

Let wy, = "1, It follows that

i+12 i+1)12
I - Al

1 1 i
— — \Y
ol 1P+ Vv
1 fivl o ) fiel 52 )
< —|¢ f (I = P2 (s)ds, )| + Ao f 2 (s)ds, )|
t"Js, ot n Ot

+ |0 Vyltian) = ¥, Yy, ).

Consider the term (y(f;+1)Vy(fi+1) — ¥} Vyi, n'*!). Adding and subtracting terms yield

Gt DVt 0™ = 04, Vy). 1
1 . .
= —E(y(fm)y(tm) — iyl Vit

1 o . .
= _5(()’(ti+l) — YE)Y(tir1) + ) = ¥y, + YA G(tie1) = ¥3), V'™ h.

Also,

OEir1) = ¥3) = 01 = Y0 + 3(E) = ¥j,)-
Then, using the boundedness of Vyél we get

|G ) VY ), n* ) = 64,V 1|
< C||Vn"“||(||Vy<ri+1>||||y(rl-+1) = Y@l + VY llly(e) = v
+ [IVyEllllyCtis1) = Yl + IV y@ly(E) — yi,u)
< COVYEDIVH ™ lly(Eien) =yl + COYODIVE @) =yl
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Now, using y(ti1) = y(t) = Ar [ G (s)ds

n

7



i+1”2 l+1”2

1
VL I|77 11 + vV}

< —|< f T Pl)—(S)ds 7| + Ad¢ f "L (s, )

X tl+l _ . .
+ AlC(Vy)IVR I f —(s)dsn + C(Vye)IVE 'l

ti+1

C v CAr, (1 9%y
<] d- Pl)—<s>ds|| + = |IVp** + —I f (s)dsu + ||Vn'+‘||

4
AtC(Vy(tz))”ft’” dy

Y (syaslP + ||Vn"“||2+—( )

. 4 .
711> + ZIIVU’“IIZ.

Then,

; C lit] C At)2 lit1 82
1% — ||77||2<—|I( (I~ Pl) ()d I + ( ||f ()dsu2

In

(At)ZC(Vy(tz))” f fi ﬁy AtC(Vy(tz))

(s)ds|* + 71

Summing over n from 0 to m — 1 and using discrete Gronwall inequality imply that

ti+1

C
"1 < onll® + exp(C* zn>{—||< (- Pl)—(swlsn2

tn

CA2 ”ﬂ# AN C(Vy(1; fitl
(ﬂnf ()ds|? + (Ar) (ﬂﬂ“]‘ y)dw}

4.1.6.4 Error analysis for the control problem

We first obtain weak formulation of the discrete adjoint with respect to both time approaches.

We obtain error estimations for adjoint then.

4.1.6.5 Discrete adjoint and error estimates

In this subsection, the semi-implicit scheme is covered in detail and the results for the Crank-

Nicolson scheme are presented only.
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The optimality conditions obtained in Eqn. (4.11) leads to an adjoint for each time step as:

(M + AtS)p' — Mp™' = AtM(y' - yq)

p(T)=0 fori=N,..., 1.

This corresponds to a weak formulation following as

(L = i wh) + (YL, Vwy) = (0(8:) = ya(ti), w),
(4.22)

p,{ =0, forany wy, € V.

Theorem 4.1.8 (Stability with respect to Semi-implicit scheme) The solution to (4.23) is sta-

ble and satisfies

. TC
Pl < C*Uprall® + - I1fllz2 0 7:0)

Proof. We let w;, = pﬁl. We perform the same strategy as in Theorem 3 and result follows.

Now we find an error bound for adjoint variable.

Theorem 4.1.9 (Convergence for the semi-implicit scheme)

Assume that the solution to (4.23) is such that % e L*(0,T; H(I) (Q)) and
P ¢ 12(0,T; L2(Q). Then pl, satisfies

or?
C. (" a9
N4 0 at

C(At)2 ' fln 62_p
0

+ (s)dslf? + <Az>2||y<riwp<r,~>||2},

y or?

where C* only depends on Vy and v.
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Proof. Since y; is stable then for simplicity let us consider the following weak formulation

.. . .
P~ Pyt wa) + (Y}, Ywn) = (fwa)

Following the same procedure as in the proof of convergence theorem of state equation, for
i=N,..1weget

Lo i

A_t(n -0, wh) + V(Vnh’ Vwp)

1 -
= _E(Plp(ti) = Pip(tiz1), wn) = v(VP1p(t), Vwy) + (f (), wp).

Using the definition of P; and continuous adjoint equation given by

pi +VAp* +y*'Vp* = y;—y* inQ,
p,0)=p*(t,1) = 0 onzx,
p(T) = 0 in Q.

It follows that

1. .
1 =t W) + (Vg V)

1 d
= —E(Puv(ti) — Pip(tit1), wp) + (Etp(ti), wi) + OtV p(t), wi),

then,

LT S ST TR S |
JES— —_— +_
A I = Sl + 5=l

1 fi op ; i 9%p ; ;
< < [¢ f, =P )| + A f, ) =7 (s, )| + |0 Vp), 1)

iR i 12
C= T+ VIVl

Considering the term (y(t;)V p(t;), 1) gives

|0V, 0|

= |0 Vp@).n' =" +q™h)|

i i+1 i+1
< |0@)Vp).n' = n™*H| + |0 Vp@)). n™*h)|
At | At 1.

< 2wtV t'2+— l_l+12+_ £V t'2+— z+12‘

<3 ly(@)V p(@)ll 2Atlln 7| > ly(@)V p(@)ll 2Atlln |
Then,
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7 1% = g™ 117 + 24001V 2
ti 0 ) ti 62 )
<2|( f (I = PO (s)ds, n)| + 2(A0°|( f 2L (s)ds, )|
fi+1 ot i 01

+ (AL |y V pe)l? + 1%

Summing over N to 0 and using Gronwall’s lemma give

C fi 0
"I < llgrall® + exp(N){;n( = Pl)a—f(smsu2

tit1

C(An?* (" o
+ SE [ SR s + AP TplP
v liv1 or

Remark. As a corollary of the Theorem we can state that the expected order of convergence

is O(h + k).

Similar to semi-implicit scheme, we can derive the stability and convergence results of dis-

crete adjoint obtained from the control problem with Crank-Nicolson time scheme.

We consider the continuous adjoint equation

pi +vAp* +pVp* = ys—y" inQ,
pit,0)=p*@,1) = 0 ony,
p*(T) =0 in Q.

Then, the weak formulation follows as

a(PL =PIt wi) + v(Vpl, Ywn) + B(Vpwa) = (v} = ya» wa),
4.23)

p}{ =0, forany wy, € V.

Note that Crank-Nicolson scheme applied to above formulation satisfies the stability result as

in Theorem 4.1.4 and convergence follows from [Theorem 11.3.2, [44]].
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Theorem 4.1.10 (Stability for the Crank-Nicolson scheme) Let pr j be given. The solution to
(4.23) is stable and satisfies

T
1P < CAPTall + ~I 120 700

where C is a constant independent of h, At and v.

Theorem 4.1.11 (Convergence for the Crank-Nicolson scheme)

Assume that the solution to (4.23) is such that 6” e L*(0,T; H(I) (Q)) and
PP € 120, T; LA(Q)). Then p! satisfies

P} = pt)I?

sMLJmme+mm0m%wm—Pmm2

Cant (™o
—mj‘u m»—<wn2 (t)yf <>dw ,

where C* only depends on Vy and v.

4.1.6.6 Error in the control variable

In this section, we find an error estimate for the control variable. Actually the error analysis

of control variable is related to adjoint equation. The following theorem shows this relation.

Theorem 4.1.12 The solutions to continuous and discretized control problem satisfy

_ 1 _ _
iz — i, < allp—pﬁll + ||z — Pyal|. (4.24)
In order to prove the Theorem 4.1.12, we need some results related to the cost function. We
recall the continuous cost function
1 2 a2
Ty = 1y = vally + 5 lullp -
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The reduced cost function can be stated as

J) = J(S ), u),

where S is the solution operator as defined in chapter 1. The derivative of the reduced cost

function can be stated as

J')(6u) = (p, ou) + a(u, ou),

where p corresponds to the adjoint variable. The necessary and sufficient optimality condi-

tions read as

J (@) (6u—u) >0 You € Q, (4.25)

and

7" (u)(Su, 6u) > al|dull®> Véu € Q, (4.26)

where # is the optimal solution.

We can derive similar results for the discretized problem. We assume that S, is the discrete
solution operator between control and state variables. We let jun(u}) = Jun(S (), uy). Then,

the optimality conditions give

T @G — &) > 0 Voul €V, (4.27)

and

o @G}, oup) = allsulll> Voull € V. (4.28)

Lemma 4.1.13 The error between the solutions of the continuous and discretized control

problem satisfies

17" @)(r) = jrpy O < 1) = plllirll foru, r € Q.
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Proof. Since

J@)(r) = (p(u),r) + a(u, r) and jj, (u)(r) = (p(), r) + a(u, 1)

implies directly
17 @)(r) = i, @I = l(pG) = pj ), I < llpQ) = pjallliFl.
|

Lemma 4.1.14 Let u be a given control. The error between the continuous state y and the

discrete state y, can be estimated as:

For semi-implicit scheme

Iy = il < C(ADY2|lu - gll + Oh + Ab),

where g € Q and O denotes the order.

Similarly, for Crank-Nicolson scheme

Iy = Y71l < C(AD2|lu — gll + Ok + (AD?)).

Proof.

We take u instead of f in the Eq. (3.11) and ¢ in the place of f (#*1) in (4.19). Then we have
additional terms to Theorem 2.2. Proceeding the same steps gives the desired result. It is

obtained similarly for Crank-Nicolson scheme.

Lemma 4.1.15 Let g be a given control. The error between the continuous adjoint state p

and the discrete adjoint state p, can be estimated as:
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For semi-implicit scheme

llp = pjll < CAtllu — gll + OCh + Ap),

where q € Q and O denotes the order and C is independent of h and At.

Similarly, for Crank-Nicolson scheme

lip = Pl < CAtllu — gll + OCh + (AD).

Proof. The same procedure holds as in the proof of Lemma 4.1.15 |

We now come to proof of the Theorem 4.1.12. Let & and i) be the optimal solutions to discrete

and continuous control problems, respectively. For an arbitrary g we write

= =N _ = —n
U—iy, =i—q+q-—i.

From (4.28)

allg = @ < jil Qg -, q i) = j, @)q) — @} — j, @) — ).

From optimality we have

T @)y, — ) = 0 = j'(@)(q), — i) (4.29)

Then,

allgy = I < Ji, @(qy = i) = ' @)y — i)

< llp@) - ph@lligy — ;.

Finally, |lg, — |l < C—llllp(ﬁ) - p,@Il. We let ¢ = P1(1) and use Lemma 4.1.13 to get the

desired result.
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Corollary 4.1.16 The solutions to continuous and discretized control problem satisfy the fol-

lowing estimations:
For the semi-implicit scheme

i — )|l < O(h + hAt + Av),

and for the Crank-Nicolson scheme

|l — @}l < OCh + hAt + (At)%).

Proof. This corollary is a result of the projection P; property and Lemma 4.1.15. ]

4.1.7 Error analysis for the control constrained problem

In this section, we provide an error estimate for the control constrained case. Since (4.29)
does not hold any more, we can not use the same argument as in the unconstrained problem.

‘We recall that there exists an additional constraint as

uy(t, x) < u(t, x) < up(t, x)in Q. (4.30)

This condition leads to a variational inequality as

J (@) —u)>0forall u€ Uy,

where j(u) is represented as

min J(y,u) & min j(u).

It is known that the inequality above is equivalent to

1
ii = HQad( - ap), (4.31)
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where Ilg,, (2, x) := max(u,, min(up, r(t, x))) is the projection into the admissible space Qq.

As in the continuous case we can deduce a projection formula as

_ 1
u;‘ll = HQad( - EPZ)

This projection Ilg,, satisfies the regularity properties

1
< a”ﬁ = Pullizo)- (4.32)

.- 27)- e - 271
Qad ap Qatl a,ph L(Q)

Theorem 4.1.17 Let i and u; be the solutions to continuous and discrete optimal control

problems respectively. Then

1
i — iyl < —Ip = pyll,
Iz = @l < —11p = Pyl

where p and p), are the corresponding continuous and discrete adjoint state variables, respec-

tively.

Proof.

This proof is a simple result of (4.31) and (4.32). [ |

4.1.8 Numerical examples for the distributed control problems

We carried out some numerical tests for both unconstrained and control constrained control
problems of Burgers equation. Because the exact solution of the optimal control problems are

unknown, we have used the cost function to show the convergence of the numerical solutions.

Run 4.1. (Distributed unconstrained problem) As a numerical example we have chosen the
following optimal control problem in [13] with the parameters @ = 0.05, v = 0.01, f = 0,
with the desired state y,(z, x) = yo and with the initial condition

1 in (0.4].

0 otherwise.

Yo =

We use both direct solver and MINRES to solve control problem. We present the direct

solver results in the following table because both solvers give the same result. In Table 1 we
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compare the numerical results of Crank-Nicolson (CN) and semi-implicit (SI) schemes for a
fixed space mesh Ax = 277, Let Jy be computed value at the corresponding Ax = & and
At = k. The order of convergence of both schemes are as expected. When At — 0, the order
of the CN scheme is around two, whereas the order of the SI scheme is one, as predicted by

the a priori error estimates.

Table 4.1: Unconstrained distributed control problem with a fixed Ax = 277

At [l ik = Tni+ )l Observed order
CN(SD) CN(SI) CN(SI)

274 6.153e-2(7.062e-2) - -

275 6.701e-2 (6.892e-2) 5.486e-4(1.706e-3) -

270 6.900e-2(6.960e-2)  1.989¢-4(6.794¢e-4) 1.46(1.32)

277 6.976e-2(6.999¢-2)  7.579e-5(3.992¢-4) 1.40(0.76)

278 6.999¢-2(7.019¢-2) 2.323e-5(1.916e-4) 1.70(1.05)

Now we fix At at 277 in order to see the order of convergence for space variable. As we expect

we have first order convergency in space.

Table 4.2: Unconstrained distributed control problem with a fixed Az = 277

At Nkl Ik = T 1)kl Observed order
CN(SI) CN(SI) CN(SI)

277 6.983e-2(5.210e-2) - -

275 7.266e-2 (6.390e-2) 2.830e-3(8.880e-3) -

275 7.139e-2(6.744e-2)  1.273e-3(3.540e-3) 1.15(1.12)

276 7.061e-2(6.901e-2)  7.830e-4(1.570e-3) 0.70(1.38)

277 7.023e-2(6.999¢-2)  3.753e-4(9.840e-4) 1.06(0.67)

The mesh independence concept was discussed in Chapter 3. When we store the iteration
numbers corresponding to the a given tolerance we see the mesh independence in Table 4.3.
These numbers result from the necessary iteration for convergence of the nonlinear problem.

We fix Ar = 27, We give the Crank-Nicolson results in Table 4.3.

We present the CPU times for an iterative solver MINRES in Figure 4.1. We compare the
CPU times of CN and SI for MINRES with respect to various mesh size. As expected CPU
time for CN is much more than for SI. This is a result of that the system matrix for CN scheme

is updated at every iteration, whereas it is constant for SI scheme.
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Table 4.3: Mesh independence for Run 4.1

tol/Ax 27% 27> 276 277
le-5 9 9 9 9

le-6 111 11 11
le-7 13 13 13 13
le-8 14 14 14 15
le-9 15 16 16 16
le-10 17 18 18 18
le-11 18 19 20 20

The difference of iteration numbers between two consecutive mesh sizes is at most 1 for
varying convergence criteria

We present the graphical interpretation for direct solver, which are similar to the results in
[13], in Figure 3. We have the same results for MINRES. Optimal state, adjoint state and

control solutions are given.

Run 4.2. (Distributed control constrained problem) We choose the problem in [57]. We
consider the same space as in example of unconstrained problem. We letv = 0.01, @ = 0.0175

and yp = 0. As a desired function we choose

We compare the CN and SI for the control constrained problem. Table 4.4 also compares the

order of convergence of both schemes.
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Comparison of CPU-times for MINRES
250

- Cl

Sl

200

150

Seconds

100

50

10 10
Delta x

Figure 4.1: The full line and dotted line correspond to Crank-Nicolson and semi-implicit
schemes, respectively

Table 4.4: Distributed control constrained problem with a fixed Ax = 277

A

~

(1l ik = Ingges )|l Observed order
CN(SI) CN(SI) CN(SI)
274 1.212e-1(1.186e-1) - -
275 1.161e-1 (1.149¢e-1) 5.170e-4(3.706e-4) -
276 1.142e-1(1.125e-1)  1.900e-4(2.410e-4) 1.44(0.62)
277 1.096e-1(1.089e-1)  4.700e-4(3.529¢-4) 1.30(0.90)
278 1.083e-1( 1.067e-1)  1.130e-4(2.209¢e-5) 1.85(1.03)
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Desired state

Figure 4.3: Desired state

We now give the observed order for space variable in the Table 4.5. We let At = 277 to see

the expected space order which is 1.

Table 4.5: Constrained distributed control problem with a fixed At = 277

At 1kl | Jnk — J(h+1)k|| Observed order
CN(SI) CN(SI) CN(SI)

273 9.635e-2(9.634e-2) - -

275 1.027e-1(1.013e-1) 2.521e-3(2.605¢-3) -

275 1.056e-1(1.040e-1)  1.476e-3(1.464¢-3) 0.84(0.83)

276 1.071e-1(1.055e-1) 2.877e-3(2.754¢-3) 0.96(0.91)

277 1.096e-1( 1.081e-1) 6.414e-3(4.988¢-3) 1.15(0.85)

The Table 4.6. shows the mesh independence for Crank-Nicolson scheme. Similar results are

obtained for semi-implicit method.

We present the state and adjoint variables in the following figures. The results are similar to

the results in [57].

92



optimal state

’4
,////////////
7 ////

l///

optimal control u

x—axis 0 o

t—axis

Figure 4.4: Control constrained problem
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Table 4.6: Mesh independence for Run 4.2

AXpay 274 270 276 277
tol=1e-5 9 6 7 6

tol=1e-6 - 7 7 7
tol=1e-7 - 7 7 7
tol=1e-8 - 7 7 7
tol=1e-9 - 8 8 7
tol=1e-10 - 8 8 8
tol=1le-11 - 9 9 9

4.2 Boundary control problem

We consider the unconstrained and control constrained boundary control problems.

4.2.1 Space-discretization for the linearized state equation

We use the same finite element discretization as in the distributed control problem. The dif-
ference occurs at the control variables, as they are not discretized. We use the vector valued

variables defined in the previous subsection. It follows that

My; + Sy + C@)y = qF) + fulu,v), (4.33)

where

—u(t) — o1y(1,1)
0
Tn(u,v) =
0

v(t) — opy(nx + 1,1)

Defining the vectors v = (0,...,0,v(#)) and u = (u(%), 0, ..., 0) give the semi-discrete control

problem as
T 1 T 5 )
min  Jj = f SO =y M(y = yadr + f Buluf + By v dt (4.34)
0 0
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s.t. My + Sy + C@)y = q§) + fulu,v),

y(0) = yo.
4.2.2 Crank-Nicolson scheme for the linearized problem

We define V := (v!,...,v") for N time-steps. Similarly we get

(-M+45+5ci)yo

At ~ At ~ 0
7(Y+—.£1U——.£2V=Q+ )
2 2 :
0
with
L L,
Ly L L, L
L= and L, := )
L Ly L, L
Ly L L, L,
where
1 0 0 0 0
00
Ll = , L2 =
0 O
0 0 0 0 1

After time integration the fully discrete control problem is obtained by

N
. At + At (1
min ), ———- (—<y = ¥a)" My = ya) + Buluf + By VP
up,..., uy = 2 2

with the discrete state equation

At 4 At o
(](Y'l' 7.[:11]—?.52‘/: Q+d
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Then the discrete control problem can be stated as

At WAL At
min J(Y,U,V) = E(Y - Yd)TMl/z(Y —-Yy + ﬁTUT.ﬁlU + 'BVZ

In a similar way, the optimality conditions for the Lagrangian can be stated as
VyL(Y*,U*,V*,P*) = AtM p(Y* = Y) - K" P* =0,

and,
VpL(Y*,U",V*,P*) = =KY" + AtLLV' = AtLiU" + Q+d =0,
with the gradient equations
ﬁL,At.El U - At.ElP* =0,
and

BoAtLyV* + AtLoP* = 0.

The optimality system can be written as

AtM 0 0 —KT Y MY,
0 BAL 0 b V| 0
0 0 gL Ao flu| | o
-K 5L 4L 0 P 0+d

4.2.3 Space-discretization for the nonlinear state equation

The semi-discrete control problem follows

. T T
min  Jj = fo 5O =y My - yaydi + fo Bulul® + B VIt

s.t. My +Sy+q(y) = fu(u,v),

y(0) = yo.
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4.2.4 Semi-implicit scheme

Using semi-implicit time approximation the following scheme can be obtained as:

Y+ AtLiU—- ALV =0 +d,

where Z = M + AtA, L) = blockdiag{L,,...,L;} and L = blockdiag{L,, ..., L}

with
—Myo + Atg(§°)

~ 0

d =
0

The discrete control problem follows as
N+1 T
. At + At 1
min Z ——— (—(y —y) My - ya) + f Bulul® + B, |v|2) .
-tV A0 2 2 0

Using the optimality conditions, the optimality system follows

AtM 0 0 —KT Y MY,
0 BAtL 0 AL, Vi | o
0 0 BAL -ALy || U o
-K AL, —AtL 0 P O+d

4.2.5 Implementation

(4.38)

(4.39)

As we discussed in the previous subsection the system matrices arising from Crank-Nicolson

and semi-implicit time approximation schemes for boundary control problem correspond to a

saddle point system. Indeed, for the discrete problem we let
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M 0 0
We canchoose E :=| 0 B,AtL; 0 . Also defining

0 0 ByAtLy
MYy

, L:=(_7( ALy Ath)andb:

v Q<K

0+d

It follows that

4.2.5.1 Direct solver

We present he solution algorithm for Crank-Nicolson scheme, it is similar for the semi-

implicit scheme.

(All-at-once method with the Crank-Nicolson scheme)

1. Given Uy, Vy, Yy, and tol > 0. Setk =0
2. Set done = inf
3. While done > tol

3.1. Setk=k+1
3.2. Compute K

3.3. By using LU decomposition solve

AM 0 0 -KT Y MYy
0 BAL 0  FL ||V ]| 0
0 0 paL Ao flul | oo
-x 4L 44 0 P Q+d

3.4. Setdone = [|Yir1 — Yill + |1Prs1 — Pill + [Uks1 — Ukl
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4. End while.

4.2.5.2 Iterative solver

We propose the following preconditioner

AtM 0 0 0
P 0 BAtL 0 ] 0
0 0 BuAtL; 0
0 0 0 S
with $ 7! := KT MK!, and
Z,l Z42
Ly L L, L,
L= and £, := ,
Ly L L, L,
L L L, L,
where
1 0 0 o 0
_ 0 o _
L] = , Lz =
o 0
0 o 0 0 1

We note that we choose o as a very small number in order to preserve consistency.

4.2.6 Control constrained problem

We can obtain the optimality conditions in a similar way. We introduce the following param-

eters

Ma = (ﬁuAl.El U* + A[.Elp*)+ and Mp = (ﬁuAl‘.Ll U+ Al‘,L]P*)_
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Na 1= (BALLV* + AtLoP*)' and gy, := (ByALLLV* + AtLoP*)”

with n = 1, — np. Then

Then the implementation of the constrained problem can be given as

Inequality constrained problem.

1. Solve
M 0 0 —KT Y
0 pBAtL, 0 %)(jM %
0 0  BuAtLy SExM || U
-K 5L 5L 0 P
MYy

BoAtLy(xz Va+ x4, Vi)
BulbtLi(xa_Ua + x4, Up)
0O+d

2. SetA, ={x€ Q:—BuALU, - 5L P <0
3. SetA- ={x€ Q: —BuALL U, — §L1P >0}
4. SetA, ={xe€ Q: B ALV, - §LP <0}
5. SetA_={xe Q:-BALV,— L LP >0}

6. Set/=Q\(AL UA_)and T = Q\(A,0A_)

4.2.7 Numerical examples for the boundary control problem

Run 4.3. (Unconstrained problem) Let Q = (0,1) X (0,1). We consider a Neumann-type
boundary control problem with 8, = 0.01,8, = 0.01,09 = o1 = 0. The viscosity parameter
is v = 0.1. The initial condition is taken as yo(-,0) = x*(1 — x)? and the desired state is

ya(x, 1) = yo(-, 0).
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Let the desired state y; = 0.035.

We compare the numerical results of Crank-Nicolson (CN) and semi-implicit (SI) schemes

for a fixed space mesh Ax = 277 and with fixed Az = 277,

Table 4.7: Mesh independence for Run 4.3

10l Axppge 274 272

2—6

2—7

le-5
le-6
le-7
le-8
1e-9
le-10
le-11

2

W W N NN NN
W NN

2

(SN NS I ST \S I NS I \S]

2

[SSIN NS ST \S I \O I \S ]

We give the inner iteration number of MINRES with Crank-Nicolson scheme with respect to

given mesh sizes in the Table 4.7.

Table 4.8: Inner iteration numbers for MINRES of Run 4.3

Ax 24 27%

276

277

# of iteration 36 35

34

34

We present the graphical interpretation, which are similar to the results in [67], in Figure 4.5.

Optimal state and control solutions are also presented.

Run 4.4 (Control constrained problem) We solve the boundary control problem in [70], Run

8.1, pp.24. The same space-time domain is used as in above example. We consider a Robin-

type boundary control problem with 8, = 0.05,5, = 0.01,09 = —-0.1,01 = 0. The viscosity

parameter is v = 0.05. The initial condition is given by

(0. L
1. 0) :{ 1 in (O, 2],

0 otherwise.
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Figure 4.5: Unconstrained problem.
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The desired state is yp(x,#) = yo(+,0). The bounds for the unilaterally constraint pointwise

control constraints are:

-0.2 in [0,0.5],
ugs(t) =4 -0.1+5(r-0.52) in [0.5,0.52],
-0.1 in [0.52,1].

and

up, =0, v, = -0.25, v, = 0.

Due to the less regularity in boundary control problem comparing to distributed control prob-
lem, direct solver does not converge for the mesh size bigger then Ax = 27°. We present the
MINRES with Crank-Nicolson results. First we cover the iteration numbers in Table 4.9. As
discussed before the mesh independence can be seen from the table.

Table 4.9: Mesh independence for Run 4.4

10l Axppgy 2745 273 276 277

le-5 6 5 5 5
le-6 7 6 6 6
le-7 8 6 6 7
le-8 9 7 7 8
1e-9 9 8 7 8
le-10 10 9 8 8
le-11 10 9 8 8

We also point out the inner iteration numbers for MINRES solver. Because of nonlinearity
MINRES performs unless the convergence criteria is satisfied. We give the inner number of
iterations in the Table 4.10. We remark that for a given mesh size, until convergence criteria
is satisfied for the nonlinear problem, the inner iteration number is the same MINRES.

Table 4.10: Inner iteration numbers for MINRES of Run 4.4

Ax -4 27 276 o7
#of iteration 70 64 65 56

The numerical solutions are presented in Figure 4.6. When we compare the obtained results

of [70] which are very similar.
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Figure 4.6: Run 4.4. The full line and dotted line correspond to control u and v, respectively
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CHAPTER 5

CONCLUSION AND FUTURE WORKS

In this thesis, we have discussed optimal control problems of unsteady Burgers equations us-
ing two both optimize-then-discretize and discretize-then-optimize approaches. We first cov-
ered some related functional preliminaries and existence and uniqueness results for Burgers
equation in Chapter 2. We summarized well-known results for both distributed and boundary
control problems of Burgers equation. We obtained optimality systems for both unconstrained
and control constrained problems. In order to solve optimization problem, a classical method,
gradient method, was given. Implementation of control constraints is done by using active set

strategy.

The main issue of the work at hand was the application of all-at-once type method to control
problems of unsteady Burgers equation in Chapter 3 and 4. In Chapter 3, one-step method
was used after applying optimize-then-discretize. First the nonlinear problem control prob-
lem is linearized and then first order optimality conditions are obtained. Instead of solving
a parabolic problem, the system of equations were transformed to an elliptic system. Both
distributed and boundary control problems were investigated. Then, solution algorithm were
constructed by space-time discretization which pretends time as a space variable. Using an ef-

ficient simulation environment, COMSOL Multiphysics, the numerical results were obtained.

We followed discretize-then-optimize approach in Chapter 4. It is the first time that by follow-
ing discretize-then-optimize approach, all-at-once method for control problems of unsteady
Burgers equation was investigated. We focused on the discretization issue. Standard Galerkin
method was applied to control problem for space discretization. As for time approach, we
considered two different methods: Crank-Nicolson and semi implicit time schemes. Our aim

was to obtain a problem Ax = b, where A is a symmetric matrix. To get a symmetric system

105



we had to linearize the control problem when using Crank-Nicolson scheme. After obtaining
the fully discrete problem, we transformed the systems of equations arising from time itera-
tions into a matrix formulation. By pretending the state and control variables as independent
optimization variables, we obtained the solution algorithms. Moreover, we provided an a pri-
ori error estimation for the distributed control problem. We verified the expected convergence

orders for space and time approximations.

Distributed control problem with optimize-then-discretize approach was developed in paper
[71]. We submitted a paper concerning boundary control problem of Burgers equation. We

have two more papers in preparation concerning all-at-once approach.

As for future work, All-at-once type method with discontinuous Galerkin methods for space
and time in order to solve control problems of Burgers equation will be considered. Error

analysis for boundary control problem may be handled.

Efficient solution of optimal control problems with two dimensional Burgers equation using

the all-at-once approach is also in our agenda.
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